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ABSTRACT

As the e-commerce industry undergoes metamorphosis with each passing day, gaining and 

retaining competitive advantage has become a significant challenge for the online marketplace 

because small price differences or variations in delivery lead time can significantly impact 

consumer decision-making when faced with similar options. In providing such differences like 

product price, product quality, delivery lead time, delivery quality, and delivery cost, sellers 

play an essential role at the online marketplace because control depends on them. While the 

online marketplace has made shopping convenient, it has also brought in its share of challenges 

for marketplace operators to facilitate the development of seller selection criteria. This study 

has empirically investigated the effect of online marketplace quality on online purchase 

intention, trust, and e-WOM by introducing a new dimension: seller selection quality with 

website quality and service quality of the online marketplace. While previous research has 

focused on website quality and service quality, the influence of seller selection quality on these 

factors remains understudied. Additionally, understanding purchase intention in online 

marketplaces may be inadequate without proper seller and product evaluation criteria.

Online marketplaces have become integral to modern shopping, allowing consumers to 

purchase from their homes. However, the abundance of choices and the lack of physical 

interaction with products make it challenging for consumers to assess product quality, leading 

to increased information asymmetry compared to traditional retail. To mitigate this asymmetry 

and enhance the attractiveness of online marketplaces, operators invest in providing better 

service quality, website quality, and advanced matching mechanisms for sellers and buyers that 

provide signals to consumers.

 Additionally, Online marketplace provides signals through social media, which improve their 

visibility, communicate their market offerings, develop a unique position for their products and 

achieve greater connection to its customers. Social media also serves as a source of signals 
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about perceived product and service quality through features like product reviews, social media 

integrations, and influencer marketing. But now, consumers have begun to use this platform as 

a power to voice their opinions, suggestions, discussions, and approval for the products and 

services, which in turn impact consumer decision-making. However, the moderating effect of 

social media use on the relationship between online marketplace quality and consumer 

behavior has yet to be thoroughly investigated. Therefore, examining how social media use 

may positively or negatively moderate the relationship between online marketplace quality and 

consumer behavior is crucial in influencing consumers' perceptions of online marketplace 

quality.

The study proposes a model based on the signaling theory, SOR Theory, social influence 

theory, and trust theory, taking into consideration of new dimension seller selection quality 

along with website and service quality as online marketplace quality as sources of signals and 

stimulus. The model was tested using 549 data collected from experienced consumers and 

analyzed using structural equation modelling. The study found that website and service quality 

positively impact purchase intention through trust and e-WOM. Additionally, seller selection 

quality, directly and indirectly, affects purchase intention, and social media use significantly 

moderates this relationship. This finding supported the idea that customers may prioritize 

factors such as perceived price and delivery lead time, delivery cost, and perceived product 

quality over other factors when making purchasing decisions, particularly when the overall 

website and service quality are similar across different e-retailers.

Keyword: Online marketplace quality; seller selection quality; website quality; service quality; 

online purchase intention; trust; e-WOM; social media; online marketplace; e-commerce.



viii

TABLE OF CONTENTS

Introduction ..............................................................................................................................1

1.1 Background of Online Marketplace .......................................................................................................5

1.1.1 E-commerce Store Vs Online Marketplace............................................................................................6

1.1.2 Emerging Trends in Online Marketplace ...............................................................................................7

1.1.3 Online Marketplace and Growth ............................................................................................................8

1.2 Online Marketplace Quality ...................................................................................................................9

1.3 Research Gap Focus .............................................................................................................................11

1.4 Research Objective ...............................................................................................................................13

1.5 Research Methodology .........................................................................................................................14

1.6 Significance of Study............................................................................................................................15

1.7 Key Terminology and Definitions........................................................................................................17

1.8 Chaperisation ........................................................................................................................................18

Literature Review...................................................................................................................21

Overview .................................................................................................................................21

2.1 Online Marketplace Quality.........................................................................................................................22

2.1.1 Marketplace ..........................................................................................................................................22

2.1.2 Online Marketplace ..............................................................................................................................23

2.1.3. Online Store Vs Online Marketplace ..................................................................................................24

2.1.4 Online Marketplace quality ..................................................................................................................25

2.1.5 Online Marketplace Quality Dimensions .............................................................................................26

2.1.5.1 Sub dimensions of online marketplace Quality.................................................................................27

2.1.5.2 Website quality..................................................................................................................................29

2.1.5.2.1 Website Design...............................................................................................................................30

2.1.5.2.2 Informativeness ..............................................................................................................................31

2.1.5.2.3 Website Security and Privacy.........................................................................................................32

2.1.5.3 Online Marketplace Service Quality .................................................................................................33

2.1.5.3.1 Responsiveness...............................................................................................................................34

2.1.5.3.2 Reputation ......................................................................................................................................35

2.1.5.4 Seller Selection Quality.....................................................................................................................36

2.1.5.4.1 Perceived Price ...............................................................................................................................38

2.1.5.4.2 Perceived Product Quality..............................................................................................................39

2.1.5.4.3 Delivery Service .............................................................................................................................40

2.2 Trust .............................................................................................................................................................41

2.3 e-Word of Mouth .........................................................................................................................................42

2.4 Online Purchase Intention............................................................................................................................44

2.5 Social Media Use .........................................................................................................................................46

Conceptual Framework, Theoretical Foundation and Hypotheses Development ...........49



ix

Overview............................................................................................................................................................49

3.1 Conceptual Framework................................................................................................................................49

3.2 Theoretical Foundation ................................................................................................................................52

3.2.1 Person-Environment Fit theory (PEF)..................................................................................................53

3.2.2 Social Exchange Theory.......................................................................................................................53

3.2.3 Task-Technology Fit ............................................................................................................................54

3.2.4 Stimuli-Organism-Response Theory....................................................................................................55

3.2.5 Signaling Theory ..................................................................................................................................56

3.2.6 The Social Influence Theory ................................................................................................................57

3.3. Hypotheses Devolvement ...........................................................................................................................59

3.3.1 The relationship among online marketplace quality, purchase intention, trust and e-word of mouth .59

3.3.1.1 The relationship among seller selection quality, trust, e-word of mouth, and purchase intention....60

3.3.1.2 The relationship among website quality, trust, e-word of mouth, and purchase intention. ..............63

3.3.1.3 The relationship among service quality, trust, e-word of mouth, and purchase intention. ...............65

3.3.2 Trust at online marketplace positively related to purchase intention in the online marketplace .........67

3.3.3 E-word of mouth at online marketplace positively related to purchase intention in the online 

marketplace ...................................................................................................................................................68

3.3.4 Mediating effect of trust at online marketplace....................................................................................70

3.3.5 Mediating effect of e-word of mouth at online marketplace................................................................71

3.3.6 Moderating effect social media use......................................................................................................72

3.4 Proposed Model ....................................................................................................................................74

3.5 Simple Mediation.........................................................................................................................................75

3.6 Moderation Analysis.............................................................................................................................77

Methodology ...........................................................................................................................80

Overview............................................................................................................................................................80

4.1 Research Methodology ................................................................................................................................80

4.2 Research Process..........................................................................................................................................81

4.3 Research Process finalise.............................................................................................................................83

4.4 Population and Sampling .............................................................................................................................84

4.4.1 Choice of Sample.........................................................................................................................85

4.4.2 Target Population.........................................................................................................................86

4.4.3 Sample Size..................................................................................................................................87

4.5 Measurements .......................................................................................................................................88

4.5.1 Pre-test..................................................................................................................................................90

4.6 Data collection procedure .....................................................................................................................91

4.7 Data Analysis Approach: SEM.............................................................................................................91

4.7.1 Why Partial Least Square (PLS)..................................................................................................92

4.7.1.1 Partial Least Square (PLS) ................................................................................................................93

4.8 Data Analysis Process ..........................................................................................................................93

4.9 Pilot Study ............................................................................................................................................94



x

4.9.1 Improvement and Accuracy of Measurement Scales ...........................................................................95

4.10 Final Survey..........................................................................................................................................99

Data Analysis and Results ...................................................................................................100

Overview ...............................................................................................................................100

5.1. Pre-test Analysis .......................................................................................................................................102

5.1.1. Kaiser-Meyer-Olkin (KMO) Test .....................................................................................................102

5.1.2. Bartlett Test .......................................................................................................................................103

5.1.3 Common Method Bias........................................................................................................................104

5.1.3.1. Harman's single factor test .............................................................................................................104

5.1.3.2. Variance Inflation Factor................................................................................................................105

5.1.4. Demographics:...................................................................................................................................107

5.1.4.1. Background of Social Media Use...................................................................................................108

5.1.4.2. Background of Product categories .................................................................................................109

5.1.4.3. Descriptive Statistics ......................................................................................................................110

5.1.5. Analysis of Variance .........................................................................................................................111

5.1.5.1. Post-hoc Test ..................................................................................................................................113

5.1.5.1.1. Shopping experience and Purchase intention ..............................................................................114

5.1.5.1.2. Shopping experience and e-WOM ..............................................................................................115

5.1.5.1.3 Hours spent on Internet and e-WOM ...........................................................................................116

5.1.5.1.4 Purchase frequency and Purchase intention .................................................................................117

5.1.6. Product categories Multiple response................................................................................................119

5.1.6.1 Cross Tabulation..............................................................................................................................119

5.1.6.2. Multiple regression Analysis..........................................................................................................120

5.2 Evaluation of PLS-SEM Results................................................................................................................122

5.2.1. Reflective Measurement Model ........................................................................................................123

5.2.1.1 Indicator Reliability.........................................................................................................................124

5.2.1.2 Internal consistency reliability ........................................................................................................126

5.2.1.3 Convergent Validity ........................................................................................................................127

5.2.1.4 Discriminant Validity ......................................................................................................................128

5.2.1.4.1 Fornell-Larcker Criterion .............................................................................................................129

5.2.1.4.2. Hetrotrait-Metrotrait Ratio ..........................................................................................................130

5.2.1.4.3 Cross-Loading ..............................................................................................................................131

5.2.1.5 Higher Order Construct ...................................................................................................................132

5.2.1.5.1 Repeated Indicator Approach.......................................................................................................133

4.2.2 Structural Model.................................................................................................................................135

5.2.2.1 Coefficient of determination (R2)....................................................................................................136

5.2.2.2 Cross-Validation Redundancy (Q2).................................................................................................137

5.2.2.3 Path Coefficient ...............................................................................................................................137

5.2.2.4 Hypotheses Testing .........................................................................................................................139



xi

5.2.2.5 Effect size (f2)..................................................................................................................................141

5.2.2.6 Model Goodness..............................................................................................................................141

5.2.2.7 Model Comparison ..........................................................................................................................143

5.2.2.8 Mediation Testing............................................................................................................................145

5.2.2.9 Moderation Analysis .......................................................................................................................147

5.2.2.9.1 Interaction Graph..........................................................................................................................148

Summary...............................................................................................................................149

Discussion and Conclusion ..................................................................................................151

Overview ...............................................................................................................................151

6.1 Discussion..................................................................................................................................................151

6.1.1 Demographic effect on consumer trust, E-WOM and Purchase intention .........................................151

6.1.2 Role of Product Category with respect to Purchase Intention, Trust and e-WOM ............................153

6.1.3 The relationship between online marketplace quality and purchase intentions (H1, H2, H3). .............154

6.1.4 The relationship between Online Marketplace Quality and Trust (H4, H5, H6) ..................................156

6.1.5 The relationship between Online Marketplace quality and trust (H7, H8, H9) ....................................157

6.1.6 The relationship between Trust, e-WOM and Purchase Intention (H10, H11).....................................158

6.1.7 Mediating Role of Trust and E-WOM in Relationship between Online Marketplace Quality and 

Purchase Intention (H12, H13, H14, H15, H16, H17)...........................................................................................159

6.1.7.1 Mediating Role of Trust and E-WOM in Relationship between Website Quality and Purchase 

Intention (H13, H14) ......................................................................................................................................159

6.1.7.2 Mediating Role of Trust and E-WOM in Relationship between Service Quality and Purchase 

Intention (H15, H16).......................................................................................................................................160

6.1.7.3 Mediating Role of Trust and E-WOM in Relationship between Seller Selection quality and 

Purchase Intention (H17, H18) .......................................................................................................................161

6.1.9 Moderating Role of Social Media Use in relationship between Online Marketplace Quality and 

Purchase Intention (H19, H20) ......................................................................................................................162

6.2 Managerial Implications ............................................................................................................................163

6.3 Theoretical Contribution............................................................................................................................165

6.3.1 Theory Discussion..............................................................................................................................167

6.4 Limitations and Future Research ...............................................................................................................169

6.5 Conclusion………………………………………………………………………………………………170

Reference…………………………………….……………………………………………………….173

Appendix……………………………………………………………………………………………..204



xii

LIST OF TABLES

Table No Title of the Table Page No
Table 1.1 Top Ten Online Marketplace 9

Table 3.1 List of Theories and Concept 58

Table 4.1 Research Process 84

Table 4.2 Survey Instrument Details 90

Table 4.3 Pilot data KMO and Bartlett's Test 96

Table 4.4 Pilot Study Construct Reliability 97

Table 4.5 Pilot Study- Harman's Single Factor 98

Table 5.1 Data Analysis Tool 101

Table 5.2 The KMO and Bartlett test 103

Table 5.3 Single Harman’s Factor and VIF 106

Table 5.4 Demographic Information 108

Table 5.5 Product Category Response 109

Table 5.6 Construct Descriptive Statistics 111

Table 5.7 Variance Analysis 113

Table 5.8 Post-Hoc Test (Shopping Experience and Purchase intention) 115

Table 5.9 Post-Hoc (Test Shopping experience and E-wom) 116

Table 5.10 Post-Hoc (Hours spent on Internet and E-wom) 117

Table 5.11 Post-Hoc (Purchase frequency and Purchase intention) 118

Table 5.12 Cross Tabulation for Multiple Product Categories Gender Wise 120

Table 5.13 Multiple Regression Result 121

Table 5.14 Measurement Model Fitting 123

Table 5.15 Indicator factor loading 125

Table 5.16 Construct Reliability 126

Table 5.17 Convergent Validity 128

Table 5.18 Fornell-Larcker criterion 129

Table 5.19 HTMT Ratio 130

Table 5.20 Cross-Loading 131

Table 5.21 Convergent Reliability and Validity of Higher order construct 133

Table 5.22 Higher Order Discriminant Validity 134

Table 5.23 Structural Model Assessment 135

Table 5.25 Path Coefficient 140

Table 5.26 Model Goodness 142

Table 5.27 Path coefficient with and without control variable 144

Table 5.28 Mediating Effect 147

Table 5.29 Moderation Analysis 148



xiii

LIST OF FIGURES

Figure No Title of the Figure Page No

Figure 1.1 Online Marketplace Trends 8

Figure 2.1 Online Marketplace Dimensions 27

Figure 2.2 Online Marketplace Sub Dimensions 28

Figure 2.3 Website Design Attributes 30

Figure 2.4 Informativeness Attributes 31

Figure 2.5 Website Security and Privacy 32

Figure 2.6 Reputation Attributes 35

Figure 2.7 Seller Selection Dimensions 38

Figure 3.1 Online Marketplaces Characteristics 50

Figure 3.2 Proposed Research Model 75

Figure 3.3 Mediation 77

Figure 4.1 Research Process 83

Figure 5.1 Variance Inflation Factor 107

Figure 5.2 PLS-SEM evaluation guideline 122

Figure 5.3 Factor loading Radar Graph 125

Figure 5.4 Analysed Structural Model 138

Figure 5.5 Slope analysis 149



xiv

LIST OF ABBREVIATIONS

Acronym Full Form

WQ Website Quality

SQ Service Quality

SSQ Seller Selection Quality

eWOM E-word of mouth

PI Purchase Intention

ICT Information and Communication Technology

TTF Task-Technology Fit

SOR Stimulus, Organism, and Response

PLS Partial Least Square

SEM Structural Equation Modelling

SPSS IBM Statistical Package for Social Sciences

VIF Variance Inflation Factor

KMO Kaiser-Meyer-Olkin

AVE Average Variance Extracted

HTMT Hetrotrait-Monotraint Ratio

CR Composite Reliability

SRMR Standardized Root Mean Square Residual



1 
 

Chapter-1 

Introduction 
 

The emergence of e-commerce has revolutionized the way consumers shop, providing them 

with greater convenience and accessibility to a wider range of products. With the growth in 

competition among e-commerce companies, the delivery of goods to consumers has become 

faster and more efficient. This has been particularly evident during the COVID-19 pandemic, 

where online shopping has become even more important for consumers. An online marketplace 

is a platform that enables individuals or businesses to sell their products or services to 

customers through the internet. The growth of e-commerce and digitalization has led to the rise 

of online marketplaces, providing buyers with a wide range of products and services to choose 

from. According to Chevalier (2021), the global online marketplace is expected to grow at a 

compound annual growth rate of 12.2% from 2021 to 2026, reaching a market size of 7.7 

trillion U.S. dollars. These platforms allow businesses to reach a wider audience, and for 

individuals to start their own businesses by selling their products or services. According to a 

report by Digital Commerce 360, online marketplaces accounted for 58% of global online sales 

in 2019 (Korolov, 2020). The popularity of online marketplaces continues to grow, and this 

trend is likely to continue in the future. 

“Online marketplaces are characterized by matching, low entry costs, ex-post screening, non-

exclusive, and short-run contracts” (Fradkin, 2017). These characteristics make the concept of 

an online marketplace encompass a variety of terms such as “peer-to-peer, the sharing 

economy, and the on-demand economy” (Hagiu and Wright, 2014). While these terms refer to 

different business models, they share similar characteristics with online marketplaces. One key 

distinction between online marketplaces and seller is the level of control over pricing, 

advertising, customer service, and order fulfillment. In online marketplaces, most of these 

control rights remain with the seller, and “the marketplace serves as an aggregator and 
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matchmaker of heterogeneous and autonomous buyers and sellers. In some cases, the 

marketplace participates as a buyer or seller in its own marketplace” (Hortaçsu & Syverson, 

2015). 

Online Marketplace offers a diverse range of products from different sellers, providing 

consumers with greater choices and competitive prices. In addition, e-commerce has opened 

up new opportunities for sellers, including micro-entrepreneurs who can sell their products on 

these platforms and reach a wider audience. According to Avgerou and Li (2013), online 

marketplaces can benefit sellers by reducing the costs of marketing, advertising, and 

distribution. This is because sellers can leverage the existing infrastructure of the online 

marketplace, rather than building their own. Furthermore, the number of sellers on the online 

marketplace has increased drastically in recent years. Sarah (2020) reports that approximately 

50% of sales in e-commerce come from third-party sellers. Indicates, the success of e-

commerce businesses is heavily dependent on the activities of sellers, where Kannan and Tan 

(2002) suggest that sellers have a significant impact on various aspects of the business, such as 

product price, quality, delivery lead time, delivery quality, and delivery cost. Therefore, e-

commerce companies need to work closely with sellers to ensure that they provide high-quality 

products and services to customers. 

Online Marketplace provides consumers with the convenience of purchasing products from 

multiple sellers, based on their needs and desires, anytime and anywhere. According to Dan 

(2014), when consumers express their interest in the online marketplace, they have access to a 

wide range of products from various sellers. This allows them to compare product prices, 

quality, delivery lead time, delivery cost, and other factors before making a purchase decision. 

However, with billions of sellers listed on the e-marketplace, it can be challenging for buyers 

to choose the right seller for their needs. To address this issue, marketplace operators use a set 

of criteria to assign sellers to a particular product. These criteria are established based on prior 
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seller selection criteria and includes factors such as product price, quality, delivery cost, 

delivery lead time, and geographical proximity (Kopelman and Balijepalli, 2010). Despite 

these measures, there can be instances where buyers are unhappy with the product or service 

provided by a seller. When this happens, buyers direct their negative feedback to the online 

marketplace. This becomes recurring problem that impact the consumer experience of the e-

marketplace service and escalate into a trust issue or social media backlash as e-WOM 

(Rumble, 2020). For instance, of late, Flipkart faced massive backlash on social media 

platforms after it cancelled several orders during the Big Billion Days sale (Prerna, 2022). 

The online marketplace poses a challenge for buyers to select the most suitable seller due to 

various uncertainties, such as false promises, concealment of actual characteristics, 

misrepresentation of information, and compromised product quality, which can be attributed 

to dishonest sellers (Tang and Lin, 2019; Riazati et al., 2019). Consumers are more likely to 

buy from recommended sellers, which affects consumer trust and purchase intention (Adam 

and Pecorelli, 2018). If a wrong seller is allocated to a consumer, it can lead to a breach of 

consumer trust and negative electronic word-of-mouth (Chiu et al., 2014; Nieto et al., 2014; 

Kudeshia and Kumar, 2017). Previous studies suggest that the marketplace operator should 

evaluate the seller carefully to increase consumer trust and attract potential customers (Altuntas 

et al., 2006; Dachyar and Banjarnahor, 2017). Seller uncertainty can be mitigated by trust, 

information, and positive e-WOM.  

Online marketplaces leverage technology to facilitate interactions between buyers and sellers 

through features such as search engines, algorithmic recommendations, and signaling 

mechanisms (Fradkin, 2017). However, the design of these features is not without its 

challenges. The design of an online marketplace is crucial because it can impact the experience 

of millions of users, including both buyers and sellers. A poorly designed marketplace can 

result in a less efficient and less profitable marketplace, while a well-designed marketplace can 
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lead to better outcomes for all parties involved (Handel & Kolstad, 2015). One major challenge 

in designing online marketplaces is the unintended consequences that can arise from design 

decisions (Luca, 2017). For example, a small change in the algorithm used to match buyers and 

sellers could lead to a significant change in the number and types of transactions that take place 

on the online marketplace. Another challenge is the scale of these marketplaces, as even small 

design changes can have a significant impact on the experience of millions of users (Fradkin, 

2017). 

The attractiveness of online marketplace is also endogenous and dynamic. This means that the 

attractiveness of online marketplace can change over time, and that online marketplace can 

invest in services, website designs, and technologies to enable new types of change at the online 

marketplace (Bell & Loane, 2010; Tabatabaei & Gardiner, 2012). For example, an online 

marketplace that offers same-day delivery, advanced matching mechanisms for buyer and 

seller, and high-quality customer service may be more attractive to consumers than one that 

does not offer these features. In this way, the quality of online marketplaces is crucial in 

determining the overall consumer behaviour (Hong & Cho, 2011). The design choices made 

by the marketplace can affect the quality of the matches made, the efficiency of the search 

process, and the overall user experience (Fradkin, 2017). By carefully considering theses 

quality, online marketplaces can enable new types of online marketplace, improve the user 

experience, and increase the overall attractiveness of online marketplace. This can ultimately 

lead to an increase in the number of consumers and sellers participating in the marketplace, 

and ultimately drive purchase intention at the marketplace. 

In recent years, the significance of online reviews as a source of information for consumers has 

become increasingly apparent in online marketplace (Korfiatis et al, 2012). However, it is 

important to note that there are additional sources of information or clue or "signals" that can 

greatly influence user behavior and decision-making. “Signal theory posits that these various 
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signals as part of marketplace quality play a crucial role in bridging the information gap, 

establishing consumer trust, and elevating purchasing intent” (Wang, 2019). Examples of these 

signals include user-generated reviews and ratings (e-WOM), as well as visually appealing and 

user-friendly websites (website quality), customer service, and social media target marketing, 

which are designed to increase customer trust, reduce information asymmetry, and encourage 

purchases (Li et al., 2015). 

1.1 Background of Online Marketplace 

The concept of online marketplaces dates back to the early days of the internet, with the first 

online marketplace being eBay, which was launched in 1995.These platforms allowed 

individuals to buy and sell goods online, and quickly became popular due to their convenience 

and accessibility. Since then, online marketplaces have expanded to encompass a wide range 

of products and services, from clothing and electronics to travel and home services. Online 

marketplaces have also evolved to include more sophisticated features, such as personalized 

recommendations and social media integration (Statista, 2023). Online marketplaces have 

become a significant part of the e-commerce landscape, with many popular examples such as 

Amazon, Flipkart, and eBay. The global online marketplace market was valued at $3.5 trillion 

in 2019 and is expected to reach $7.19 trillion by 2024. 

“An online marketplace is a digital platform that enables multiple third-party sellers to list and 

sell their products or services to a large pool of potential buyers” (Li et al., 2019). These 

marketplaces typically provide a centralized platform where buyers can search for and purchase 

products or services from multiple sellers and also provides a platform for sellers to manage 

their inventory, process orders, and handle payments, while also providing a shopping 

experience for buyers to browse and purchase products or services (Investopedia, 2021).This 

definition highlights the key features of an online marketplace, including the role of the 
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marketplace operator in facilitating transactions between buyers and sellers, as well as the 

ability for third-party sellers to list and manage their own products or services. 

1.1.1 E-commerce Store Vs Online Marketplace 

An E-commerce store is a website developed and maintained by a single business to sell its 

products or services to consumers. The company has complete control over the platform, from 

design to pricing and customer service. Conversely, an online marketplace is a digital platform 

where multiple sellers can sell their products or services to consumers. These platforms are 

managed by a third-party company, which facilitates transactions between buyers and sellers 

(Chaffey, 2007). Online marketplaces experience faster growth rates than those that rely solely 

on e-commerce stores because marketplaces offer a wider selection of products and services, 

which attracts a larger customer base. Additionally, marketplaces offer businesses more 

exposure and brand recognition due to their large user base (Digital Commerce, 360). E-

commerce stores offer more control over the platform and the customer experience, but require 

more resources to manage. Online marketplaces offer access to a wider audience and a more 

streamlined selling process, but come with additional fees and less control over branding 

(Fradkin, 2017). 

The main differences between online marketplaces and e-commerce stores is that the latter has 

a larger audience reach, while e-commerce stores rely on their marketing efforts to attract and 

retain customers; e-commerce stores have complete control over their branding, while online 

marketplaces use a unified brand image; online marketplaces are more scalable than e-

commerce stores, but they rely on third-party sellers for their inventory management; online 

marketplaces can offer a wider variety of products, which can lead to higher sales volume, 

while e-commerce stores can be limited to the products offered by the company (Kumar et al., 

2012). 



7 
 

1.1.2 Emerging Trends in Online Marketplace 

The online marketplace has been rapidly growing across the globe, with new trends emerging 

every year. In 2021, online buyers spent a staggering $3.23 trillion on the top 100 multi-vendor 

marketplaces, showcasing the increasing popularity of online marketplaces. Mobile users have 

also been a driving force behind online marketplace growth, with more than 150 million mobile 

users using Amazon's marketplace app. In 2020, gross merchandise sales on marketplaces grew 

by 18%, indicating a significant shift towards online marketplaces for both buyers and sellers. 

A recent report also showed that 42% of online purchases were made on marketplaces in 2021, 

highlighting the importance of these platforms in the e-commerce landscape. Additionally, 

almost half of online buyers (48%) prefer going straight to a multi-vendor store when buying 

online, rather than navigating individual websites. These trends indicate that online 

marketplaces are continuing to play a significant role in the growth of e-commerce and are 

likely to become even more prevalent in the years to come. 

The COVID-19 pandemic also had a significant impact on the growth of online sales. As a 

result of quarantine, self-isolation, and travel restrictions, consumers have increasingly turned 

to online shopping, leading to a significant boost in the online marketplaces industry. This trend 

has encouraged many brands to develop their businesses online, as selling online can offer new 

opportunities for growth. Macy's, for example, launched a digital marketplace in September 

2022, following in the footsteps of successful retailers like Amazon and Target. Walmart has 

also experienced significant growth through online sales, reporting $152.90 billion in total 

retail sales in Q2 2022. The statistics indicate that e-commerce sales are continuously 

increasing worldwide. While lockdown restrictions have eased, many customers have remained 

in the habit of purchasing goods online. 
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Figure 1.1: Online Marketplace Trends 

1.1.3 Online Marketplace and Growth 

Online marketplaces have become an essential part of the e-commerce industry, connecting 

millions of buyers and sellers worldwide. These marketplaces have changed the way consumers 

shop by offering a variety of products and services at competitive prices. The world's top online 

marketplaces in terms of sales revenue include Amazon, Alibaba, eBay, and Walmart. Amazon, 

the world's largest online marketplace, reported a revenue of $386 billion in 2020, a significant 

increase from its revenue of $233 billion in 2018. Amazon's growth can be attributed to its 

broad product range, competitive pricing, and convenient delivery options, such as Amazon 

Prime. 

The world's top online marketplaces have seen significant growth in recent years, attracting 

millions of monthly visits from shoppers around the globe. According to data from Similar 

Web as of March 2023, the top online marketplaces based on monthly visits include industry 

giants like Amazon, eBay, and Walmart, as well as specialized marketplaces like Etsy and 

Wayfair as listed top 10 online marketplace as per monthly visit. These marketplaces offer a 

diverse range of products and services, providing consumers with unparalleled access to goods 

from around the world. 
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The largest online marketplaces in the world by the number of active sellers are Amazon, eBay, 

Walmart, and Etsy. Amazon is the largest of these, with over 6.3 million active sellers and a 

wide range of products available on its platform. eBay, which offers a variety of products has 

over 20 million active sellers worldwide. Walmart, one of the world's largest brick-and-mortar 

retailers, has also entered the online marketplace space with over 1.5 lac sellers. Etsy, a niche 

marketplace that focuses on handmade and vintage items, has over 4.4 million active sellers 

and is popular among buyers looking for unique and personalized items. All these platforms 

have experienced significant growth in recent years, with Amazon reporting net sales of $386 

billion in 2020, eBay reporting a revenue of $10.3 billion, Walmart's online sales growing by 

79% in 2020, and Etsy's gross merchandise sales reaching $10.3 billion, an increase of 107% 

compared to the previous year. 

Table 1.1: Top Ten Online Marketplace 

The world’s top online marketplaces 

# Name Category Visit/month 

1 Amazon General 6.2B 

2 eBay General 1.1B 

3 Walmart General 497M 

4 Etsy Arts, Crafts & Gifts 366M 

5 Target General 337M 

6 Alibaba General 300M 

7 Zalando Fashion 182M 

8 AliExpress General 159M 

9 Rakuten General 124M 

10 Wayfair Home Décor 120M 

Source: SimilarWeb (2023) 

1.2 Online Marketplace Quality 

Online marketplace quality refers to the level of satisfaction and trustworthiness that customers 

and sellers associate with a particular online marketplace. It is a measure of how well the 

marketplace meets the expectations of its stakeholders and provides a positive experience for 
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all involved. Factors that contribute to online marketplace quality may include the availability 

and accuracy of product information, ease of use, security and privacy measures, customer 

service, and seller performance metrics (Chen & Zhu, 2021) 

Quality of an online marketplace is essential for both buyers and sellers. For buyers, the quality 

of an online marketplace determines the level of trust and confidence they have in the platform. 

Buyers need to know that they can trust the marketplace to provide them with high-quality 

products, reliable shipping, and good customer service (Sahney, 2015; Wei et al., 2019). If a 

marketplace has a poor reputation for quality, buyers are less likely to use it, which can lead to 

negative purchase intention (Luca, 2017). Similarly for sellers, the quality of an online 

marketplace is also critical. A high-quality marketplace provides sellers with a reliable platform 

to sell their products, attract customers, and build their brand (Schomm et al., 2013). 

The concept of online marketplace quality has become increasingly important in recent years 

due to the rapid growth of e-commerce and online marketplaces. With the rise of online 

marketplaces, buyers and sellers have more options than ever before when it comes to buying 

and selling products and services online. As a result, it has become critical for online 

marketplaces to differentiate themselves based on the quality of their platform and services 

(Kalia and Paul, 2021). One of the challenges that online marketplaces face is ensuring that the 

quality of products and services offered by sellers meets the expectations of buyers (Vasic et 

al., 2019; Yadavalli et al., 2019). While online marketplaces have guidelines and policies in 

place to regulate the behavior of sellers, it can still be challenging to ensure that all sellers 

adhere to these standards. 

Furthermore, the quality of the online marketplace itself can impact the experience of buyers 

and sellers. A platform that is slow or difficult to use can be frustrating for users, leading to a 

negative experience (Meyer & Schwager, 2007). On the other hand, a well-designed and easy-
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to-use platform can enhance the overall experience of users. Therefore, understanding the 

concept of online marketplace quality is crucial for buyers. Buyers can use this knowledge to 

evaluate the quality of different online marketplaces and make informed purchasing decisions. 

1.3 Research Gap Focus 

While previous research has emphasized on the significance of website and service quality in 

e-commerce, the influence of seller selection quality on trust, electronic word-of-mouth (e-

WOM), and consumer perception in the online marketplace has not been thoroughly 

investigated. Some past studies have suggested that marketplace operators should evaluate 

sellers carefully to enhance consumer trust, attract potential customers, and increase purchase 

intention (Dachyar and Banjarnahor, 2017; Al-Adwan et al, 2022). Furthermore, Kim et al, 

(2012) suggested that without proper seller evaluation criteria or product evaluation criteria 

understanding purchase intention in the online marketplace may be inadequate. Also, Kalia and 

Paul, (2021) highlighted that “if a customer is getting the same service, same information or 

the same product offering from similar e-retailers, a small price difference or delivery lead time 

may shift the consumer decision”. It indicates that seller selection quality can be an important 

factor in shaping consumer decision-making in online marketplaces because product price, 

delivery lead time depends on them, particularly when faced with similar options from multiple 

e-retailers like Flipkart and Amazon.  

Previous studies have investigated the impact of website quality, service quality on purchase 

intention and have often focused on a single mediating variable, such as trust or e-WOM. 

However, research suggests that both trust and e-WOM can play a significant role in mediating 

the relationship between online marketplace quality and purchase intention. In other words, 

these two variables can work together to shape consumers' decision-making in online 

marketplaces. Trust is a crucial factor in influencing consumers' purchase intention in online 
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marketplaces. Consumers are more likely to make purchases from online marketplaces they 

trust, as they believe that the marketplace will provide them with reliable and high-quality 

products and best services. On the other hand, e-WOM can also play a significant role in 

shaping consumers' purchase intentions as marketplace provides interactive platform quality 

and service quality. Therefore, considering both trust and e-WOM as mediating variables 

simultaneously it is important to understand the complex interplay between various factors that 

influence purchase intention in online marketplaces including seller selection quality. 

The relationship between online marketplace quality and consumer behavior has been the focus 

of many research studies. However, the moderating effect of social media use on this 

relationship has not been explored in great detail. Social media use refers to the extent to which 

consumers engage with social media platforms to gather information about products, services, 

and brands (Benitez et al.,2018) and it also in “affecting the way consumers search, decide, and 

purchase based on information” (Khan and Khan 2019; Pitafi et al., 2020). Social media also 

create signals about perceived product and service quality through various methods such as 

product review features, social media integrations, and influencer marketing (Vermeulen & 

Seegers 2009; Zhu & Zhang, 2010). Despite this known moderating effect of social media use 

on the relationship between online marketplace quality and consumer behavior has not been 

extensively studied. It is possible that social media use may positively or negatively moderate 

the relationship between online marketplace quality and consumer behavior by influencing the 

way consumers perceive online marketplace quality. 

The above discussion signalled the need to address the following research questions: 

1. What is the combined effect of seller selection quality, website quality and service 

quality as online marketplace quality on purchase intention? 
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2. How does trust and e-WOM play a role between online marketplace quality and 

purchase intention? 

3. Does social media use affect the relationship between online marketplace quality 

dimensions and purchase intention? 

The present study, therefore, takes into consideration the issues mentioned so far and develops 

a framework to be tested empirically. The framework is developed based on Signaling Theory, 

Social exchange theory, Stimuli-Organism-Response Theory, Person-Environment Fit theory, 

Task-Technology Fit theory, The Social Influence Theory and Trust theory. The model propose 

three dimensions of online marketplace called seller selection quality, website quality and 

service quality and positive relationship between these dimensions and purchase intention. The 

model investigates mediating role of trust and e-WOM and also explore moderating role of 

social media use between online marketplace and online purchase intention. This study is in 

context of online marketplace and studies consumer opinion on product and service provided 

by online marketplace. 

1.4 Research Objective 

This study aimed to explore the online marketplace possible quality dimensions and find the 

impact of these quality dimensions on consumer purchase intention using the signling theory, 

and social exchange theory. In particular, this study proposed a conceptual model by integrating 

Stimuli-Organism-Response (S-O-R) and social influence theory to examine how these 

components inter-relate with each other and these relationships are supported by relevant 

literature review. The proposed farmwork indicates that online marketplace quality dimensions 

have direct and indirect effect on consumer purchase intention and this relationship mediated 

by trust and e-WOM and moderated by social media use. 
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In accordance with the existing limitations of the online marketplace quality, the study aims to 

explore seller selection quality and analyse the impact on online marketplace.  

This study is guided by three primary objectives: 

1. To explore and evaluate the impact of seller selection quality as a new dimension along-

with website quality and service quality on purchase intention. 

2. To explore and examine the mediating effect of trust and e-WOM in explaining the 

effect of online marketplace quality on purchase intention. 

3. To study the moderating role of social media use in relationship between online 

marketplace quality and purchase intention 

1.5 Research Methodology 

The research design, data collection methods, sampling techniques, and data analysis 

procedures used in this study were carefully selected to ensure that the study provides valid 

and reliable findings. To begin with, a comprehensive review of literature related to the quality 

of online marketplaces and the factors that influence purchase intention was conducted to 

develop the problem statement and research objectives. The research instrument used to collect 

data was developed by identifying measurement scales from previous studies and adapting 

them to fit the context of the current research, ensuring that the items in the instrument were 

relevant and appropriate for measuring the constructs of interest. The validity and reliability of 

the research instrument were assessed using a multi-faceted approach, which involved pre-

testing and a pilot study to identify any ambiguities or errors in the survey questions and making 

necessary adjustments. 

Data was collected using Google Survey, an online survey platform, and the sample for the 

study was chosen using well-established sampling techniques to ensure that the sample 

represents the population of interest. The study is using a purposive sampling method, which 
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is a non-probability sampling technique, to select individuals who have shopping experience 

in online marketplaces and are categorized based on demographic factors such as age, gender, 

educational level, and experience with online shopping and social media usage. The purpose 

of this categorization is to ensure that the sample selected for the study represents the 

population of interest. 

The data collected was analyzed using Partial Least Square (PLS), a technique of Structural 

Equation Modeling (SEM), which is a statistical method that can be used to analyze and 

evaluate the relationships between multiple variables, suitable for this research. The study 

determined the sample size to be 549, following the criteria given by Roscoe (1975), which 

recommends a “sample size of greater than 30 and nearby 500, and is deemed adequate to 

represent the population of interest”. The survey used in this study is divided into four main 

sections, and the fourth section. first section, which also includes a guarantee of confidentiality 

and anonymity, second section that is used to determine whether the applicant has experience 

shopping at online marketplaces, third section, participants respond to 42 questions about the 

quality of the online market and how it affects consumer behavior, Forth was a series of open-

ended questions that allowed participants to provide additional feedback and comments about 

their experience with online marketplaces. 

1.6 Significance of Study 

This dissertation intends for a comprehensive framework for understanding the factors that 

influences the online purchase intention in the context of online marketplaces. By incorporating 

various theories such as Signaling Theory, Social exchange theory, Stimuli-Organism-

Response Theory, Person-Environment Fit theory, Task-Technology Fit theory, The Social 

Influence Theory, and Trust theory, the framework provides a holistic view of the complex 

relationship between online marketplace dimensions, consumer trust, e-WOM, and social 
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media use. Previous studies have shown the importance of website and service quality in 

predicting purchase intention. However, the current study challenges this notion by suggesting 

that in the context of online marketplaces, service quality and website quality may no longer 

have a significant impact directly on purchase intention due to the similarity and completeness 

of these factors among major online marketplaces. This highlights the need for businesses to 

focus on other quality dimensions, such as seller selection quality, to enhance purchase 

intention directly. Therefore, this study contributes to the existing literature by providing new 

insights into the factors that influence purchase intention in online marketplaces. 

From a theoretical perspective, the study adds to the literature by highlighting the importance 

of seller selection quality as a key determinant of purchase intention, as well as the mediating 

role of trust and e-WOM in the relationship between website quality, service quality, and 

purchase intention. The study also highlights the moderating effect of social media use on the 

relationship between seller selection quality and purchase intention. 

The findings of this study have important implications for online marketplace operators. By 

focusing on improving seller selection quality, they can enhance consumer trust, e-WOM, and 

ultimately, purchase intention. This can lead to increased consumer retention, as well as 

addressing complaints related to deliveries and product availability. 

Moreover, the study highlights the need for online marketplace operators to adapt to 

technological changes and provide high-quality services that meet the evolving needs of 

consumers. However, the study also acknowledges its limitations and suggests future research 

that could provide more causal inferences between variables. A longitudinal survey method 

would be preferable to capture consumer behavior with technological change and provide more 

robust results. 
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1.7 Key Terminology and Definitions 

E-commerce: “Refers to the buying and selling of goods and services over the internet”. 

Online Marketplace: An online platform where buyers and sellers can interact and conduct 

transactions. 

Online Marketplace Quality: Refers to the overall quality of the online marketplace, 

including factors such as website design, user interface, customer service, seller selection, and 

more. 

Website Quality (WQ): Refers to the overall quality of the website, including factors such as 

ease of use, design, functionality, and security. 

Service Quality (SQ): Refers to the quality of the services provided by the online marketplace, 

including factors such as customer support, dispute resolution, and shipping and delivery 

options. 

Seller Selection Quality (SSQ): Refers to the quality of the sellers available on the online 

marketplace, including factors such as product selection, pricing, and reputation. 

E-word of mouth (e-WOM): Refers to electronic word-of-mouth, which is the act of sharing 

information about products or services online on online marketplace platform. 

Trust: Refers to the level of confidence and belief that consumers have in the online 

marketplace and its sellers. 

Social Media Use: Refers to the use of social media platforms such as Facebook, Twitter, and 

Instagram to interact with others, share information, and conduct transactions. 

Purchase Intention (PI): Refers to the likelihood that a consumer will make a purchase on the 

online marketplace based on their attitudes and perceptions. 
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1.8 Chaperisation  

This study comprises five chapters. A brief description of each chapter is given as follows: 

Chapter 1 of the dissertation provides an overview of the study by introducing its background 

and context. It begins by outlining the historical and theoretical foundations that led to the 

development of the research topic. The purpose of this section is to provide readers with a clear 

understanding of the research's origins and how it relates to existing knowledge. The chapter 

also clearly articulates the research's key questions and objectives. 

Chapter 2 of this research has been dedicated to conducting a comprehensive literature review 

related to the research topic, which focuses on online marketplace quality dimensions, trust, e-

WOM (electronic word-of-mouth), social media use, and purchase intentions. The chapter 

reviews relevant academic and industry publications, examining existing research and 

theoretical frameworks related to these areas. In particular, the chapter highlights the key 

research gaps and limitations in the current literature, identifying areas where further 

investigation is necessary. Based on these gaps and limitations, the chapter then develops 

research hypotheses that will be tested in the study. 

Chapter 3 of the study is dedicated to describing the research methodology adopted for the 

study. It provides a comprehensive overview of the various steps involved in conducting the 

research, including research design, sampling, questionnaire design and data collection, data 

processing, data analysis, methodological assumptions, limitations, and delimitations. The 

chapter begins by discussing the research design, which outlines the overall plan for the study. 

Next, the chapter provides details on the questionnaire design and data collection process, 

including the development of survey questions, pilot testing, and the actual administration of 

the survey. The chapter then turns to data analysis, which involves applying statistical 

techniques to the collected data to test the research hypotheses. 
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Chapter 4 of the research study presents an in-depth analysis of the empirical assessment of the 

research model proposed in Chapter 3. The chapter begins by describing the pre-test analysis, 

which involves exploring the data and identifying any potential issues or biases that may affect 

the validity of the results. This is typically done using statistical analytical tools like SPSS, 

Excel, Stata. The second stage of the analysis focuses on survey instrument and construct 

evaluation. This involves delineating the criteria for the structural equation modelling (SEM) 

and calculating inferential analysis using the partial least squares (PLS) analytical method. The 

third stage of the analysis involves the structural model evaluation. This stage focuses on 

examining the relationship between exogenous and endogenous variables using SmartPLS. The 

chapter overall provides a transparent account of the criteria used to evaluate the research 

model, enabling readers to assess the robustness of the research findings. 

Chapter 5 of the research paper presents a detailed synthesis and discussion of the findings 

obtained in Chapter 4. The chapter begins by summarizing the results of the empirical 

assessment of the research model and presenting the key findings. These findings are then 

rigorously complemented with the previous literature to rationalize the aims and objectives 

proposed in the present study. This helps to establish the significance of the study's results and 

place them in a broader theoretical and practical context. This discussion helps to provide a 

deeper understanding of the study's results and their implications for both theory and practice. 

By connecting the findings to previous research and theory, the chapter offers insights into the 

broader implications of the study's results. Finally, the chapter concludes with scope for future 

research recommendations based on the limitations of the present study.  

Summary 

The chapter provides a brief overview of the study, highlighting the research focus and problem 

statement. The research questions and specific objectives of the study are also presented in a 
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concise manner. The chapter discusses significance of the study is also explained, which could 

be its contribution to the existing literature, practical implications, or both. Lastly, the chapter 

outlines the structure of the entire thesis, which would help the readers to navigate through the 

content and understand the flow of the study.  
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Chapter-2  

Literature Review 

Overview 

It is crucial for various reasons to investigate the quality dimensions of online marketplaces 

and their correlation with consumer trust, electronic word-of-mouth, and purchase intention. 

Such exploration can provide valuable insights into the online marketplace and its impact on 

consumer behavior. Firstly, online marketplaces have become increasingly popular in recent 

years, and understanding how consumers perceive and evaluate the quality of these platforms 

is important for both researchers and practitioners. Secondly, consumer trust and e-word of 

mouth are known to be important factors in the decision-making process, particularly in the 

context of online purchases. Understanding how quality dimensions of online marketplaces 

may influence these factors can help to shed light on how consumers make purchase decisions 

in this context. 

To gain a deeper understanding of this relationship, it is necessary to examine the existing 

research on consumer purchase intention in the online context. This literature review will 

provide a comprehensive summary and evaluation of the current state of knowledge on this 

topic, highlighting key findings, debates, and controversies. It will also identify any gaps or 

areas in need of further study. 

In this chapter, the relevant literature has been reviewed in order to develop a theoretical 

understanding of how online marketplace quality may influence consumer purchase intention 

through trust and e-word of mouth. The chapter began by defining key constructs related to the 

research topic, including online marketplace quality, consumer trust, e-word of mouth, 

purchase intention, and social media use. Then, key points from the literature review are 

summarized, leading to the development of a research model and hypotheses. This model and 
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hypotheses will be used to guide the research project, and will be tested and refined as needed 

through the course of the study. 

2.1 Online Marketplace Quality 

To fully understand the concept of online marketplace quality, it is necessary to first have a 

clear understanding of the broader concept of a marketplace and online marketplace. Online 

marketplace quality refers to the overall perceived quality of an online marketplace platform 

(Kim & Lee, 2006). This can include factors such as the selection of products or services 

offered by seller, the convenience and ease of use of the platform, pricing and value for money, 

customer service and support by marketplace, the security and protection of personal and 

financial information. To conceptualize online marketplace quality and gain a deeper 

understanding of it, it is necessary to consider these various dimensions and how they may 

influence consumer perceptions and behaviors in an online context. 

2.1.1 Marketplace 

“A marketplace is a platform or location where buyers and sellers come together to exchange 

goods and services. This can be a physical location, such as a farmers' market or shopping mall, 

or an online platform, such as an e-commerce website or app” (Li et al., 2003). Marketplaces 

can be specialized, focusing on a specific type of product or service, or can be more general, 

offering a wide variety of goods and services. The purpose of a marketplace is to facilitate 

transactions between buyers and sellers, providing a convenient and efficient way for them to 

find and purchase what they need (Morales, 2011). 

One of the earliest known marketplaces was the agora in ancient Greece, which served as a hub 

for both commercial and political activity. The Roman forum and the bazaars of the Middle 

East were also early examples of marketplaces. In medieval Europe, fairs and markets were 
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held in towns and cities, providing a venue for the exchange of goods and services (Braudel, 

1992). 

The development of the internet and e-commerce in the late 20th and early 21st centuries have 

led to the emergence of online marketplaces, such as Amazon and eBay, which have 

revolutionized the way in which buyers and sellers interact and exchange goods and services. 

2.1.2 Online Marketplace  

“An online marketplace is a platform that enables the buying and selling of goods and services 

through the internet” (Phau & Meng, 2000). It is similar to a physical marketplace where buyers 

and sellers can come together to exchange goods and services, except that it is virtual and 

operates online. Online marketplaces provide a convenient and efficient way for individuals 

and businesses to find buyers or sellers for the products or services they offer. According to 

the European Union's definition of an online marketplace, "an online marketplace is a type of 

e-commerce platform that brings together buyers and sellers of goods and services. It is a 

platform operated by a company that provides a space for traders to sell their products and 

services to consumers, either directly or through intermediaries” (Gunasekaran et al., 2002). 

And According to the U.S. Small Business Administration, “An online marketplace is a type 

of digital platform that allows multiple third-party sellers to list and sell their products directly 

to consumers. Online marketplaces act as an intermediary between buyers and sellers and 

facilitate the sale of goods and services through their platform”. They also facilitate the 

payment and delivery process, making it easy for users to complete transactions. 

Online marketplaces offer a wide range of products and services, including physical goods, 

digital products, and services such as transportation or professional services. They can be 

accessed by anyone with an internet connection and are often available 24/7. Some online 



24 
 

marketplaces are open to anyone who wants to sell their products or services, while others have 

more stringent requirements for sellers, such as background checks or membership fees. 

Online marketplaces often have additional features such as customer reviews, ratings, and 

seller ratings to help users make informed decisions about their purchases. They may also offer 

buyer protection or dispute resolution services to help ensure that transactions are conducted 

fairly and smoothly. Overall, online marketplaces provide a convenient and efficient way for 

buyers and sellers to connect and conduct business online. Online marketplaces are typically 

operated by a central company, which provides the infrastructure and support for the sellers to 

sell their products to buyers. Examples of online marketplaces include Amazon, eBay, and 

Etsy. 

2.1.3. Online Store Vs Online Marketplace 

An online store and an online marketplace are both types of e-commerce platforms that allow 

businesses to sell their products and services online. However, there are some key differences 

between the two. An online store is a standalone website or platform that is owned and operated 

by a single business. The business is responsible for everything on the site, including the 

design, layout, product listings, payment processing, and customer service. An online store is 

a good option for businesses that want to have complete control over their online sales and 

branding. 

On the other hand, an online marketplace is a platform that allows multiple third-party sellers 

to list and sell their products to a wide audience of consumers. The online marketplace serves 

as an intermediary between buyers and sellers, facilitating the sale of goods and services 

through its platform. Examples of online marketplaces include Amazon, eBay, and Etsy. 

Online marketplaces can be a good option for businesses that want to reach a wide audience of 

potential customers and take advantage of the traffic and marketing efforts of the marketplace. 
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In summary, an online store is a standalone e-commerce platform that is owned and operated 

by a single business, while an online marketplace is a platform that allows multiple third-party 

sellers to list and sell their products to a wide audience of consumers. 

2.1.4 Online Marketplace quality 

Online marketplace quality is defined as the overall evaluation of the attributes and features of 

an online marketplace by consumers (Zhou et al., 2012). This evaluation can include factors 

such as the usability and navigation of the platform, the variety and availability of products, 

the trustworthiness of sellers, and the overall aesthetic appeal of the site (Li et al., 2020). Online 

marketplace quality can also be defined as the overall excellence or superiority of an online 

marketplace in terms of its ability to meet the needs and expectations of its users (Gao & 

Waechter 2017). It includes both functional and experiential attributes that contribute to the 

overall satisfaction of consumers (Pereira et al., 2016). 

Functional attributes of online marketplace quality include factors such as the ease of use, 

speed, and reliability of the platform (Gao & Waechter 2017). Experiential attributes, on the 

other hand, refer to the emotional and psychological responses of consumers to the platform, 

including factors such as enjoyment, trust, and perceived value (Pereira et al., 2016). Overall, 

online marketplace quality is an important determinant of consumer satisfaction and purchase 

intention, and it is, therefore an important focus of research and development for online 

marketplace providers (Gao & Waechter 2017). 

Online marketplace quality is a multidimensional construct that refers to the overall perceived 

quality of an online marketplace platform. According to a study by Zhang, et al. (2023), online 

marketplace quality can be broken down into four dimensions: “information quality, which 

refers to the accuracy, completeness, and timeliness of the information provided on the 

marketplace website; service quality, which refers to the efficiency, reliability, and 
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accessibility of the platform's services; interface design, which refers to the aesthetic appeal, 

usability, and navigation of the platform; and security, which refers to the protection of 

personal and financial information of the platform's users”. 

The quality of an online marketplace is a multifaceted concept that involves both technological 

and psychological factors (Richard, 2005). This means that it is not a simple or straightforward 

concept, but rather one that is composed of many different elements (Yang et al., 2005). 

Technological factors refer to the underlying technology and infrastructure that support the 

operation of the online marketplace. These can include things like the website design, the 

payment systems, product evaluation and the security measures in place to protect user data. 

Psychological factors, on the other hand, refer to the way that users perceive and experience 

the online marketplace. These can include things like the level of trust and confidence that 

users have in the platform, the level of satisfaction they feel with their purchases, and the 

overall ease of use of the website. 

We defined that online marketplace quality refers to the overall perceived quality of an online 

marketplace platform. This can include a range of factors, such as the selection of products or 

services offered, the convenience and ease of use of the platform, the pricing and value for 

money, the security and protection of personal and financial information, and the level of 

customer service and support by marketplace.  

2.1.5 Online Marketplace Quality Dimensions 

The quality of an online marketplace is a complex and multifaceted concept that includes both 

technological and psychological factors (Richard, 2005), as well as the role of information and 

communication technology (ICT) in driving consumer behavior and creating effective online 

marketplace quality (Xiang et al., 2015; Amendola et al., 2018). While previous research has 

primarily focused on website quality and service quality dimensions, seller selection quality is 
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also an important aspect of online marketplace quality because seller selection quality refers to 

the standards and criteria used by an online marketplace to choose which sellers and products 

to feature on the platform. It is based on a variety of factors, including product price, product 

quality, delivery cost, and delivery lead time (Kopelman and Balijepalli, 2010). Ensuring high 

seller selection quality is important for online marketplaces, as it helps to ensure that they are 

able to offer a high-quality selection of products to their customers. 

Overall marketplace quality refers to the consumer evaluations and judgments of the quality of 

an online marketplace based on a variety of factors, including: 

 

Figure 2.1: Online Marketplace Dimensions 

2.1.5.1 Sub dimensions of online marketplace Quality 

In e-commerce, the quality of the website is a major factor in determining consumer purchase 

intention (Bai et al., 2008). Previous research has identified website design, informativeness, 

and security as key determinants of website quality (Chek et al., 2016; Wang et al., 2015; Kim 

et al., 2012; Lin, 2007; Santos, 2003). These factors can influence how users perceive the 

website and whether they feel confident and comfortable making purchases through the 

platform. 

• The overall appearance and usability of the website, including accuracy and 
reliability of the information, layout, navigation, and visual design

Website quality

• The level of support and assistance provided to users by the online 
marketplace, including customer service and technical support.

Service quality

• The standards used by the online marketplace to choose which sellers and
products to feature on the platform, including factors such as product quality,
price, delivery lead time, and delivery cost.

Seller selection quality
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Service quality is also an important factor in online marketplaces. This includes the services 

provided during the purchase process, such as finding, ordering, tracking, and delivering 

products (Kim and Ahn, 2007). To provide a   high-quality service, online marketplaces should 

be responsive and have a good reputation, as this demonstrates a commitment to providing 

quick feedback to consumers (Dholakia et al., 2001) and increases consumer trust (Kim and 

Lennon, 2013; Dachyar and Banjarnahor, 2017). Therefore, online marketplaces should be 

quick to respond to consumer needs, including cancellations, returns, quick delivery, 

exchanges, and refunds (Lin, 2007). 

The quality of seller selection is also important for online marketplaces, as it can have a 

significant impact on the overall success of the platform. When a business is reliant on the 

sellers it chooses to feature (Kannan and Tan, 2002), it is important to carefully consider the 

criteria used to select these sellers. Research has found that factors such as product price, 

product quality, delivery cost, and delivery lead time can be important considerations in seller 

selection (Dachyar and Banjarnahor, 2017; Chen et al., 2015; Kopelman and Balijepalli, 2010). 

Ensuring high seller selection quality helps to ensure that the online marketplace is able to offer 

a high-quality selection of products to its customers. Based on the literature factor of each 

online marketplace quality dimensions have been identified as shown in figure 2.2. 

 

Figure 2.2: Online Marketplace Sub Dimensions 

• Website Design

• Informativeness and Interactivity

• security and Privacy

Website Quality 

• Responsiveness and Compensation

• Reputation

Service Quality

• Product price

• Product Quality

• Delivery service

Seller Selection Quality
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2.1.5.2 Website quality 

“Website quality is an important factor that can influence customer satisfaction and their 

purchase intention” (Kim and Lennon, 2013). A well-designed and easy-to-use website can 

help to attract and retain customers, as it makes it easier for them to navigate the site and find 

what they are looking for (Lin, 2007). Accessibility is another important aspect of website 

quality (Dachyar and Banjarnahor, 2017). “An accessible website is one that can be used by 

people with disabilities, such as those who are blind or have low vision, hearing impairments, 

or mobility issues” (Dholakia et al., 2001). The appearance of the website, including its layout 

and design, can also play a role in its overall quality (Yang et al., 2015). A visually appealing 

website can make a positive impression on consumers and increase their likelihood of returning 

to the site (Chao, 2004). Functionality is another key factor in website quality (Cui et al., 2019). 

A website that is prone to errors or slow loading times can be frustrating for users and may 

drive them away (Rumble, 2020). Security and privacy are also key factors in website quality. 

Users need to feel confident that their personal and financial information will be protected 

when they make purchases through the website. This can involve measures such as secure 

socket layers (SSL) and secure payment gateways. 

In order to deliver a high-quality website experience, online marketplaces must focus on all of 

these aspects of website quality (Kim and Lennon, 2013). Research has shown that the quality 

of an online marketplace's website can influence customer satisfaction and loyalty (Lin, 2007). 

Poor website quality can lead to a negative customer experience (Dholakia et al., 2001). On the 

other hand, investing in website quality can pay off for online marketplaces, as it can lead to 

increased customer satisfaction, higher levels of loyalty, and ultimately, greater success for the 

marketplace (Yang et al., 2015). Overall, it is important for online marketplaces to prioritize 

website quality in order to attract and retain customers. A high-quality website can help to build 

trust and confidence in the platform, leading to increased purchase intentions. 
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2.1.5.2.1 Website Design 

Website design refers to the overall appearance and usability of a website. It encompasses 

various elements such as layout, visual design, navigation, and functionality (Nielsen, 1994). 

“A well-designed website can provide a positive user experience and make it easier for users 

to find the information and products they are looking for" (Lawrence and Tavakol, 2006). On 

the other hand, a poorly designed website can be confusing and frustrating for users, leading to 

a lower likelihood of purchases being made or returning to the website in the future 

(Ranganathan & Jha 2007). Several factors can impact the effectiveness of website design 

(Nielsen, 1994; Lawrence and Tavakol, 2006). These include in the figure 

 

Figure 2.3: Website Design Attributes  

In order to ensure that a website has a good design, “it is important to conduct user testing and 

gather feedback from target users. This can help to identify any issues or areas for 

improvement, and ensure that the website is effective at meeting the needs of its users” 

(Nielsen, 1994; Ranganathan & Jha 2007). 

•A website should be easy to use and navigate, with a clear hierarchy of information 
and intuitive menu structure (Nielsen, 1994).

Usability

•The appearance of the website, including color scheme, typography, and layout, 
should be aesthetically pleasing and appropriate for the target audience (Lawrence 
and Tavakol, 2006).

Visual design

•The website should be optimized for different devices and screen sizes, so that it is 
easy to use on desktop computers, tablets, and smartphones (Nielsen, 1994).

Responsiveness

•"The website should be accessible to users with disabilities, including those who are 
blind or have low vision, deaf or hard of hearing, or mobility impairments" (Nielsen, 
1994).

Accessibility
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2.1.5.2.2 Informativeness  

Informativeness refers to the accuracy and reliability of the information provided on a website. 

Consumers rely on the information provided on a website to make informed purchasing 

decisions (Kim et al., 2012). Therefore, it is important for websites to provide accurate and up-

to-date information about products, prices, policies, and other relevant details (Lin, 2007). 

Inaccurate or incomplete information can lead to customer dissatisfaction and a lack of trust in 

the website (Santos, 2003). Interactivity refers to the ability of users to interact with a website, 

such as by leaving comments, rating products, or participating in forums (Dholakia et al., 

2001). Interactivity can enhance the user experience and create a sense of community for users 

(Kim and Lennon, 2013). It can also provide valuable feedback for businesses, helping them 

to improve their products and services (Dachyar and Banjarnahor, 2017). Informativeness and 

interactivity are important factors in website quality, as they can impact consumer trust and 

purchase intention (Bai et al., 2008). There are several factors that can impact the 

informativeness and interactivity of a website. These include in figure 

 

Figure 2.4: Informativeness Attributes  

•The information provided on the website should be accurate, complete, and relevant 
to the products or services being offered (Kim et al., 2012).

Content quality

•The information should be presented in a clear and organized manner, with a logical 
hierarchy and appropriate formatting (Lin, 2007).

Presentation

•The information should be kept up-to-date and relevant to ensure that it is useful for 
users (Santos, 2003).

Timeliness

•Encouraging users to leave comments, ratings, or reviews can increase interactivity.

User-generated content
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In order to ensure that a website is both informative and interactive, it is important to regularly 

review and update the content, and to consider the needs and expectations of the target audience 

(Lin, 2007). Additionally, incorporating interactive features can help to engage users and 

enhance their experience on the website (Kim and Ahn, 2007). 

2.1.5.2.3 Website Security and Privacy  

“Website security refers to the measures taken to protect against unauthorized access, use, 

disclosure, disruption, modification, or destruction of data” (Wang et al., 2015). This can 

include measures such as secure sockets layer (SSL) encryption, firewalls, and secure password 

policies (Kim et al., 2012). Ensuring that a website is secure can help to protect against cyber-

attacks and protect sensitive customer information (Lin, 2007). Privacy refers to the collection, 

use, and disclosure of personal information by a website (Santos, 2003). “It is important for 

websites to have clear privacy policies that outline how personal information will be collected, 

used, and protected” (Kim and Lennon, 2013). This can help to increase consumer trust and 

encourage them to share personal information (Dachyar and Banjarnahor, 2017). Security and 

privacy are important considerations for any website, as they can impact consumer trust and 

willingness to share personal information (Chek et al., 2016). 

There are various security measures that can be implemented to protect a website and its users. 

These can include: 

 

Figure 2.5: Website Security and Privacy 
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In order to ensure that a website is secure and respects privacy, it is important to implement 

appropriate security measures and have clear and transparent privacy policies (Lin, 2007). This 

can help to build trust with consumers and encourage them to engage with the website (Kim 

and Lennon, 2013). 

2.1.5.3 Online Marketplace Service Quality 

Service quality in online marketplaces is generally defined as the overall assessment of how 

well the online marketplace meets or exceeds customer expectations in the services it provides. 

“It can also define as overall evaluation and judgement of customers regarding the quality-of-

service delivery provided by the virtual marketplace” (Lee and Lin, 2005). This can include 

various dimensions such as responsiveness represent reliability, assurance, empathy, and 

reputation (Kim and Ahn, 2007; Dachyar and Banjarnahor, 2017). Responsiveness refers to the 

ability of the marketplace to respond quickly and effectively to customer needs, such as 

cancellations, returns, quick delivery, exchanges, and refunds (Lin, 2007). Kim and Lennon, 

(2013) suggested that it refers to the ability of the marketplace to deliver products and services 

as promised in terms of time, quantity, and quality. Moreover it also provides assurance to the 

knowledge and courtesy of the marketplace employees and their ability to inspire trust and 

confidence in the customers (Dachyar and Banjarnahor, 2017) and provides caring, 

individualized attention to the customers by the marketplace employees (Dholakia et al., 2001). 

Online marketplace with a good reputation is perceived to be more likely to provide high-

quality products and services and to handle customer complaints effectively (Lin, 2007). 

Online marketplace service quality is a crucial aspect of the customer experience, as it can 

greatly impact consumer satisfaction, trust, and engagement and in the business or online 

marketplace website (Kim and Ahn, 2007). This is why it is important for online businesses 

and online marketplace websites to continuously monitor and evaluate their provided services 
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in order to identify areas for improvement and make necessary changes to ensure customer 

expectations. 

2.1.5.3.1 Responsiveness  

Responsiveness in online marketplaces refers to the ability of the marketplace to quickly 

respond to fulfil in customer demand, market conditions, and technology. It is an important 

factor in determining customer purchase intention, trust, and engagement in the digital age. 

Marketplaces that are able to quickly respond to changes in customer demand by providing 

real-time product and pricing information, as well as timely delivery, are able to improve 

customer satisfaction and purchase intention (Homburg, et al, 2007). Responsiveness in online 

marketplaces also includes the ability to quickly identify and respond to security threats and 

protect customer's personal and financial information (Zhou, et al, 2016). Here are some ways 

the online marketplace demonstrates responsiveness to its customers. 

 Providing prompt and efficient customer service through multiple channels such as 

phone, email, or online chat (Parasuraman et al., 1988) 

 Offering real-time updates on the status of customer requests or issues (Taylor & 

Cronin, 1994) 

 Regularly reaching out to customers to gather feedback and make improvements to their 

products or services (Donabedian, 1966) 

 Being proactive in addressing potential issues before they become problems (CAHPS) 

 Providing clear and accurate information about products or services. (Lovelock & 

Wirtz, 2011) 

The ability to provide fast and efficient customer service, whether through online chats, email, 

or phone support, also considered a crucial dimension of responsiveness in online 

marketplaces. Customers expect quick and accurate responses to their inquiries and issues 
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(Koufaris, 2002). Marketplaces that quickly address customer inquiries and issues make 

customers feel more secure and assured about their purchases, and increase their trust in the 

marketplace. 

2.1.5.3.2 Reputation 

Reputation in online marketplace refers to the general perception that customers have of the 

quality of service provided by an online marketplace. It is a critical aspect of service quality in 

because a marketplace with a good reputation is likely to inspire more trust and confidence in 

its customers, making them more likely to purchase from that marketplace and return for future 

purchases. Reputation can be built over time by consistently providing high-quality customer 

service, such as being responsive to customer inquiries, addressing customer issues promptly, 

and offering clear and accurate information about products or services. Here are several factors 

that contribute to the formation of reputation for an online marketplace. These factors can be 

categorized into different groups, such as: 

 

Figure 2.6: Reputation Attributes 

•This includes factors such as responsiveness to customer inquiries, addressing 
customer issues promptly, providing clear and accurate information about products or 
services, and overall customer experience (Paraskevas, 2001).

Customer service

•This includes factors such as the ability to fulfill orders on time, the accuracy of 
product information and the consistency of service (Taylor & Cronin, 1994)

Reliability

•Being transparent about company's operations, policies, and plans can help building 
trust and positive reputation among customers (Vargo et al., 2015)

Transparency
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Each of these elements is crucial in deciding how satisfied customers and purchase intention, 

and companies that prioritize the maintenance of a good service reputation are more likely to 

attract and retain customers. 

In the online marketplace, reputation affects the e-WOM (electronic word of mouth) in the 

online marketplace, which is the influence of online customer reviews and recommendations 

on other customers' purchase decisions (Yoo and Gretzel, 2011). An online marketplace with 

good reputation is likely to receive positive e-WOM, which can help to attract new customers 

and increase customer retention, also increase the likelihood of customers to recommend the 

online marketplace to others (Bhattacherjee, 2001), whereas a marketplace with poor reputation 

would be more likely to receive negative e-WOM. Witch is particularly important in online 

purchases where customers often cannot evaluate the quality of a product before buying it.  

2.1.5.4 Seller Selection Quality 

Selecting the most suitable seller on an online marketplace can be challenging, especially for 

buyers who do not have experience or interaction with all of the sellers on the platform. One 

of the main challenges is the potential for dishonesty among some sellers. They may provide 

false information about their products or services, or they may fail to deliver on their promises. 

This can make it difficult for buyers to make informed decisions about which sellers to choose. 

Even Whyte (1993) argued that providing excellent service is the most critical criterion for 

buyers when selecting a seller. This is particularly true when a business is reliant and dependent 

on the seller. In this context, the quality of the service provided by a seller can have a direct 

impact on the success of the online marketplace. 

Quality of seller selection refers to the process of evaluating and comparing sellers based on 

various factors, such as their ratings, reviews, return and refund policies, and location. By using 

these factors, marketplace operators can aggregate information about different sellers and make 
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more informed decisions about which sellers to choose. Seller selection uses data mining 

techniques to analyze customer feedback and ratings. (Liu, Y. et al., 2017) found that this 

method was effective in identifying high-performing sellers, and suggested that it could be used 

by e-commerce marketplaces to improve the customer experience. A seller who provides poor 

service can lead to delays, lost sales, and damage to the online marketplace. On the other hand, 

a seller who provides excellent service can lead to increased customer satisfaction, improved 

efficiency, and increased sales. 

An online marketplace stores data about supply chain participants and their activities in a 

central database, which used has been used by online marketplace operators to match consumer 

demand with the appropriate seller. This can help to improve the overall consumer experience 

by ensuring that buyers quickly and easily find the products and services they are looking for. 

Model uses both quantitative and qualitative criteria to evaluate sellers at online marketplace. 

The model considered factors such as seller reputation, product quality, delivery performance, 

and pricing. The study found that the model was effective in identifying high-quality sellers 

and suggested that it could be used by online marketplaces to improve the customer experience 

(Kou, et al. 2018). Multiple criteria are used for selecting a seller on an online marketplace, 

such as product price, product quality, delivery lead time, and delivery cost. According to 

Kopelman and Balijepalli (2010) and Gaur and Sharma (2011), these criteria are considered to 

be the most important factors that influence a buyer's decision to purchase. Figure 4. present 

the most influenced factor while making a selection of seller at the online marketplace by the 

online marketplace operator. 
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Figure 2.7: Seller Selection Dimensions 

2.1.5.4.1 Perceived Price 

Perceived price is an individual's evaluation of the monetary value of a product or service based 

on their own subjective perception. It is a cognitive construct that represents the consumer's 

overall evaluation of the price of a product, which may or may not reflect its actual cost. One 

of the key studies on perceived price is the “Anchoring and Adjustment” theory proposed by 

Tversky and Kahneman, (1974) which suggests that consumers use a reference point (or 

anchor) to evaluate prices, and then make adjustments to that anchor based on their personal 

evaluation of the product or service. This theory suggests that consumers tend to form 

judgments about value based on an initial anchor and make subsequent adjustments based on 

their beliefs, needs and preferences. Another study by Lichtenstein, Ridgway, and Netemeyer, 

(1993) found that perceived price is affected by a variety of factors, including brand name, 

product features, and packaging. They also found that consumers tend to assign higher 

perceived values to products that are associated with well-known brands, have more features, 

and are packaged more attractively. 

• Buyers want to find products that are reasonably priced, and data on past
purchase prices can help match buyers with sellers who offer competitive
prices.

Product Price

• Marketplace need to ensure that they are providing products that meet or
exceed customer expectations. They can use data on product ratings and
reviews to identify which products are most popular and which ones are most
likely to be well-received by customers.

Product Quality

• Buyers are looking for fast delivery options and also to keep the cost as low as
possible, marketplace who can offer these options will be more likely to be
selected by customers.

Delivery Service
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Here in at online marketplaces consumers perceive price is an important factor as it can impact 

their purchasing decisions and satisfaction. One study found that consumers tend to perceive 

prices as being lower when they are shopping online as compared to in-store. “The study 

suggested that this may be because online marketplaces provide more information about prices 

and products, making it easier for consumers to compare prices and find deals” (Zhang, J. et al. 

2015). Another study found that consumers tend to perceive prices as being more transparent 

and fairer when they are displayed with additional information such as the price comparison or 

the cost of production. When consumers have more information about the price, they have a 

better understanding of the value of the product and tend to be more satisfied with the price 

they pay (Dodds, 1991). Other research has found that the use of dynamic pricing strategies 

(pricing changes in real-time) by sellers in e-commerce marketplaces can affect consumer 

perceptions of prices. 

2.1.5.4.2 Perceived Product Quality 

"Perceived product quality is the consumer's overall assessment of the characteristics and 

features of a product or service, as well as the value that these characteristics and features 

represent for the consumer" (Paraskevas, A. 2000). Perceived quality refers to the customer's 

overall assessment of the characteristics and features of a product or service based on their own 

personal experience, expectations and influences. The perception of quality can be influenced 

by a variety of factors such as product features, brand reputation, packaging, and marketing 

communication. 

Perception of quality is an important factor that can influence consumers' purchasing decisions, 

particularly in online marketplaces where buyers cannot physically inspect the product prior to 

purchase. One study by Jiuan, (1999) found that consumers tend to perceive the quality of 

products as being higher when they are offered by well-established brands. The study suggested 

that brand reputation can act as a signal of quality for consumers and can increase their 
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perceived quality of a product. Another study by Crilly, et al. (2018), found that consumers 

tend to perceive the quality of products as being higher when they are accompanied by detailed 

product information, such as detailed product specifications, images, and customer reviews. 

The study suggests that providing detailed product information can increase consumers' 

perceived quality of a product as they can better evaluate the product before purchasing. 

Additionally, a study Ivanov et al. (2022) found that the use of augmented reality in e-

commerce can positively influence consumers' perception of product quality, as it allows them 

to virtually interact with the product and provides a more realistic understanding of the product 

before purchasing. In summary, consumers tend to perceive the quality of products as being 

higher when they are offered by well-established brands, accompanied by detailed product 

information and through use of augmented reality in e-commerce. 

In summary, the product quality of the same product can differ among sellers at online 

marketplaces due to variety of suppliers and manufacturers, different sourcing methods, 

manufacturing processes, and brand reputation. Customers often rely on reviews and ratings to 

form an opinion of the product quality before making a purchase. 

2.1.5.4.3 Delivery Service 

Delivery service refers to the process of transporting goods from a seller or manufacturer to a 

customer. Delivery services can include a variety of transportation methods such as ground 

shipping, air shipping, and express delivery. In an e-commerce context, delivery service 

typically refers to the process of delivering products to customers who have ordered them 

online. Delivery service quality is considered a critical aspect of e-commerce as it can greatly 

impact consumer satisfaction and loyalty. Poor delivery service quality can lead to 

dissatisfaction and negative word-of-mouth, which can harm the reputation of an online 

marketplace and discourage future purchases. 
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Delivery services at online marketplaces vary significantly depending on the seller. Some 

sellers may offer a wide range of delivery options, such as same-day or next-day delivery, while 

others may only offer standard shipping (Pasaribu et al., 2022). Other found that the delivery 

quality, including the timeliness, reliability and condition of the products upon delivery, may 

also differ among sellers (Liu et al., 2017). Communication and tracking options provided by 

sellers can also vary, which can affect the overall quality of the delivery service. In summary, 

delivery service at online marketplaces can differ significantly among sellers due to variations 

in the type of delivery options offered to customers who often rely upon delivery options to 

form an opinion before making a purchase 

2.2 Trust  

“Trust is defined as a psychological state comprising the attitude of willingness to rely on an 

exchange partner in whom one has confidence. It is a belief in the reliability, integrity, and 

benevolence of an exchange partner” (Rousseau et al., 1998). Trust is an important factor in 

various types of relationships and transactions, including personal, professional and in the 

context of e-commerce. 

Trust at online marketplaces refers to the level of confidence that consumers have in the online 

marketplace, and the sellers operating within it. It involves the belief that the online 

marketplace and its sellers will act in a trustworthy and reliable manner, such as by keeping 

personal and financial information secure, accurately describing products, and delivering 

products on time and in good condition and providing responsive customer service (Lin, 2007). 

Without trust, consumers may be hesitant to engage in online transactions, which can 

negatively impact the success of e-commerce. 

The lack of trust among consumers can act as a significant barrier to their engagement in e-

commerce marketplaces (Stockdale & Standing, 2006). When consumers do not trust an online 
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marketplace or its sellers, they may be less likely to make purchases or share personal and 

financial information, which can negatively impact the success of the marketplace (Kim et al., 

2008). Or lack of trust can lead to consumer reluctance to engage in e-commerce transactions 

(Shao and Li, 2009). online consumer trust is a critical factor for the success of e-commerce as 

it can greatly impact consumer satisfaction, loyalty, and willingness to make future purchases. 

Trust can be enhanced through website design, privacy and security features, and the provision 

of clear and accurate information. The trust of consumers in online marketplaces is also 

influenced by the perceived delivery service quality and perceived quality of the products 

purchased (Chang et al., 2009). 

2.3 e-Word of Mouth  

“e-WOM, or electronic word-of-mouth, refers to the use of digital platforms and technology to 

facilitate the exchange of information and opinions about products and services” (Chu & Kim, 

2011). This includes online reviews, comments on social media, and posts on forums. The 

concept of e-WOM was first proposed by Buttle (1998), who believed that the informal 

exchange of WOM could be accomplished through electronic means. Westbrook (1987) 

defines e-WOM as "all the informal communications directed at consumers through Internet-

based technology related to the usage or characteristics of particular goods and services, or 

their sellers”. Newman Jr (2003) defines e-WOM as a content exchange between at least two 

customers that is facilitated by a computer. Similarly, Hennig-Thurau et al., (2004) define e-

WOM as "any positive or negative statement made by a potential, actual, or former customer 

about a product or a company, available to a multitude of people and institutions via the 

internet". 

e-Word of Mouth (e-WOM) is a powerful tool that online marketplaces can leverage to build 

a strong engagement with their customers. Online marketplaces have an enormous potential 

for building a strong engagement for their consumer by using e-WOM. “User-generated e-
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WOM is deemed to be the most influential and trustworthy source of information when 

compared to the firm-generated content” (Brown et al., 2007; Munnukka et al., 2015). The 

reason behind this is that customers tend to trust the reviews and recommendations from other 

customers more than the information provided by the company itself. Online marketplaces 

allow customers to communicate about products through their reviews (Chen & Xie, 2008). 

Therefore, an increasing number of consumers are approaching online marketplaces to find 

information about products or services listed on the website (Schivinski & Dabrowski, 2016). 

This is because online marketplaces provide customers with a platform where they can share 

their experiences and opinions about products with others, which can help other customers to 

make more informed purchasing decisions. Moreover, “online marketplaces can be considered 

as an appropriate platform for communication through e-WOM” (Knoll & Proksch, 2017). This 

is because online marketplaces provide a platform where customers can communicate with 

each other and share information about products, which can lead to increased sales and market 

share for the company.  

e-Word of Mouth (e-WOM) plays a significant role in online marketplaces, as it allows 

consumers to share information, opinions, and recommendations about products and sellers. 

This information can greatly influence the purchasing decisions of other consumers and impact 

the perceived trustworthiness and credibility of a marketplace. A study by Dellarocas (2003) 

found that e-WOM can enhance the value of a marketplace by reducing the search costs for 

potential buyers. The study showed that e-WOM can provide valuable information to 

consumers, such as product reviews, ratings, and recommendations, which can help them make 

more informed purchasing decisions. Additionally, e-WOM can increase the credibility and 

trustworthiness of information provided by other consumers, which can lead to increased sales 

for sellers and greater customer satisfaction. Other found that e-WOM is particularly influential 

in the early stages of the product adoption process at online marketplace and that positive e-
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WOM can lead to increased sales and market share for online marketplace (Chevalier and 

Mayzlin 2006). In addition, by monitoring and managing e-WOM, online marketplaces can 

identify any issues that customers may have with their products or services and take steps to 

address those issues, which can lead to increased customer satisfaction and loyalty. 

In conclusion, e-WOM act as an essential role in online marketplaces, as it can greatly influence 

the purchasing decisions of consumers and impact the perceived trustworthiness and credibility 

of a marketplace. Therefore, it's essential for online marketplaces to leverage e-WOM to build 

a strong engagement with their customers and increase their sales and market share. 

2.4 Online Purchase Intention 

Purchase intention refers to a consumer's decision to buy a product or service, it can be defined 

as the degree to which a consumer has a specific, planned, and commitment to buy a particular 

product or service, in a particular context and at a particular time (Ajzen, 1991, p. 183). 

“According to the theory of reasoned action, consumer behavior can be predicted from their 

corresponding intentions. Intentional measures are more effective in drawing new customers 

as customers tend to overlook their true preferences due to external constraints” (Day, 1969; 

Ajzen and Fishbein, 1980). According to Salisbury et al. (2001), the idea of online purchase 

intention is the degree to which a buyer intends to buy goods or services online. When 

analysing online consumer behaviour, online purchase intention is a more useful indicator of 

desire to utilise a website or online marketplace. A consumer's desire to make an online 

purchase is significantly influenced by factors including the quality of the online marketplace 

and their past purchasing behaviour (Pavlou, 2003). To increase the likelihood of a customer 

making a purchase, online marketplace operators need to focus on these factors to trigger online 

purchase intention among consumers. 
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Purchase intention at an online marketplace refers to the level of willingness or desire of a 

customer to buy a product or service from an online marketplace (Zhou et al., 2018). It is a 

crucial aspect of online consumer behavior as it determines the likelihood of a customer making 

a purchase. Factors such as perceived risk, perceived ease of use, perceived usefulness, trust, 

and convenience have been identified as key determinants of purchase intention at an online 

marketplace (Zhou, 2011). Online marketplaces need to focus on these factors to increase the 

likelihood of purchases by customers. The quality of the online marketplace's website, the 

range of products, and the overall customer experience are also important factors that can 

influence purchase intention (Yi et al., 2017). Additionally, the quality of customer service, the 

selection of products, and the reputation of the online marketplace can also play a role in 

determining purchase intention (Zhou et al., 2019). 

Purchase intention at an online marketplace is an important aspect of online consumer behavior 

because it directly impacts the likelihood of a customer making a purchase. Factors such as 

trust, e-word of mouth, customer service quality, seller selection quality, and website quality 

all play a critical role in determining purchase intention in an online marketplace (Zhou et al., 

2018).  

Trust is a key determinant of purchase intention at an online marketplace, as customers tend to 

be more likely to make a purchase when they feel they can trust the online marketplace and the 

sellers (Pavlou & Dimoka, 2006). e-WOM, which refers to the sharing of information about an 

online marketplace or product through online channels, also plays an essential role in 

determining purchase intention (Zhou et al., 2018). Positive e-WOM can increase trust and 

enhance the reputation of an online marketplace, leading to increased purchase intention (Zhou 

et al., 2018). 
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The quality of customer service and the selection of products offered by the online marketplace 

are also considered important factors that can influence purchase intention (Zhou et al., 2018). 

Customers tend to be more likely to make a purchase when they feel that their concerns and 

questions will be addressed in a timely and efficient manner (Yi et al., 2017). Additionally, a 

wide selection of products and a good range of options can increase the likelihood of customers 

finding the products they are looking for, leading to increased purchase intention (Zhou et al., 

2019). Finally, website quality, which includes factors such as ease of navigation, user-friendly 

interface, clear product information, and efficient search functionality, is important in 

determining purchase intention in an online marketplace (Yi et al., 2017). Consumers tend to 

make a purchase when they feel that the website is easy to use and that they can easily find the 

products they are looking for (Yi et al., 2017). Overall, purchase intention at an online 

marketplace is an important aspect of online consumer behavior, and online marketplaces need 

to focus on providing a high-quality experience to increase the likelihood of purchase by 

customers. (Zhou et al., 2011). 

2.5 Social Media Use  

“Social media can be defined in several ways. It has been described as a group of internet-

based applications that build on the technological foundations of Web 2.0 and allow for the 

creation and exchange of user-generated content. Another definition is that it is the production, 

consumption and exchange of information through online social interactions and platforms” 

(Marketo, 2010; Kaplan and Haelein, 2010). In a business context, “social media has been 

defined as the technological component of communication, transaction, and relationship 

building functions that leverage the network of customers and prospects to promote value co-

creation” (Andzulis et al., 2012). Additionally, social media can be described in terms of its 

functionalities, such as identity, presence, sharing, relationships, groups, conversations, and 

reputation (Kietzmann et al., 2011). Bodnar and Cohen, (2011) defined as digital content and 
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network-based interaction that is developed and maintained by and between individuals.  It can 

also be described as a “tool that provides a way for people to share ideas, content, thoughts, 

and relationships online” (Scott, 2009). 

“Social media use plays an important role in affecting the way consumers search, decide, and 

purchase based on information” (Khan and Khan 2019; Zhan et al. 2016; Pitafi et al. 2020). 

Social media platforms allow consumers to access a wide range of information about products 

and services, which can influence the way they search for and decide on a purchase (Khan and 

Khan 2019). Social media platforms can provide customers with a wealth of information about 

products, including reviews, ratings, and recommendations from other customers (Zhan et al., 

2016). This can help consumers to make more informed purchasing decisions by providing 

them with a broader range of information than they might otherwise have access to. 

The role of social media use in online marketplaces is becoming increasingly important as more 

and more customers turn to social media to research products and make purchasing decisions. 

Social media platforms such as Facebook, Instagram, and Twitter have become powerful tools 

for online marketplaces to engage with their customers and promote their products (Liang et 

al., 2021). Social media in online marketplaces increases brand awareness and attract new 

customers. “Social media platforms allow online marketplaces to reach a wider audience and 

connect with potential customers in new ways” (Liang et al., 2021). Additionally, social media 

can be used to create a sense of community around an online marketplace, which can increase 

customer loyalty and retention (Zhang et al., 2019). Another key role of social media in online 

marketplaces is to provide customers with a more personalized shopping experience (Zhang et 

al., 2019). Social media platforms allow online marketplaces to gather data on customer 

preferences and behavior, which can be used to create targeted marketing campaigns and 

personalized product recommendations (Liang et al., 2021). This can help to increase purchase 

intention and customer satisfaction. Overall, social media in online marketplaces, provide a 
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powerful tool to increase awareness about product and services, attract new customers, create 

a sense of community, provide personalized shopping experience and increase purchase 

intention. (Liang et al., 2021). 
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Chapter-3 

Conceptual Framework, Theoretical Foundation and Hypotheses Development 

Overview 

The present chapter aimed to establish a conceptual framework and theoretical underpinning 

for the study. Its objective, to provide a solid foundation for the research by presenting the 

relevant theories and concepts that will guide the investigation. The primary focus of the 

chapter is on explaining the context of the study, which in this case is the central idea of quality 

dimensions at online marketplaces. The chapter ends with the development of evidence-based 

hypotheses, which are statements that are derived from the literature review and the conceptual 

framework of the research. These hypotheses are used to guide the research process and provide 

a clear direction for the study. The chapter also includes a diagrammatic representation of 

purpose research model. 

3.1 Conceptual Framework 

There is no universally accepted definition of an online marketplace, as the concept is still 

evolving and the boundaries between online marketplaces and traditional firms are becoming 

increasingly blurred. In recent years, more traditional firms have started to embrace technology 

and adopt business models that are similar to online marketplaces, making it difficult to 

distinguish between the two. One way to define an online marketplace is to identify the 

characteristics that they share in below figure 3.1 given by (Fradkin, 2017). Therefore, by 

identifying these characteristics, it is possible to make a list of online shopping website that 

could be considered online marketplaces, and to consider what they have in common. However, 

it is important to keep in mind that online marketplaces can take different forms, serve different 

verticals, and use a variety of market designs, so the definition of an online marketplace will 

continue to evolve and adapt to new developments in technology and business models. 
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Figure 3.1: Online Marketplaces Characteristics 

The characteristics of online marketplaces as described in the previous response, such as 

matching, low entry costs, ex-post screening, non-exclusive, and short-run contracts, allow the 

concept of an online marketplace to encompass a variety of terms commonly used in research 

and public discourse. These terms include “peer-to-peer”, “the sharing economy”, and “the on-

demand economy”. These terms all refer to different business models that share similar 

characteristics with online marketplaces, but the specific details and nuances may vary. One 

key aspect that distinguishes an online marketplace from a reseller is the level of control that 

the marketplace has over pricing, advertising, customer service, and order fulfilment. In online 

marketplaces most of these control rights lies with the seller. “This means that the marketplace 

serves as an aggregator and matchmaker of heterogeneous and autonomous buyers and sellers, 

even in some cases the marketplace does participate as a buyer or seller in its own marketplace” 

(Hagiu and Wright, 2014). 

• Online marketplaces bring together buyers and sellers in a virtual
environment, where they can search for and find products and services that
match their needs and preferences.

Matching

• Online marketplaces have low barriers to entry, which allows small
businesses and individual entrepreneurs to participate in the market.

Low Entry Costs

• Online marketplaces use a variety of mechanisms, such as customer reviews
and ratings, to screen sellers ex-post (after a transaction has occurred) and
provide buyers with information about the quality of the products and
services being offered.

Ex-post Screening

• Online marketplaces typically allow multiple sellers to offer the same
product or service, which increases competition and can lead to lower prices
for buyers. However buyers and sellers enter into agreements for short
periods of time.

Non-exclusive Short-Run Contracts
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Because technology has made it possible for new market mechanisms, such reputation systems, 

search engines, algorithmic suggestions, and signalling mechanisms, to be developed, 

designing online marketplaces now faces new obstacles. The user experience and general 

operation of the online market may be significantly impacted by these methods. Because of the 

scope of online marketplaces, choosing the right design is especially crucial. A single design 

change in an online marketplace can have an impact on millions of sellers and hundreds of 

millions of buyers. For example, a small change in the algorithm used to match buyers and 

sellers could lead to a significant change in the number and types of transactions that take place 

on the online marketplace. 

The attractiveness of online marketplace is also endogenous and dynamic. This means that the 

attractiveness of online marketplace can change over time, and that online marketplace can 

invest in services, website designs, and technologies to enable new types of change at online 

marketplace. For example, an online marketplace that offers same-day delivery, advanced 

matching mechanisms for buyer and seller, and high-quality customer service may be more 

attractive to consumers than one that does not offer these features. In this way, the quality of 

online marketplaces is crucial in determining the overall user experience. By carefully 

considering theses quality, online marketplaces can enable new types of online marketplace, 

improve the user experience, and increase the overall attractiveness of online marketplace. This 

can ultimately lead to an increase in the number of consumers and sellers participating in the 

marketplace, and ultimately drive purchase intention at marketplace. 

There are billions of sellers who have listed their products on online marketplaces. While this 

can provide consumers with a wide variety of options to choose from, it also poses a significant 

challenge for the online marketplace. Imagine a buyer who is unhappy with a product or service 

that one of the sellers provides. They will likely direct their dissatisfaction towards the online 

marketplace, rather than the individual seller (Chao, 2004; Mou et al., 2019). This can result in 
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a recurring problem where consumers have negative experiences with the online marketplace 

service, which can escalate into a trust issue or social media backlash known as e-WOM 

(electronic word-of-mouth) (Rumble, 2020). This is why the quality of the online marketplace 

is crucial. A poor-quality online marketplace can result in a high number of negative reviews, 

complaints and unhappy customers and which can also lead to a loss of trust among consumers 

and can ultimately impact consumer purchase intention at online marketplace. To prevent this, 

the online marketplace needs to ensure that the products and services offered on their platform 

meet a certain level of quality and that the information provided by the sellers is accurate and 

reliable. This is where the online marketplace plays an important role in ensuring the quality 

of the products and services being offered by the sellers. Marketplaces use a variety of 

mechanisms such as product reviews, ratings, and third-party certifications to screen sellers 

and ensure that the products and services being offered on their platform meet a certain level 

of quality. When evaluating the quality of an online marketplace, it is important to consider the 

website quality and service quality of online marketplace, but also the quality of the sellers that 

are offering products and services on the online marketplace. This is because the quality of the 

sellers can have a significant impact on the overall customer experience, and can affect 

customer satisfaction, trust. 

3.2 Theoretical Foundation  

The present study uses various theories to understand consumer behavior at online 

marketplaces. These theories include Person-Environment Fit theory, Social Exchange Theory, 

Task-Technology Fit, Search and matching theory, Stimuli Organism Response Theory, and 

Signaling Theory. Each of these theories provides a different perspective on how consumers 

interact with online marketplaces and can help to explain different aspects of consumer 

behavior in the table 3.1. 
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3.2.1 Person-Environment Fit theory (PEF) 

PEF theory suggests that individuals will have a higher level of satisfaction and engagement 

when they perceive a good fit between their own characteristics and the characteristics of the 

environment. In the context of online marketplaces, this could mean that consumers who 

perceive a good fit between their own preferences and the features of the marketplace, such as 

the product offerings and search functionality, will be more satisfied and engaged with the 

marketplace, and more likely to make purchases. On the other hand, consumers who perceive 

a poor fit between their own preferences and the characteristics of the marketplace may be less 

satisfied and engaged, and less likely to make purchases. 

For example, a study by Wang, et al. (2022) found that the level of personalization of an online 

marketplace, such as personalized recommendations and search results, can influence 

consumers' perceived fit with the online marketplace environment, which in turn can influence 

their satisfaction, trust and purchase behavior. This theory can be applied in online 

marketplaces by considering how the website design of the platform and the products and 

services offered by the online marketplaces align with the needs and values of the consumers. 

3.2.2 Social Exchange Theory 

“Social Exchange Theory is a framework that explains how individuals engage in social 

interactions and relationships based on the perceived costs and benefits of those interactions. 

In the context of online marketplaces” (Cook et al., 2013). Social Exchange Theory can be used 

to understand how consumers make decisions about trust, and engagement with the platform 

and its sellers. “The theory suggests that individuals engage in social interactions when they 

perceive that the benefits of the interaction outweigh the costs” (Auld & Case, 1997). In the 

context of online marketplaces, this means that consumers engage with the platform and its 

sellers when they perceive that the benefits of doing so, such as access to a wide range of 

products at competitive prices, outweigh the costs, such as concerns about security and privacy. 
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A study by Gefen and Straub (2004) applied the Social Exchange Theory to understand the 

role of trust in online marketplaces. They found that trust is a key factor influencing consumer 

behavior in online marketplaces, and that consumers' trust in a marketplace is influenced by 

their perception of the benefits and costs of engaging with the platform. And Gefen, et al. 

(2003) also found that trust in an online marketplace can be enhanced by providing clear and 

transparent information about the platform and its sellers, as well as by providing a clear and 

easy-to-use dispute resolution process. They suggest that online marketplaces can use social 

exchange theory to understand how to create trust with consumers by providing information 

and services that help them to evaluate the benefits and costs of engaging with the platform. 

3.2.3 Task-Technology Fit 

Task-Technology Fit (TTF) theory is a framework that explains how the characteristics of 

technology and the characteristics of the task that the technology is being used for interact to 

influence the effectiveness and efficiency of the technology. In the context of online 

marketplaces, TTF theory can be used to understand how the design and features of an online 

marketplace platform and its user interface, and the tasks and goals of consumers using the 

platform interact to influence the effectiveness and efficiency of the online marketplace.TTF 

theory posits that the better the match between the characteristics of the technology and the 

characteristics of the task, the higher the effectiveness and efficiency of the technology will be. 

In the context of online marketplaces, this means that the better the design and features of the 

platform match the tasks and goals of consumers using the platform, the higher the 

effectiveness and efficiency of the online marketplace will be. 

For example, a study by Wang et al. (2022) found that the match between the personalization 

features of an online marketplace and consumers' information search goals, can influence their 

satisfaction, trust and purchase behavior. This suggests that online marketplaces can use TTF 
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theory to understand how to design and develop features that match the tasks and goals of the 

consumers, which in turn can lead to increased satisfaction, trust and purchase intention. 

3.2.4 Stimuli-Organism-Response Theory 

The Stimuli-Organism-Response (S-O-R) theory, also known as the Stimulus-Organism-

Response theory, is a psychological model that describes how individuals respond to stimuli in 

their environment. According to this theory, the response of an organism is determined by the 

nature of the stimuli and the characteristics of the organism itself. In the context of an online 

marketplace, the stimuli could be the website design, product price, images, and customer 

reviews, while the organism is the customer. The customer's response could be to purchase the 

product, leave a review, or not make a purchase at all. 

One example of how S-O-R theory can be applied in the context of an online marketplace is 

found in a study by Bai et al., (2008) entitled "The impact of website quality on customer 

satisfaction and purchase intentions: An S-O-R perspective" published in the International 

Journal of Information Management. The study found that website quality (stimulus) had a 

positive effect on customer satisfaction (response) in an online marketplace (environment). 

Another example in the context of an online marketplace) found that online reviews on an e-

commerce website can significantly impact consumer purchasing intentions, and that the 

overall valence (positive or negative) of the reviews was more important than the number of 

reviews. The study suggests that the stimulus (the online reviews) led to a cognitive and 

emotional response in the organism (the consumer) which then led to a behavioral response 

(the purchasing intention). 
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3.2.5 Signaling Theory 

“The Signaling Theory is a framework that explains how individuals use different cues or 

signals to convey information about themselves to others in order to influence their behavior” 

(Wells, et al., 2011). In the context of an online marketplace, the theory can be applied to 

understand how customers use different signals to influence the behavior of other customers 

and the marketplace as a whole. In an online marketplace, customers can use signals such as 

product reviews, ratings, and social proof to influence the behavior of other customers. For 

example, a customer who leaves a positive review for a product is sending a signal to other 

customers that the product is of high quality and worth purchasing. Similarly, a customer who 

has a high rating on the marketplace is sending a signal that they are a trustworthy and reliable 

seller. Similarly, the online marketplace itself can use signals to influence the behavior of 

customers. For example, a marketplace that prominently displays badges indicating that a seller 

is verified or has a high rating is sending a signal to customers that they can trust the seller and 

their products. 

The study by J.J. Grewal, et al. (2019), “signaling theory suggests that consumers rely on the 

signals provided by others to infer the quality of a product”. In other words, customers are more 

likely to trust and purchase a product if it has positive reviews and ratings from other customers. 

This is because reviews and ratings signal to customers that the product is of good quality and 

that other customers have had positive experiences with it. The study also found that customers 

are more likely to trust reviews and ratings from customers who are similar to them. For 

example, a customer who is looking for a high-end camera may be more likely to trust reviews 

and ratings from other photography enthusiasts. 

By understanding the signaling theory in the context of an online marketplace, businesses can 

better understand how to design and market their products to appeal to their target customers 

and influence their behavior. Consumers use cues, such as website quality, to infer the quality 
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of a product or service. For example, by understanding that customers use purchase history, 

reviews, and ratings as signals of value, a business can focus on building a positive reputation 

and encouraging customers to leave positive reviews to increase conversions or should aim to 

create high-quality websites to signal the quality of their products or services, which can lead 

to positive e-word of mouth and increased purchase intention. 

3.2.6 The Social Influence Theory 

The Social Influence Theory suggests that social media use can be used to influence people's 

opinions and behavior, through the manipulation of information and the creation of social 

pressure. In the context of online marketplaces, this theory can be applied in a number of ways. 

One way is through the manipulation of information. For example, online marketplaces may 

use algorithms to curate the products and services that are presented to users, based on their 

browsing and purchasing history. This can influence what users see and what they believe to 

be popular, leading them to make purchasing decisions based on that information. 

Another way is through the creation of social pressure. For example, online marketplaces may 

use features such as customer reviews, ratings, and social sharing to create a sense of social 

proof and social pressure. Seeing that many other people have purchased a product or service 

can create a sense of validation and increase the likelihood that a user will make a purchase. 

Additionally, “some online marketplaces use social media platforms like Facebook and 

Instagram to create a sense of community and connection with their customers” 

(Saravanakumar & SuganthaLakshmi, 2012). This creates a sense of social pressure as 

customers may feel compelled to buy products that are liked by other people in their social 

circle.  

The Social Influence Theory suggests that social media can be used to influence individuals' 

perceptions, attitudes, and behaviors. In the context of an online marketplace, vendors and 



58 
 

advertisers can use social media to promote their products and services, and to shape consumer 

perceptions of the marketplace and its products. In conclusion, the Social Influence Theory 

highlights how vendors and advertisers can use social media to influence consumer behavior 

through the manipulation of information and social pressure, and it is important for consumers 

to be aware of these tactics in order to make informed purchasing decisions. All above theory 

has been explored in table 3.1. 

Table 3.1: List of Theories and Concept 

Theories Concept Reference 

Person-Environment Fit 

theory 

Suggests that consumers are more satisfied and 

perform better when there is a good fit between 

their abilities, needs and values, and the 

environment they are in. 

Kristof-Brown, 

Zimmerman, & 

Johnson, 2005 

Social Exchange 

Theory 

“Suggests that people engage in social interactions 

with the expectation of receiving benefits and 

avoiding costs.” 

Homans, 1958 

Task-Technology Fit 

Suggests that the effectiveness of technology 

depends on how well it aligns with the task it is 

being used for. 

Goodhue and 

Thompson, 1995 

SOR Theory 

To understand how consumers make decisions in 

different types of markets. It states that consumer 

behavior is a function of the stimul that the 

consumer is exposed to, the organism, and the 

response. 

 

 

Mehrabian & 

Russell, 1973 

Signaling Theory  

Explains how individuals use certain actions or 

characteristics to signal certain information to 

others. 

Michael Spence 

(1973) 

The Social Influence 

Theory 

Explains how individuals' behavior and attitudes 

are influenced by the actions and opinions of those 

around them 

Cialdini (1987) 
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3.3. Hypotheses Devolvement 

3.3.1 The relationship among online marketplace quality, purchase intention, trust and e-word 

of mouth 

Online marketplace quality refers to overall consumer evaluations and judgments associated to 

the quality of website design, information quality, service quality provided and criteria of 

quality of seller selection such as product quality, product price, delivery lead time and delivery 

cost offered by the online marketplace. An online marketplace serves as a platform for buyers 

and sellers to connect and conduct transactions. Its main goal is to generate profit by facilitating 

these matches between parties. “In order for the marketplace to be successful, the value of these 

matches, including the cost of using the marketplace, must be greater than the value of the 

outside option for buyers and sellers” (Fradkin, 2017). 

The way in which an online marketplace achieves this goal is through its marketplace quality, 

which encompasses both policies and technologies. Marketplace quality can vary depending 

on the industry, as well as over time within an industry and within a specific marketplace. 

Research suggests that the quality of the online marketplace plays a crucial role in its growth 

and competition. To understand the quality of online marketplaces it would be helpful to divide 

it into three dimensions. The first dimension, seller selection quality, pertains to how 

effectively the marketplace selects the method for matching customers and sellers. This 

guarantees reliable delivery of goods or services with the least amount of risk to customers. 

The second dimension, website quality, pertains to how product information is presented, 

including prices and fees. The third dimension, service quality, pertains to the mechanisms in 

place to ensure that customer queries are addressed in a timely manner. In this study we have 

developed separate hypotheses for each quality dimension of online marketplace with respect 

to purchase intention, trust and e-word of mouth. 
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3.3.1.1 The relationship among seller selection quality, trust, e-word of mouth, and purchase 

intention. 

“In online marketplaces, buyers and sellers find each other through various mechanisms such 

as directed search, auctions, and centralized matching. These mechanisms have trade-offs 

between the quality of a match, the hassle costs of finding a match and the overall balance of 

matches between buyer and seller in the marketplace. The most common mechanism used for 

matching is the search engine, where customers form a consideration set through textual search 

and filtering. The results shown on each page are determined by an algorithm, which can be 

simple or complex. The online marketplace design for the search engine consists of the 

algorithm, the information presented about each option, the interface for search, and the manner 

in which the product and seller information is presented. Studies in economics, marketing, and 

computer science have found that search ranking matters and changes in the algorithm can 

improve match rates in these settings” (Fradkin 2017). 

On the theoretical side, studies have shown that the structure of the search process in online 

marketplaces can affect equilibrium outcomes such as price dispersion, delivery lead time, 

delivery price (Baye and Morgan, 2001). This means that the way the search process is 

structured can impact the final prices of products in the marketplace because of the seller 

attributes. Additionally, intermediaries (such as search engines) “may have an incentive to 

divert search away from the social optimum” (Hagiu and Wright, 2014), meaning they may 

have an incentive to direct search in a way that is not in the best interest of the overall online 

marketplace. 

On the empirical side, research has found that ranking of seller matters in online marketplaces 

(Ursu, 2016) and changes in the algorithm used for seller ranking can improve match rates 

(Fradkin, 2017). This means that the order in which products or sellers are displayed to 

customers can impact their purchasing decisions, and that improving the algorithm used for 
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ranking can lead to better matches between buyers and sellers. Additionally, studies have found 

“that there is substantial heterogeneity in the effects of ranking” (Goldman and Rao 2014), 

meaning that the impact of ranking may vary depending on the specific context of the online 

marketplace. 

“Many online marketplaces have developed search advertising platforms that allow sellers to 

bid for paid placement next to the organic results determined by an algorithm. Paid advertising 

can have a number of effects on market outcomes. Firstly, it offers another way for the 

marketplace to earn revenue. By allowing sellers to bid for paid placement, the marketplace 

can generate additional income through advertising. Secondly, it allows sellers with private 

information about the returns to high placement to signal that information in a credible manner” 

(Zhang, 2017). Sellers who are willing to pay for higher placement in search results may have 

a better understanding of their product's value and are willing to pay to signal that information 

to potential buyers. Thirdly, paid advertising can potentially reduce the overall quality of a 

user’s experience as sellers don’t match customer desire.  

Imagine buyers who are unhappy with their product or service or information which one of the 

sellers provides will direct their feeling to the online marketplace (Chao, 2004, Mou et al., 

2019). As paid results are intermingled with organic results, it can be difficult for users to 

distinguish between the two, which can lead to confusion and a lack of trust in the online 

marketplace suggested seller. In contrast, it is known that seller uncertainty can be mitigated 

by trust, information and right e-WOM (Pavlou et al., 2007). Lastly, paid advertising gives 

sellers and products a way to be discovered. It allows sellers to increase their visibility and 

reach more potential buyers, which can increase the chances of making a sale. (Zhang, 2017) 

which can be the reason consumers are more likely to buy a product from a recommended seller 

than from sellers who have no recommendations (Adam, 2018); this also affects consumer trust 

and online purchase intention (Wang & Benbasat, 2004). 
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Seller selection is a process by which online marketplaces match a set of criteria with 

established seller selection criteria such as product price, quality, delivery cost, lead time, and 

geographical proximity (Kopelman & Balijepalli, 2010). Researchers suggest that online 

marketplaces should carefully consider these criteria in order to increase consumer trust and 

attract potential customers (Dachyar & Banjarnahor, 2017; Chen et al., 2015). However, there 

is still little understanding about how seller uncertainty regarding product quality and service 

delivery (Chao, 2004) and privacy (Mou et al., 2019) impact purchase intention, trust, and e-

WOM. 

When a wrong seller is allocated to a consumer while purchasing products, the characteristics 

of the seller may not match the consumer's desires, leading to a breach of consumer trust, and 

negative e-WOM (Chiu et al., 2014; Nieto et al., 2014; Kudeshia & Kumar, 2017). Selecting 

the most suitable seller can be challenging for buyers as they may not have suitable knowledge, 

experience or any interaction with the sellers (Riazati et al., 2019). An unhappy buyer who is 

dissatisfied with a product or service may direct their feelings towards the online marketplace, 

even though the actual product or service was delivered by a seller. This can be recurring 

problem which makes consumers undergo the online marketplace service, or escalates into a 

trust issue or social-media backlash such as negative e-WOM (Rumble, 2020) there by 

purchase intention at online marketplace. Thus, this study derives the following hypothesis. 

H1 Seller Selection quality of online marketplace positively related to purchase intention in the 

online. 

H4 Seller Selection quality of online marketplace positively related to trust in the online 

marketplace 

H7 Seller Selection quality of online marketplace positively related to e-word of mouth in the 

online marketplace 
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3.3.1.2 The relationship among website quality, trust, e-word of mouth, and purchase 

intention. 

Website quality refers to the ability of an e-commerce website to provide accurate, relevant, 

and easy-to-understand information (Lim et al, 2009). This is important because the website is 

often the first point of contact customers have with a business, and their perceptions of website 

quality can influence their perceptions of product quality (Wells et al., 2011). This, in turn, can 

affect their intentions to make a purchase. Website quality also plays a role in information 

satisfaction, which is a factor that can influence online behavioral intentions (Jeong et al., 2003; 

Noorian et al., 2014). 

Website quality is a crucial element in the success of online marketplaces, as it can greatly 

impact shoppers' perceptions and decision-making related to purchases. Research on website 

quality has focused on “users' perceptions of the functional and instrumental qualities of a 

website, such as its controllability and effectiveness. Key aspects of website quality include 

navigability and the organization of information, as they are crucial in helping users find what 

they are looking for and make purchases” (Pee et al., 2018). Website quality can be defined as 

“the perceived ease of navigating the site or making purchases through the Internet” (Flavián 

et al., 2006). In this study, the focus is on the signaling effect of website quality. 

“Website design, navigability, organization of information, security, and privacy are all 

commonly identified as relevant website-interface-related signals in prior studies of online e-

commerce shopping websites quality” (Chek et al., 2016; Wang et al., 2015; Kim et al., 2012; 

Chen and Teng 2013; Schlosser et al., 2006; Lin, 2007; Santos, 2003). Prior research has shown 

that these aspects can send positive signals about a website, and that consumer perceptions 

regarding the website quality can drive their purchase intentions (Bai et al., 2008). 
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Website quality can be considered a signal for online shoppers since they can see it first-hand 

and make an informed judgement about. The user and their goals or tasks are the central focus 

when assessing the quality of a website. For an online marketplace website, users provide the 

primary source of information. Consequently, the website's design must prioritize what is 

important to the user. The evaluation of website quality hinges largely on users' performance, 

perceptions, and attitudes as they undertake essential tasks (Gould & Lewis, 1985). Therefore, 

website quality is contingent on being user-focused, observable, and measurable by users 

themselves, rendering them the most suitable candidates for appraising website quality. 

For example, website design related filtering and sorting interface on a marketplace website 

even plays a significant role in shaping the outcomes of the marketplace. This is because the 

design of the interface affects the user experience and can influence how easily users are able 

to find and purchase the products they are looking for. Online marketplace managers recognize 

the importance of design and often hire user experience designers to create interfaces that are 

visually appealing and easy for users to navigate. These designers focus on creating visual cues 

that help guide users through the interface and make it more convenient to use and 

technological fit environment for the online shopper. The goal is to make the interface easy to 

understand and navigate, which can improve the overall user experience and ultimately affect 

purchase decisions (Fradkin, 2017). Proper IT infrastructure at online marketplace website 

includes privacy, security, informativeness, and website design, and found essential for 

increasing consumer trust and driving purchase intentions (Turban et al., 2006; Schlosser, 

2006; Wang et al., 2015). A well-designed website that prioritizes these aspects can foster trust 

and drive purchase intention through positive e-WOM (See-To & Ho, 2014). Thus, the study 

derives the following hypothesis. 

H2 Website quality of online marketplace positively related to purchase intention in the online 

marketplace 
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H5 Website quality of online marketplace positively related to trust in the online marketplace 

H8 Website quality of online marketplace positively related to e-word of mouth in the online 

marketplace 

3.3.1.3 The relationship among service quality, trust, e-word of mouth, and purchase 

intention. 

The relationship between service quality, trust, e-word of mouth, and purchase intention at 

online e-commerce has been widely studied in the literature. “Service quality is generally 

defined as the customers' perceptions of the overall excellence of a service” (Fu Tsang et al., 

2010). According to Gefen et al. (2003), providing a superior level of service quality in the 

online marketplace can result in heightened levels of trust, while Zhang et al. (2019) suggest 

that this can also lead to positive e-word of mouth. As a consequence, purchase intentions can 

be positively impacted, as noted by Hennig-Thurau et al. (2004) and Wang et al. (2015). 

The concept of service quality is a result of the detection of needs by and with the customer, 

which leads to the creation of a plan for delivering that service. Service delivery encompasses 

all aspects of the service, from the initial planning stage to the final consumption of the service 

by the customer. This includes the implementation of a service with the set operation capability 

(ability and resources) on the provider side, as well as the distribution of services to the 

customer. The distribution of services also encompasses all the activities of the online 

marketplace provider related to the consumption of the service, including support services and 

recovery services (Winkler & Wulf ,2019). This means that the provider not only needs to have 

the necessary resources and capabilities to deliver the service, but also needs to have a plan in 

place for how the quality service will be delivered to the customer, as well as a plan for how to 

handle any issues that may arise during the service delivery process. 
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In the realm of online shopping, trust heavily hinges on service quality, a notion supported by 

scholarly research (Al-dweeri et al., 2018; Hsu et al., 2018). Generally, service quality pertains 

to how consumers perceive the responsiveness, empathy, reputation, and assurance 

demonstrated by online vendors (Agag & El-Masry, 2017). “Online marketplace platforms can 

gain customer trust and build long-term relationships by providing high-quality services 

(Shafiee & Bazargan, 2018). Service quality also affects the acceptance of online marketplaces 

(Ibrahim et al., 2019) and a significant relationship has been found between online e-commerce 

service quality and trust” (Das, 2016). Providing high-quality services at online marketplace is 

crucial for building trust with customers. When customers perceive that online marketplace is 

responsive, empathetic, has a good reputation and provides assurance, they are more likely to 

trust the platform, create e-word of mouth, and make purchases. 

“Service quality can be defined as the overall evaluations and judgments of customers 

regarding the excellence of service delivery in the virtual e-commerce” (Lee and Lin, 2005). It 

has been found to play a critical role in the online marketplace, as it can impact consumer trust, 

purchase intentions, retention, and e-word of mouth (Shafiee & Bazargan, 2018; Zehir & 

Narcıkara, 2016; Kim & Lennon, 2013; Dachyar & Banjarnahor, 2017). Service quality is also 

closely tied to the purchase process in an online marketplace, including services such as 

finding, ordering, tracking, and delivering products (Kim and Ahn, 2007). Factors such as 

responsiveness, compensation, and reputation can represent the commitment towards 

providing quick feedback to consumers and increase consumer trust and e-WOM (Dholakia et 

al., 2000; Kim and Lennon, 2013; Liu & Lee, 2016; Dachyar and Banjarnahor, 2017). Studies 

have also found that service quality affects the acceptance of online marketplaces, indicating 

that high-quality services can increase the likelihood of customers using the online 

marketplace. Additionally, research has shown that there is a strong relationship between 
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online e-commerce service quality and trust and purchase intention. Thus, this study derives 

the following hypothesis. 

H3 Service quality of online marketplace positively related to purchase intention in the online 

marketplace 

H6 Service Quality of online marketplace positively related to trust in the online marketplace 

H9 Service quality of online marketplace positively related to e-word of mouth in the online 

marketplace 

3.3.2 Trust at online marketplace positively related to purchase intention in the online 

marketplace 

Trust plays a crucial role in the success of online marketplaces (Kim and Prabhakar 2000; Yeh 

and Li, 2009). It is a key factor that influences consumer behavior and decision-making in 

online marketplaces. Trust is defined as the belief in the reliability, integrity and credibility of 

an online marketplace (McKnight and Chervany 2002). Lack of trust has been identified as one 

of the reasons why customers do not engage in the online marketplace (Kim et al., 2008). When 

customers do not trust an online marketplace, they are less likely to make a purchase or use the 

platform. Trust is built through various factors such as service quality, website design, security, 

and privacy. When online marketplaces prioritize these factors, they increase the likelihood of 

building trust with consumers. 

In online purchase intention, trust plays a significant role in making online purchase decisions 

(Yoon, 2002; Chen et al., 2010). When customers trust an online marketplace, they are more 

likely to make a purchase and have a positive experience. Trust affects consumer behavior by 

increasing their willingness to share personal information, reducing perceived risk and 

increasing their willingness to engage in online transactions (McKnight and Chervany 2002). 
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Trust also leads to increased customer engagement, purchases intention (Al-dweeri et al., 

2018). 

Trust is a crucial factor in the success of any online marketplaces, as it can greatly impact 

consumer purchase intentions. Research has found that trust in an online marketplace is 

positively related to purchase intention (Hsu et al., 2018). When consumers trust an online 

marketplace, they are more likely to make a purchase and have a positive experience. Trust is 

built through various factors such as service quality, website design, security, and privacy. 

When online marketplaces prioritize these factors, they increase the likelihood of building trust 

with consumers and ultimately increase purchase intentions (Agag & El-Masry, 2017). Thus, 

this study derives the following hypothesis. 

H10 Trust in the online marketplace positively related to purchase intention in the online 

marketplace 

3.3.3 E-word of mouth at online marketplace positively related to purchase intention in the 

online marketplace 

E-word of mouth (e-WOM) refers to the online communication of information about products 

or services, including online reviews, ratings, and comments. It is a powerful influence on 

purchase decisions of online consumers as it can help them to gather information about 

products and services before making a purchase. The online marketplace website facilitates an 

information sharing platform to share shopping experiences, which impacts consumer 

engagement (Chu and Kim, 2011). Research has found that e-WOM is significantly influence 

to consumer purchase intention in online marketplaces (Cheung and Lee, 2012; Hennig-Thurau 

et al., 2004; Wang and Fesenmaier, 2004). Consumers often rely on e-word of mouth to gather 

information about products and services before making a purchase decision.  
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The widespread use of the internet and technology has led to significant changes in the way 

consumers communicate with one another, particularly in online marketplaces. Online users 

have the opportunity to share advice related to consumption through their participation in 

online activities such as reading reviews, ratings, and comments about products and services. 

“Studies have shown that when customers gather pre-purchase information, they are more 

likely to accept online product feedback, which can vary in quality and polarity, from positive 

to negative comments” (Zhu & Zhang, 2010; Adjei et al., 2010; Sparks & Browning, 2011). 

The evaluations shared through online word of mouth can exert a noteworthy influence on 

customers' attitudes, perspectives, purchasing choices, and evaluations after using a product or 

service. According to Al-Debei et al., (2015), e-word of mouth evaluations can affect customers 

in many ways. For example, positive e-word of mouth can increase the perceived value or 

quality of the product or service, which in turn leads to an increase in purchase intentions. 

Online reviews at online marketplace, in the form of e-word of mouth, play an essential role in 

online purchasing (Park et al., 2011; Erkan and Evans, 2016). Studies have shown that e-word 

of mouth is one of the crucial factors that affect purchase intentions in e-commerce (Chevalier 

and Mayzlin 2006; Pavlou and Dimoka, 2006; Park and Lee, 2009; Zhu and Zhang 2010). 

Positive e-word of mouth at online marketplace can increase consumer engagement in an online 

marketplace and increase the perceived value of a product or service. Negative e-word of 

mouth, on the other hand, can decrease consumer trust and decrease purchase intentions. This 

can lead to an increase in purchase intention as consumers are more likely to make a purchase 

when they perceive a product or service to be of high quality and valuable or creates a positive 

feedback loop where positive e-word of mouth leads to increased purchase intention, which in 

turn leads to increased e-word of mouth. Therefore, it is hypothesized that e-word of mouth has 

a significant positive impact on consumer purchase intention at online marketplace. 
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H11 E-word of mouth at online marketplace positively related to purchase intention in the online 

marketplace 

3.3.4 Mediating effect of trust at online marketplace 

The success of an e-commerce marketplace is critically dependent on trust. Trust is a crucial 

factor that influences consumers' purchase intention, and it is a reliable antecedent of purchase 

intention (Kim & Prabhakar 2000; Yeh & Li, 2009, Chen et al., 2010). Without trust, 

consumers may be hesitant to engage in transactions on the marketplace, which can impede the 

success of the marketplace. A lack of trust acts as a restraining factor for the consumer to 

engage in an online marketplace (Kim et al., 2008). Consumers may be hesitant to provide 

personal information or make a purchase on a marketplace that they do not trust because of the 

perceived online marketplace quality and services. This can lead to lower purchase intention, 

which can harm the success of the marketplace.  

Previous research has shown that the elements of online marketplaces quality dimensions such 

as website quality, customer service quality, and evaluations of sellers or products can have a 

direct impact on a customer's intention to make a purchase. Studies like Turban et al., 2006; 

Kim and Lennon, 2013; Dachyar and Banjarnahor, 2017; and Wei et al., 2019 have found that 

these elements can influence a customer's purchase intention directly. However, there are other 

studies like Yoo et al., 2015; and Kudeshia & Kumar, 2017; Giao et al., 2020 that have found 

that these elements can lead to trust, which in turn can influence a customer's intention to make 

a purchase. According to these studies, trust functions as a vital mediator in the connection 

between the quality of online marketplaces and the intention to purchase. When consumers 

trust an online marketplace, they are more likely to have positive perceptions of the 

marketplace's quality and, as a result, be more inclined to make a purchase.  
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It's crucial for an online marketplace to establish trust among its customers by providing a 

secure platform, clear and accurate information, and providing fair and transparent customer 

service. Trust can be built by providing customers with a sense of security and by being 

transparent about the marketplace's policies and practices. Additionally, by providing a high-

quality customer service, the e-commerce marketplace can increase the degree of trust 

established with its customers can ultimately result in a heightened intention to purchase and 

the overall success of the marketplace. Therefore, it is hypothesized that the relationship 

between online marketplace quality dimensions and consumer purchase intention is mediated 

by consumer trust at online marketplace. 

H12 The relationship between website quality and consumer purchase intention is mediated by 

consumer trust at online marketplace. 

H14 The relationship between service quality and consumer purchase intention is mediated by 

consumer trust at online marketplace. 

H16 The relationship between seller selection quality and consumer purchase intention is 

mediated by consumer trust at online marketplace. 

3.3.5 Mediating effect of e-word of mouth at online marketplace 

E-Word of Mouth (e-WOM) plays a crucial role in shaping consumer perceptions and decision-

making when it comes to online purchases. Research has shown that e-word of mouth can act 

as a mediator between online marketplace quality and consumer purchase intention. Previous 

research has shown that certain elements of online marketplaces, such as the quality of the 

website, the quality of customer service, and the evaluations of sellers or products, can have a 

direct impact on a customer's intention to make a purchase (Turban et al., 2006; Kim and 

Lennon, 2013; Dachyar and Banjarnahor, 2017; Wei et al., 2019). However, there are also a 

number of studies (Standing et al., 2016; Loureiro et al., 2018; Mukerjee, 2020; Kudeshia & 
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Kumar, 2017; Al-Bourini et al., 2021) that have found that these antecedent factors can lead to 

e-word of mouth, which in turn can influence a customer's intention to make a purchase. 

E-word of mouth refers to the electronic communication of consumer opinions and experiences 

about a product or service through online marketplace platforms such as review, comments, 

and rating (Wang et al., 2015). When consumers perceive a high quality in an online 

marketplace, they are more likely to have a positive e-word of mouth, which in turn can 

increase their purchase intention (Chang et. al., 2013). It means that e-word of mouth at online 

marketplace can influence the relationship between the online marketplace quality and 

purchase intention by transmitting or conveying information about the product or service, thus 

affecting the consumer's decision-making process. Thus, implies that e-word of mouth can acts 

as a mediator between the online marketplace quality dimensions and purchase intention. This 

study derives the following hypothesis 

H13 The relationship between website quality and consumer purchase intention is mediated by 

consumer e-word of mouth at online marketplace. 

H15 The relationship between service quality and consumer purchase intention is mediated by 

consumer e-word of mouth at online marketplace. 

H17 The relationship between seller selection quality and consumer purchase intention is 

mediated by e-word of mouth at online marketplace. 

3.3.6 Moderating effect social media use 

The use of social media by individuals can be related to opportunity recognition through an 

understanding of technology development, changes, and market trends (Park et al., 2017). 

Social media platforms provide users with access to a wide range of information, including 

updates on technology development, changes in market trends, and industry news. This 

information can help individuals identify new opportunities that they may not have been aware 
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of otherwise. For example, social media can provide individuals with information about online 

marketplace services, new products, discount, and trend. This information can help them 

identify opportunities to evaluate the cost and benefit and help in purchase decision. As Kolb 

(1994) describes how socialization enables individuals to assimilate and integrate new 

information with their existing knowledge, enabling them to seek out the most reliable 

information and prevent errors. This process can facilitate the identification of numerous 

opportunities. 

 Similarly, social media can provide individuals with information about changes in market 

trends, such as shifts in consumer preferences or new product segments. This information can 

help consumers identify opportunities to know new products or services that align with these 

changes and increase purchase intention. The study by Zhan et al. (2016) suggests that “social 

media use plays an important role in affecting the way consumers search, decide, and purchase 

based on information”. The ability to establish social media and access digital content can help 

consumers gather information from different sources, evaluate alternatives, and make more 

informed decisions. Additionally, social media use can also create a sense of community and 

social influence, which can also influence consumer behavior (Khan and Khan 2019; Zhan et 

al. 2016; Pitafi et al. 2020). 

Chen &Wei, (2019) found that social media use moderates the relationship between perceived 

value and purchase intention. The study found that the positive relationship between perceived 

value and purchase intention was stronger for individuals who frequently use social media 

compared to those who infrequently use it. The implication is that the utilization of social media 

can amplify the influence of perceived value on purchase intention. Additionally, social media 

can shape consumer behavior by fostering a sense of community and social influence. This can 

prompt consumers to place greater trust in a product or service and rely on information shared 

by people they know and trust, and be more likely to follow the recommendations of people in 
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their social networks, leading to a greater influence on their decision-making process in online 

marketplace. Therefore, it is hypothesized that the relationship between online marketplace 

quality dimensions and consumer purchase intention is moderated by social media use at online 

marketplace. 

H18 The relationship between seller selection quality and consumer purchase intention is 

moderated by social media use at online marketplace. 

H19 The relationship between website quality and consumer purchase intention is moderated 

by consumer social media use at online marketplace. 

H20 The relationship between service quality and consumer purchase intention is moderated by 

consumer social media use at online marketplace. 

3.4 Proposed Model 

The presented hypotheses suggest that the quality dimensions of online marketplaces, such as 

seller selection quality, website quality, and service quality, are positively linked to consumer 

trust, electronic word-of-mouth, and purchase intention. Moreover, trust and electronic word-

of-mouth at online marketplaces are also positively associated with purchase intention. The 

influence of website quality and service quality on consumer purchase intention is mediated by 

consumer trust and electronic word-of-mouth at online marketplaces. Additionally, social 

media usage moderates the connections between seller selection quality, website quality, 

service quality, and consumer purchase intention. The visual representation of these 

relationships is depicted in the proposed model presented in figure 3.2. 
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Figure 3.2: Proposed Research Model 

3.5 Simple Mediation 

This study seeks to examine how trust belief and e-word of mouth mediate the connection 

between various dimensions of online marketplace quality and purchase intention. The research 

employs the mediated regression analysis technique introduced by Baron and Kenny (1986) to 

investigate this association. The study follows four steps in this process: 

1. The first step is to establish a significant relationship between the independent variable 

(online marketplace quality perceptions) and the dependent variable (purchase 

intention) without considering the mediating variables. 

2. The second step is to establish a significant relationship between the independent 

variable (online marketplace quality perceptions) and the mediating variable (trust 

belief and e-WOM). 
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3. The third step is to establish a significant relationship between the mediating variable 

(trust belief and e-WOM) and the dependent variable (purchase intention). 

When all three paths are deemed significant, it indicates that the proposed model has met 

the three necessary criteria, and the mediating variables (trust belief and e-word of mouth) 

are influential in the connection between the perception of online marketplace quality and 

purchase intention. The fourth step entails scrutinizing the direct effect of the independent 

variable on the dependent variable in the mediation model. If this effect is deemed less 

significant than the constrained model's direct relationship, it further supports the mediation 

model's validity, it indicates that mediating variable plays a partial mediating role, if not 

so, it's full mediation. 

1. Direct Path 

Regression equation for a direct relationship is y = α+ cx + €, where y is the dependent 

variable, x is the independent variable. 

2. Simple Mediation equation is following 

The first equation represents the relationship between the independent variable (X) and 

the mediator variable (M). It can be represented as: 

M= α + cX+ ɛ 

The second equation represents the relationship between the mediator variable (M) and 

the outcome variable (Y). It can be represented as: 

Y= α + c’X+ bM+ ɛ 
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Figure 3.3: Mediation  

Where in the equation analysis steps is as follows: 

Step I: Simple regression equation with X variable predicts Y variable to test the c 

Step II: Simple regression equation with X variable predicts M variable to test the a 

Step III: Simple regression equation with M variable predicts Y variable to test the b 

Step IV: Multiple regression equation with X and M predict Y variable to test the c’ 

If the value of c’ significant indicate the partial mediation and value of c’ insignificant indicate 

the full mediation. 

3.6 Moderation Analysis 

This study aims to investigate the role of social media use in moderating the relationship 

between online marketplace quality dimensions and purchase intention. Social media use may 

moderate the relationship between these two variables by influencing how consumers perceive 

and evaluate the quality of online marketplaces as hypotheses (H18, H19 H20). Moderating 
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regression is utilized to analyze the influence of a variable on the relationship between an 

independent variable and a dependent variable. The moderating effect is indicated by an 

interaction term between the independent variable and the moderating variable within a 

multiple regression model. A moderating variable is a factor that can alter the strength or 

direction of the relationship between an independent variable and a dependent variable. To 

investigate the moderating role the interaction between the independent variable and the 

moderating variable is tested within a regression model. The interaction term signifies the 

deviation from the predicted value of the dependent variable when the independent variable 

and the moderating variable are both at their mean values. The moderating variable can be 

either categorical or continuous, and in this study social media use is continuous variable. This 

study followed two steps to check the moderating effect. 

1. Establish a significant relationship between the independent variable and the dependent 

variable: This step is necessary for there to be any moderation at all. It is usually done 

by running a simple regression analysis between the independent variable and the 

dependent variable. 

2. Include the moderating variable in the regression model and test for an interaction 

effect: This is done by adding an interaction term between the independent variable and 

the moderating variable in the regression model. The statistical significance of the 

interaction term indicates whether the moderating variable has an effect on the 

relationship between the independent and dependent variables. 

If the interaction term is statistically significant, this implies that the relationship between the 

independent variable and the dependent variable is contingent upon the level of the moderating 

variable. To interpret the nature of this effect, it is common to plot the simple slopes of the 

independent variable at different values of the moderating variable, or to estimate the 
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regression equation at different values of the moderating variable. The equation for a 

moderating regression can be represented as: 

Y = a + b1X + b2M + b3X*M + e (1) 

Where: Y is the dependent variable (Purchase intentions). X is the independent variable (Online 

marketplace quality dimensions).M is the moderating variable (Social media use). b1, b2, b3 

are the coefficients of the equation. “e” is the error term.b1 represents the main effect of the 

independent variable (X) on the dependent variable (Y).b2 represents the main effect of the 

moderating variable (M) on the dependent variable (Y). b3 represents the interaction effect 

between the independent variable (X) and the moderating variable (M) on the dependent 

variable (Y) 

If the interaction term (b3) is statistically significant, it indicates that the effect of the 

independent variable on the dependent variable is different depending on the level of the 

moderating variable. In other words, the relationship between the independent variable and the 

dependent variable is moderated by the moderating variable. It’s important to note that the 

moderating effect can be positive or negative, it has the ability to augment or diminish the 

degree of association between the independent and dependent variables, and it can also alter 

the direction of this relationship. In this study moderated regression analysis procedure is 

applied to check the significance of moderating hypothesis H18, H19 H20. 

 

 

 

 

 



80 
 

Chapter-4 

Methodology 

Overview 

This dissertation delineates the research methodology employed in the study. The first four 

sections of this chapter discuss the research methodology employed, the research processes 

designed to accomplish the main objective, and the method used to gather data. In the following 

two sections, the data analysis approach, which includes techniques like structural equation 

modeling (SEM) and partial least squares (PLS), and the statistical analyses used to evaluate 

the reliability and validity of the research model, are discussed. Additionally, this chapter 

expounds upon the steps taken to develop the research instrument, such as pre-testing through 

a pilot study, as well as the refinement of the questionnaire to render it appropriate for the main 

study. Overall, the methodology section presents a comprehensive and detailed overview of 

the research methods utilized to conduct this dissertation and how they were implemented in 

the research. 

4.1 Research Methodology 

In this dissertation, “a thorough examination of data collection, data analysis, and the testing 

of key relationships between important constructs is carried out. Within the realm of 

quantitative research, survey research and experimental research are two common 

methodologies used by researchers” (Creswell, 2009). “The survey research methodology was 

chosen for this dissertation as it provides a standardized way to gather information about 

variables and examine the relationships between them” (Malhotra & Grover, 1998). This 

approach allows for a broad understanding of the subject matter and allows for the collection 

of a large amount of data in a relatively short time. By conducting a survey, the researcher can 

gather data from a large sample of participants, which increases the generalizability of the 
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findings. Additionally, survey research allows for the examination of a wide range of variables 

and the testing of multiple hypotheses in a single study. 

Survey research is a valuable method for gathering information about a target population 

because it is quick, inexpensive, efficient, and accurate. According to Zikmund et al., (2003), 

“survey research is particularly useful when a study requires a quantitative method of inquiry 

with standardized information about a subject, such as individuals, groups, organizations, or 

communities”. Pinsonneault and Kraemer (1993) further outlined objectives for conducting 

survey: gathering data through a pre-defined structured instrument, testing hypotheses and 

relationships between variables, and being able to generalize information about a population's 

attitudes, behaviors, or characteristics through a small sample. 

4.2 Research Process 

The problem statement for this dissertation was formulated after an extensive review of 

literature concerning online marketplaces' quality and the variables that impact purchase 

intention. The literature review disclosed a requirement for a more profound comprehension of 

the determinants of purchase intention in the online marketplace context. In light of this, the 

primary aim of this dissertation is to explore the factors that influence purchase intention in 

online marketplaces and to attain a comprehensive understanding of how these factors interplay 

and affect consumer behavior in this domain. 

In this dissertation, the research instrument used to collect data was developed by identifying 

measurement scales used in this research were identified from previous studies and adapted to 

suit the context of the current study. This process ensures that the items in the instrument are 

relevant and appropriate for measuring the constructs of interest. The validity and reliability of 

the research instrument were assessed using a multi-faceted approach. The validity and 

reliability of the research instrument were assessed using data collected from online surveys, 
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pre-testing, and a pilot study. The pilot study was conducted to ensure that the survey questions 

were understood by the participants and that the data collected was accurate. The pre-testing 

and pilot study helped in identifying any ambiguities or errors in the survey questions and 

making necessary adjustments. This multi-faceted approach ensured that the research 

instrument used in the study was robust and reliable, providing accurate and valid data for 

analysis and conclusions. 

In this dissertation, data was collected using Google Survey, an online survey platform. The 

sample for the study was chosen using well-established sampling techniques to ensure that the 

sample represents the population of interest. The data collected was analyzed using Partial 

Least Square (PLS), a technique of Structural Equation Modelling (SEM). PLS is a statistical 

method that can be used to analyze and evaluate the relationships between multiple variables, 

which is suitable for this research. After analyzing the data, the results were interpreted, and 

the findings were documented in a clear and concise manner. The results were presented in 

tables and figures, along with a narrative interpretation, to allow for an easy understanding of 

the findings and conclusions. Figure 4.1 illustrate the research process. 
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Figure 4.1: Research Process 

4.3 Research Process finalise 

In the preceding chapters and earlier in this chapter, the primary goals of the research process 

have been achieved, namely exploring the quality dimensions of online marketplaces, 

identifying predictors of purchase intention, and developing a conceptual model with a set of 

hypotheses. These goals guided the selection of a positivist philosophy and a quantitative 

survey method for data collection. The third step in the research process involves finalizing the 

process and stages for achieving the overall purpose of the study. To accomplish this, six steps 

or guidelines are taken into account to determine the purpose of the study, location or setting 

of the study, the type of study, researcher involvement in the study, the time horizon, and unit 

of analysis of the study, as outlined by Sekaran & Bougie (2016). 

The underlying reasoning behind each decision is explicated below, and a synopsis of these 

choices is presented in Table 4.1. The study aims to scrutinize the quality dimensions of online 
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marketplaces, the determinants of purchase intention, and establish a conceptual model with a 

predetermined set of hypotheses. The research will be conducted in the online marketplace 

setting. A positivist philosophy with a quantitative survey method is the preferred approach for 

this study. The researcher will conduct the study independently. A cross-sectional time horizon 

will be employed, and the unit of analysis will be individuals. 

Table 4.1: Research Process  

Research process steps suggested by Sekaran 

(2000) 

Research process selected for this 

research: 

Purpose of the study Hypothesis testing  

Type of investigation: Causal, Correlational Correlational 

Select the type of study Non-contrived  

Decide the researcher's extent within the study Minimal interference of researcher  

Determine the time horizon The time horizon is cross-sectional 

Identify the unit of analysis The unit of analysis is individuals. 

 

4.4 Population and Sampling 

The following steps in research design are crucial for a successful outcome. After determining 

the most suitable research process, the subsequent step involves designing a targeted sample. 

Sampling involves selecting a representative portion of the population to study with the 

objective of drawing generalizable conclusions about the larger population (Schindler & 

Cooper, 2003; Bryman & Bell, 2022). In this study, the sample design will be developed based 

on the critical factors specified by Fowler (2013). The sample selection process should be 

planned carefully to ensure that it accurately represents the population and meets the research 

objectives. There are following steps taken for sample designing 

1. In research design, the selection of an appropriate sample is a crucial aspect. Sampling 

methods can be broadly classified into two types: probability and non-probability 
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sampling. Probability sampling entails randomly selecting a sample from the 

population, ensuring that every member of the population has an equal chance of being 

chosen. Non-probability sampling, on the other hand, does not use random selection 

and includes methods like convenience, purposive, and quota sampling. 

2. A sample frame is a list of the specific units of the population that are required to be 

included in the sample.  

3. The size of the sample refers to the number of subjects that need to be included in the 

study. This will depend on the research question and the goals of the study. 

4. The response rate is the ratio, expressed as a percentage, of the number of subjects who 

were sampled and actually participated in the study. A high response rate is desirable, 

as it increases the representativeness and validity of the findings. 

4.4.1 Choice of Sample  

Before commencing data collection, it is essential to recognize the importance of participants 

and their information in obtaining all relevant data for the specified objective. Sampling is a 

crucial aspect of research design, and there are two primary sampling methods: probability and 

non-probability sampling. Probability sampling involves selecting a sample using a random 

selection method, ensuring that each member of the population has an equal and known 

likelihood of being selected. On the other hand, non-probability sampling does not use random 

selection and includes methods such as convenience, purposive, and quota sampling. 

The study uses a Purposive sampling method, which is a non-probability sampling technique. 

In non-probability sampling, the samples are selected based on the judgment, rather than being 

selected randomly. This study chose to use a Purposive method because it is considered to be 

the most appropriate for their research goals. The targeted population in this study are 

individuals who have shopping experience in online marketplaces and are categorised based 

on demographic factors age, gender, educational level, and experience with online shopping 
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and social media usage. The purpose of this categorization is to ensure that the sample selected 

for the study represents the population of interest, i.e., those who have shopped online and have 

demographic characteristics relevant to the research question. 

“This method is deemed as appropriate in the present study because the purpose of the study is 

not to provide point and interval estimates of the variables, but to explore the relationships 

among the variables” (Espinoza, 1999). The use of purposive sampling in this study is justified 

because the aim of the research is not to estimate the population parameters, but to gain a deeper 

understanding of the relationships between variables. This type of sampling allows the 

researcher to select participants who are most relevant to the research question, and provides a 

more in-depth understanding of the relationships between the variables. Also, the challenge of 

studying consumers of online marketplaces is due to the continuously growing population size 

and the lack of a clear definition of the population. Utilizing purposive sampling enabled the 

researchers to surmount this obstacle and procure data from a sample that accurately reflected 

the population of interest. 

4.4.2 Target Population  

The online shopping industry in India is experiencing significant growth; this growth is 

expected to continue, with projections indicating that the number of online shoppers in India 

will reach 220 million by 2025. Additionally, the annual e-commerce revenue rate in India is 

projected to increase by 51%, which is the highest growth rate in the world, according to a 

report by the India Brand Equity Foundation (IBEF) in May 2019. By surveying online 

marketplace consumers in India, the study aims to gain a better understanding of the factors 

that are driving this growth, and what is contributing to the high purchase intention among 

consumers in this region. 
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The main study target population for the research is individuals who have experience with 

online shopping through online marketplaces and who fall within the age range of 16 to 39. 

This target population was selected based on findings from previous research conducted by 

McKnight et al. (2002), who suggested that individuals with prior experience in online 

shopping are an ideal group to study when investigating online purchase intention. 

Additionally, data from the Statista Global Consumer Survey (2021) shows that 84% of 

consumers in India belong to the age group of 16-39, further justifying the choice of this 

demographic as the target population. By focusing on individuals with online shopping 

experience and within the age range of 16-39, the research aims to gain a deeper understanding 

of the factors that influence online purchase intention within this particular demographic. 

4.4.3 Sample Size 

The task of determining a suitable sample size can be quite challenging and requires thoughtful 

consideration of multiple factors. The sample size must be large enough to provide reliable 

results, but not so large as to waste resources and time. If the sample size is too small, it may 

result in a higher risk of failure convergence, incorrect solutions, and low accuracy in parameter 

estimation (Hair et al., 2011; Comrey & Lee, 2013). On the other hand, a larger sample size 

than necessary will lead to unnecessary expenses and time-consuming processes for collecting 

data (Bell & Bryman, 2007). In order to establish the sample size for the current study, the 

guidelines most commonly referenced for determining sample size in multivariate analysis 

were taken into account. Additionally, the requirements of the data analysis techniques used in 

the study, such as structured equation modeling (SEM) and variance-based techniques like 

partial least squares (PLS), were also taken into account. This approach was chosen to ensure 

that the sample size selected was adequate for generalizing results to the entire target 

population and to obtain trustworthy results. 
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Past researchers have proposed different sample sizes for conducting factor analysis. 

According to Gorsuch (1988), a sample size of at least 100 respondents is recommended. Kline 

(2004) agrees with this recommendation later Kline (2011) recommends a sample size of not 

less than 200 for SEM. Barclay et al. (1995) proposed the 10-times rule in PLS-SEM literature 

while Hair et al., (2009) suggested that, in order to conduct Structural Equation Modeling 

(SEM) with numerous constructs, some having lower commonalities, and less than three 

measured items, a sample size of 500 is suggested. Meanwhile, the current study adheres to the 

guidelines of Roscoe (1975), which stipulate that the sample size should be greater than 30 and 

preferably close to 500.Therefore, the present study determines the sample size to be 549. And 

the present study uses 11 constructs and 43 items, and the sample size of 549 is deemed 

adequate to represent the population of interest. 

4.5 Measurements 

Once the sample has been designed and the sample size selected, the subsequent task is to 

devise the instrument for gathering the data. This step is crucial as the quality of the research 

depends on the quality of the data collected. Therefore, choosing the right instrument to collect 

the data is of utmost importance. Utilizing survey research is a common approach to 

accomplish research goals and objectives, but the intricate process of designing and selecting 

the appropriate instrument is widely acknowledged. The instrument should be relevant to the 

research questions and provide accurate results. The following stage in the research procedure, 

depicted in figure 4.1, involves establishing the tool used to gather data. This is a critical and 

intricate aspect of survey research aimed at fulfilling the research aims and objectives. The 

instrument must be appropriate and precise to answer the research questions and assess the 

construct's validity and reliability. The instrument must be capable of assessing what needs to 

be assessed and how it should be assessed, as highlighted by (Zikmund et al., 2003; Sekaran & 

Bougie, 2016). 
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In the present research, the measurement tools have been derived from pre-existing and 

validated constructs. According to Straub (1989), it is recommended to utilize previously 

because it saves time and resources that would otherwise be spent on developing and tested 

validating new measures and validated instruments when conducting survey research. This is 

because using established measures eliminates the need for the researcher to assess their 

reliability and validity, as this has already been established through previous testing. 

Furthermore, when a construct is tested and validated with diverse samples across different 

contexts and timeframes, it can confirm its homological validity (Straub et al., 2004). As noted 

by Bell and Bryman (2007), utilizing established measures can provide the researcher with a 

sense of assurance in the reliability of the measurements. 

Prior to administering the ultimate survey, it is imperative to refine the questionnaires to ensure 

that they include the appropriate questions. The questionnaires should undergo thorough 

examination in terms of their readability, practicality, coherence, format, writing style, and the 

clarity of the language used (Trochim & Donnelly, 2006). Once the data has been collected, 

the research should proceed to perform appropriate analysis using appropriate selection 

methods. The survey instrument has been expertly crafted utilizing established scales derived 

from previous relevant studies. These scales have proven their efficacy and are widely used in 

the field. 

This dissertation evaluates 11 distinct constructs through the use of multiple items. To match 

the context of the online marketplace, the wording of each question was altered. The quality of 

the overall website is determined by three dimensions and nine sub-dimensions, with 29 items 

obtained from various sources listed in Table 4.2. The concepts of electronic word of mouth 

and trust are evaluated using five items each, sourced from Jalilvand and Samiei (2012) and 

Jarvenpaa and Tractinsky (1999). The intention to make an online purchase was measured 

using three questions from Ponte et al. (2015). 
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Table 4.2: Survey Instrument Details 

Construct Scale Adopted From No of Item 

Perceive Price Gupta and Kim, (2007) 3 

Perceive Quality Kim et al., (2012) 3 

Delivery Service Ahn et al., (2004) 4 

Website Design Kim and Lee, (2002) 4 

Informativeness Srinivasan, (1985) 3 

Security & Privacy Park and Kim, (2003) 3 

Responsiveness Parasuraman et al., (1988) 5 

Reputation Kim et al., (2008) 4 

Trust Jarvenpaa and Tractinsky, (1999) 5 

E-Word of Mouth Jalilvand and Samiei, (2012) 5 

Purchase Intention Ponte et al., (2015) 3 

 

4.5.1 Pre-test 

A five-point Likert scale is utilized to assess all items, with responses spanning from "strongly 

disagree" (1) to "strongly agree" (5). While the measurement scales employed in the study were 

obtained from prior research, it is crucial to establish their reliability and validity. Validating 

the measurement scale relies on the evidence gathered from data, which helps to corroborate 

the structural model and its constituents. The first stage of this process is conducted via a pre-

test. 

“To evaluate the suitability of the instrument, a pre-test was carried out. Participants were asked 

to complete the instrument and provide feedback on its initial design, including format, content, 

understandability, terminology, and ease and speed of completion” (Lewis et al., 2005). 

Feedback on measuring online marketplace quality and the questionnaire design was obtained 

from several experts. The pre-test survey was administered to 15 post-graduated and doctorate 

students who have shopping experience to assess its understandability and speed of completion. 
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4.6 Data collection procedure 

The survey used in this study is divided into four main sections. The research's purpose is 

introduced in the first section, which also includes a guarantee of confidentiality and 

anonymity. There is a filtering question in the second section that is used to determine whether 

the applicant has experience shopping at online marketplaces. Only consumers who use online 

marketplaces for their online shopping were allowed to participate in the survey because the 

study's main goal is to understand how quality influences consumer behavior. Respondents 

who selected "No" to the filtering question "Do you make purchases at online marketplaces?" 

were then directed to the survey's end (with a message describing why the survey ended for 

them). The third question of the survey was directed to respondents who replied "Yes.". 

In the third section, participants respond to 42 questions about the quality of the online market 

and how it affects consumer behavior and trust. Respondents were made to complete the entire 

survey by using the control function. Provided personal demographic data for statistical 

purposes in the previous section. The fourth section of the survey was a series of open-ended 

questions that allowed participants to provide additional feedback and comments about their 

experience with online marketplaces. 

4.7 Data Analysis Approach: SEM 

“Structural Equation Modeling (SEM) is a powerful statistical technique that allows 

researchers to examine the relationships between one or more independent latent variables and 

one or more dependent latent variables” (Gefen et al., 2000). “SEM combines multiple 

multivariate statistical techniques, including regression analysis, path analysis, factor analysis, 

canonical correlation analysis, and growth curve modelling” (Urbach and Ahlemann, 2010). 

SEM, in comparison to other statistical techniques, offers several notable advantages. Firstly, 

it has the capacity to evaluate the overall fitness of a model and test the structural model in its 
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entirety, as indicated by research studies (Chin, 1998b; Gefen et al., 2000). Secondly, SEM 

allows for the appraisal of connections between a construct and its corresponding measures 

while offering researchers the flexibility to examine the interplay between theory and data 

(Chin, 1998a). 

Furthermore, SEM permits researchers to construct unobservable latent variables, model 

associations between multiple predictor and criterion variables, incorporate measurement 

errors for observed variables, and statistically evaluate a priori theoretical and measurement 

assumptions against empirical data (Chin, 1998a). Additionally, the use of the Partial Least 

Squares (PLS) approach within SEM avoids many of the constraints underlying Maximum 

Likelihood (ML) techniques, safeguarding against inappropriate solutions and factor 

indeterminacy (Fornell and Bookstein, 1982). 

4.7.1 Why Partial Least Square (PLS) 

As a researcher, it is crucial to comprehend the assumptions that underlie the statistical 

techniques utilized in order to make well-informed decisions about which methods to employ. 

The decision to use either Confirmatory-Based Structural Equation Modeling (CB-SEM) or 

Partial Least Squares Structural Equation Modeling (PLS-SEM) may depend on several 

factors, including the research goals, the types of measurement model specifications, the 

modeling of the structural model, data characteristics, and model evaluation (Hair et al., 2011). 

According to Hair et al. (2011), various guidelines or "rules of thumb" can assist in selecting 

between PLS-SEM and CB-SEM. Based on the research objectives, measurement model 

specifications, structural model, data characteristics, and model evaluation of this study, PLS-

SEM was deemed to be appropriate. 
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4.7.1.1 Partial Least Square (PLS) 

Partial Least Square (PLS) is a multivariate statistical method that was developed by Herman 

Wold in the 1970s. It is an extension of principal component analysis and canonical correlation 

analysis and is used for exploring relationships between sets of variables. The PLS method 

comprises of two primary models, namely the measurement model and the structural model. 

The measurement model, also known as the outer model, explains the connection between the 

latent variables and the manifest variables (items). On the other hand, the structural model, 

referred to as the inner model, establishes the relationships between the latent variables and 

their corresponding manifest variables (Henseler et al., 2009). 

The PLS algorithm involves a sequence of regressions conducted using weight vectors. The 

basic algorithm involves several stages that are crucial to the PLS process. Firstly, it starts with 

weight estimation, where the weight vectors are calculated based on the covariance between 

the latent and manifest variables. In the second stage, scores are calculated by using the 

estimated weight vectors. The scores represent the contribution of each latent variable to the 

manifest variables. In the third stage, the structural model is estimated based on the scores and 

weight vectors. The structural model is a regression model that predicts the relationships 

between latent and manifest variables. Finally, the model is validated using various statistical 

techniques such as cross-validation and bootstrapping. 

4.8 Data Analysis Process 

This study's research design incorporates two distinct stages for data analysis and findings: 

preliminary data analysis and evaluation of the structural model. The initial stage, which is the 

preliminary data analysis, involves the presentation of descriptive statistics to provide an 

overall summary of the participants' data and their responses to the survey instrument. It also 

involves the initial examination of the collected data to get a general idea of the information 
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contained in the data and to check for any outliers or anomalies. The purpose is to gain a 

preliminary understanding of the data and to identify any potential issues that need to be 

addressed before moving on to more advanced statistical analysis. To perform these tasks, 

various tests have been conducted, which are briefly outlined in Chapter 5.1 with a detailed 

description of each task. 

The second phase of the analysis involves evaluating the structural model, which explores the 

connections between several independent and dependent variables associated with the quality 

of online marketplaces and consumer behavior. This evaluation will utilize a hierarchical two-

step approach. Firstly, the measurement model will be scrutinized by conducting psychometric 

tests for each construct utilized in the study, in order to assess reliability and validity. Secondly, 

multiple regression techniques will be utilized to evaluate the structural paths or hypothetical 

relationships, taking into account the sign, magnitude, and significance levels. To derive the t-

value for the significance of the hypothetical relationships, the study employed the bootstrap 

method. 

4.9 Pilot Study 

The conduction of pilot studies is a vital phase in the research process, as it provides an 

opportunity for researchers to examine and improve their methods and procedures before 

executing the primary study. This preliminary test serves several important purposes, including 

establishing feasibility, evaluating the measures being used, and refining the study designs 

(Veal, 2005). The pilot study provides an opportunity to detect and address any potential issues 

with the study before it is carried out on a larger scale. For example, they can assess the validity 

and reliability of the measures being used, and make necessary adjustments (Peter, 1979). 

Additionally, the results of the pilot study can be used to estimate the sample size needed for 
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the main study. By conducting a pilot study, researchers can ensure the quality and validity of 

the results, and avoid any problems that may arise during the main study.  

In March 2020, an additional evaluation and refinement of the instrument were carried out 

through a pilot study, which served as a dress rehearsal with a comparable sample (Lewis et 

al., 2005). The objective of the study was to recognize any problems with the measures and 

survey design concerning the similar target sample. The pilot study followed the same 

procedures as the actual study and involved participants with prior experience shopping online 

at an online marketplace. 

The study collected a sample of 141 Master's and Doctoral students from various departments 

at the University of Hyderabad. The data was collected using a Google Survey questionnaire 

that was administered to the students. The responses were analyzed using a Measurement 

Model to determine whether the measurement items were all related to a single factor. The 

purpose of the pilot study was to gather preliminary data and assess the feasibility of conducting 

a full-scale study on the usage of online marketplaces by students. The selection of a student 

sample was based on the convenience of collecting data and the assumption that students would 

be well-versed in the use of online marketplaces. 

4.9.1 Improvement and Accuracy of Measurement Scales 

The improvement and accuracy of measurement scales is a crucial aspect of research and data 

collection. The use of reliable and valid measurement scales is essential for making accurate 

inferences about the phenomena being studied. According to Dimitrov (2014), several factors 

contribute to the accuracy of measurement scales, including reliability, validity, precision, bias, 

and range. Reliability refers to the consistency of results obtained by the same measure, at 

different times or by different observers. Validity refers to the extent to which a measure 

accurately reflects the concept it is intended to measure (Babbie, 2004). Precision refers to the 
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degree of detail or resolution with which the measure captures information. Bias refers to the 

systematic error that affects a measure in a particular direction. Range refers to the extent of 

the scale's coverage of the concept it is measuring. 

The data collected in the study underwent analysis using IBM SPSS Version 22. To assess the 

effectiveness of the research data variables, two tests were utilized: Bartlett's test of sphericity 

and the Kaiser-Meyer-Olkin (KMO) Test of sampling adequacy. Bartlett's test compares the 

observed correlation matrix with the identity matrix, and verifies the redundancy among 

variables which can be summarized into fewer factors. The KMO index, on the other hand, 

compares the correlations and partial correlations between variables. 

The overall results of the pilot study are presented in Table 4.3. Bartlett's test of sphericity 

showed a significant result with a p-value of less than 0.001 and degree of freedom of 861. The 

Kaiser-Meyer-Olkin (KMO) Test result was 0.7, which is higher than the commonly used 

threshold value of 0.5 (Kline, 2014), indicating that the correlations between the underlying 

constructs were significant and sufficient. Principle component analysis (PCA) was conducted 

on the pilot study data to know the bias and measurement model in Smartpls to access the item 

and construct reliability. 

Table 4.3: Pilot data KMO and Bartlett's Test 

KMO and Bartlett's Test 

Kaiser-Meyer-Olkin Measure of Sampling 

Adequacy. 
0.869 

Bartlett's Test of 

Sphericity 

Approx. Chi-Square 
3746.691 

Df 
861 

Sig. 
0.000 
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Principal component analysis revealed that all eleven variables were unidimensional, with an 

Eigenvalue of 1 each. The cumulative variance explained by the total of eleven factors was 

73.12% shown in table 4.4 total variance explained by single factor is 33.37%, which is less 

than 50% indicated that data is free from bias. 

After content validity, the next stage in the purification process of the instrument is to assess 

its reliability. This ensures that the measures are error-free and produce consistent results 

(Peter, 1979). The overall reliability of the items in the pilot study was above 0.5, which is 

higher than the recommended threshold of 0.5 (Fornell and Cha, 1994). The overall reliability 

of the construct ranged from 0.645 to 0.898, which is also above the recommended threshold 

of 0.6 (Hair et al., 2006). And the construct reliability of the whole construct ranges from 0.775 

to 0.931, above than threshold value 0.7 (Nunnally and Bernstein, 1994). This suggests that the 

instrument is reliable and produces consistent results. 

Table 4.4: Pilot Study Construct Reliability 

Construct Cronbach's alpha CR 

Purchase Intention 0.889 0.931 

Trust 0.893 0.921 

E-Word of Mouth 0.803 0.931 

Perceive Price 0.837 0.902 

Perceive Quality 0.645 0.775 

Service Delivery 0.733 0.832 

Reputation 0.813 0.878 

Responsiveness 0.845 0.89 

Informativeness 0.773 0.834 

Website Design 0.733 0.869 

Security & Privacy 0.707 0.837 
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Table 4.5: Pilot Study- Harman's Single Factor 

Total Variance Explained 

Component 

Initial Eigenvalues Rotation Sums of Squared Loadings 

Total 
% of 

Variance 
Cumulative % Total % of Variance Cumulative % 

1 14.489 35.339 35.339 11.166 27.235 27.235 

2 2.645 6.452 41.791 3.510 8.561 35.795 

3 2.125 5.182 46.974 2.311 5.637 41.432 

4 1.997 4.871 51.845 2.155 5.256 46.688 

5 1.528 3.727 55.572 1.846 4.503 51.191 

6 1.416 3.452 59.024 1.721 4.198 55.389 

7 1.316 3.210 62.234 1.674 4.082 59.471 

8 1.288 3.143 65.377 1.598 3.898 63.369 

9 1.203 2.934 68.310 1.548 3.774 67.143 

10 1.025 2.501 70.811 1.504 3.668 70.811 

11 1.012 2.318 73.127 1.304 2.316 73.127 

12 0.867 2.115 75.192    

13 0.779 1.901 77.093    

14 0.739 1.803 78.896    

15 0.689 1.680 80.576    

16 0.650 1.586 82.162    

17 0.582 1.420 83.582    

18 0.539 1.314 84.896    

19 0.528 1.287 86.183    

20 0.498 1.213 87.396    

21 0.476 1.160 88.557    

22 0.452 1.102 89.659    

23 0.401 0.977 90.636    

24 0.376 0.918 91.554    

25 0.338 0.824 92.378    

26 0.316 0.771 93.149    

27 0.306 0.746 93.895    

28 0.294 0.717 94.612    

29 0.253 0.616 95.228    

30 0.239 0.583 95.811    

31 0.222 0.542 96.353    

32 0.211 0.515 96.868    

33 0.205 0.499 97.368    

34 0.182 0.444 97.811    

35 0.169 0.413 98.225    

36 0.152 0.371 98.596    

37 0.137 0.335 98.931    

38 0.130 0.317 99.248    

39 0.121 0.295 99.543    

40 0.111 0.270 99.813    

41 0.077 0.187 99.913    

42 0.074 0.177 100.000       
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4.10 Final Survey 

The survey procedure comprises several stages, such as data preparation, response coding, 

database entry, data filtering, and identification of any missing responses. Online surveys 

facilitate automatic database storage of the gathered data. However, it is still necessary to 

review the responses to ensure they are complete and valid. In the given scenario, out of 564 

responses, 15 were found to be either incomplete or invalid, and it is important to identify the 

reasons for this. These types of responses can negatively impact the accuracy and reliability of 

the survey results and should be identified and removed from the data before analysis. The two 

reasons for invalid or incomplete responses as stated in the question are: 

a) The respondent provided identical responses for all questions, such as answering "5" for all 

questions. 

b) The respondent discontinued the questionnaire before finishing it. 

Upon scrutinizing and refining the survey responses, the 549 valid instances were imported 

into SPSS version 22.0 software for examination. Descriptive statistical summaries were 

produced to furnish fundamental details about the variables within the dataset. Additionally, 

exploratory analyses were conducted on each variable to detect any deficient or erroneous data. 

Additionally, normality tests, checks for response bias, and common method bias were 

conducted to ensure the validity and reliability of the results. And for partial least squares 

structural equation modeling (PLS-SEM) analysis, Smart PLS 4.0 was used as the software 

application. To use Smart PLS, the survey data converted as CSV file format for the application 

to process. This step is necessary for the analysis of the measurement and structural models in 

PLS-SEM. 
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Chaper-5 

Data Analysis and Results 

Overview 

The next section, after the research methodology, is data analysis. Data analysis for this study 

has been primarily divided into three stages: Pre-test analysis, reflective model evaluation and 

structural model evaluation of the proposed model. 

The first stage starts with the pre-test analysis related to preliminary data analysis which 

included to identify trends, patterns, and relationships that may be useful for further analysis. 

This has been done using statistical techniques such as descriptive statistics, graphs, and 

visualizations. Exploring the data and detecting possible issues or biases that may impact the 

validity of the findings is a crucial undertaking in the data analysis process. The result helps to 

understand the respondent’s information, sample adequacy, multicollinearity and areas for 

further investigation and can inform the development of research hypotheses or the selection 

of appropriate statistical techniques for more in-depth analysis. This step plays a significant 

role in guaranteeing that the results are both precise and relevant. Second stage of analysis 

related to the survey instrument and construct evaluation. Instrument evaluation refers to the 

process of assessing the validity, reliability, and feasibility of a research instrument, such as a 

survey or test and construct evaluation, on the other hand, refers to the process of assessing the 

validity and reliability of a theoretical construct. This process involves examining the evidence 

for the existence and meaningfulness of the construct, as well as its relationship to other 

concepts and variables. The results present the instrument reliability and validity for lower and 

higher order construct. It also confirms the item relation under the construct as exploratory 

factor analysis for all lower and higher order construct. The third stage of analysis is structural 

model evaluation related to examination of relationship between exogenous and endogenous 

variable based on multiple regression. Itis an important step in the process of developing and 
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refining statistical models, as it helps to ensure that the models are reliable and accurate, and 

that they can be used effectively to make predictions and inform decision-making. The result 

indicates the demographic impact and structural paths with direction, effect size and 

significance level. For these three stages of analysis, table 5.1 represent list of tests with 

description and needs.  

Table 5.1: Data Analysis Tool 

Test Purpose Software Reference 
Threshold 

Value 

The KMO 

It represents the degree to which each variable 

in a set is predicted without error by the other 

variables 

SPSS Kaiser, 1974 >0.6 

Bartlett test 
It tests for the presence of correlations among 

variables 
SPSS Bartlett, 1954 <0.3 

Harman's single 

factor test 

To ensure that survey data is free from 

multicollinearity 
SPSS 

Podsakoff et al. 

2003 
<0.5 

Variance Inflation 

Factor 

To address the common method bias in survey 

data  
SmartPls Kock (2015) <3.3 

Demographic 
To Examine the respondents background 

information  
Excel NA NA 

Descriptive Statistics 
To determine the data normality though 

skewness and kurtosis  
Excel NA NA 

ANOVA 
To determine the difference in mean within 

the demographical group 
SPSS NA NA 

Regression Analysis 
To know the mean difference within the 

product category 
Stata NA NA 

Reflective Model 
It examines the indicator and construct 

reliability, validity and discriminant validity. 
SmartPls 

Refer: table 

5.14 

Refer: 

table 5.14 

Structural Model 
It used to represent the relationships between 

different economic variables 
SmartPls 

Refer: table 

5.23 

Refer: 

table 5.23 

Mediation Analysis 
It examines indirect effects of one variable on 

another through a mediating variable 
SmartPls NA NA 

Moderation Analysis 
It used to examine the interaction between two 

variables in a regression model 
SmartPls NA NA 
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5.1. Pre-test Analysis 

Pre-test analysis in this study refers to the process of analysing data collected before a research 

study or experiment has been conducted. This analysis is typically conducted to identify any 

patterns or trends in the data that may be relevant to the research question or hypotheses being 

tested. 

The primary objective of conducting a pre-test analysis in this study is to establish a 

fundamental comprehension of the data that will be utilized and to pinpoint any possible 

concerns or predispositions that could impact the findings of the investigation. This analysis is 

often conducted as part of the research planning process, and can help to refine research 

question, hypotheses, or study design in order to better address the research problem. 

Pre-test analysis has been conducted using a variety of statistical techniques, such as 

descriptive statistics, inferential statistics, or more advanced techniques such as multivariate 

analysis. The specific techniques used are depend on the nature of the data and the research 

question being addressed. Overall, pre-test analysis is an important step in the research process, 

as it helps researchers to understand the characteristics of their data or sample and to identify 

any potential issues that may impact the validity of their results. 

5.1.1. Kaiser-Meyer-Olkin (KMO) Test 

The Kaiser-Meyer-Olkin (KMO) Test is employed as a statistical gauge to assess the 

appropriateness of a dataset for factor analysis. Its purpose is to gauge the extent to which a 

group of shared factors can account for the variance among the variables. In order to carry out 

the KMO Test, the correlation matrix of the variables is first computed, and then each variable's 

variance proportion is compared to the overall matrix variance. A KMO value that exceeds 0.6 

is deemed satisfactory for factor analysis, whereas a value that is below 0.5 is regarded as 
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inadequate. Table 5.2 indicated that the KMO values are 0.940, greater than the suggested 0.6, 

establishing that data is acceptable for factor analysis. 

5.1.2. Bartlett Test 

The Bartlett Test is a statistical procedure utilized to establish if the correlation matrix of a 

variable set deviates significantly from an identity matrix. In factor analysis, the Bartlett Test 

is used to determine the suitability of the data for factor analysis, as it assesses whether the 

correlations between the variables are strong enough to warrant further analysis. To conduct 

the Bartlett Test, the researcher calculates the determinant of the correlation matrix, which is a 

measure of the strength of the correlations between the variables. A determinant value that 

differs significantly from zero indicates robust correlations between the variables, thereby 

indicating the suitability of factor analysis. In the event that the determinant is not markedly 

distinct from zero, it implies that the associations between the variables are feeble and factor 

analysis may not be a suitable. Table 5.2 shows that determinant is significant at p value less 

tha 0.05, indicates correlations between the variables are strong and that factor analysis is 

appropriate. 

The Bartlett Test is frequently employed alongside other assessments, including the Kaiser-

Meyer-Olkin Measure of Sampling Adequacy, to evaluate the appropriateness of data for factor 

analysis. It is worth highlighting that the Bartlett Test does not appraise the quantity or 

configuration of factors within the data, but rather the general appropriateness of the data for 

factor analysis. 

Table 5.2: The KMO and Bartlett test 

KMO and Bartlett's Test 

Kaiser-Meyer-Olkin Measure of Sampling 

Adequacy. 
0.94 

Bartlett's Test of 

Sphericity 

Approx. Chi-Square 12948.625 

Do 861 

Sig. 0.000 



104 
 

5.1.3 Common Method Bias 

Common method bias, also known as the "same source bias," refers to the potential error in 

research results that occurs when all data is collected using the same method or when the 

independent and dependent variable obtained from the same person from a self-reported 

questionnaire. This can lead to a biased sample, as the method may not be appropriate or 

effective for collecting data on all variables or subjects. 

Addressing common method bias is important because it can lead to inaccurate or misleading 

conclusions about the research topic. If common method bias is not taken into account, the 

results of the study may be biased and may not accurately reflect the true relationship between 

the variables being studied. Furthermore, failing to address common method bias can lead to a 

lack of credibility and reliability in the research, as other researchers may not be able to 

replicate the study or may question the validity of the findings. 

Therefore, it is important to address common method bias in research by using multiple 

methods to collect data, using objective measures whenever possible, and being aware of and 

controlling for personal biases during the research process. In this study, we have employed 

two statistical techniques to test common method bias. First using Harman’s single factor 

technique based on exploratory factor analysis and secondly, the variance inflation factor (VIF) 

score used to test the common method bias. 

5.1.3.1. Harman's single factor test 

In statistics, multicollinearity refers to the presence of strong correlations among predictor 

variables in a regression model. This can cause problems with interpretation of the model's 

coefficients, as well as with the stability and reliability of the model as a whole. One way to 

detect multicollinearity is through the use of Harman's single factor test. 



105 
 

The Harman's single factor test is a statistical technique that is utilized to ascertain if a 

collection of variables can be attributed to a solitary underlying factor, or if there are multiple 

factors at play. This method is frequently employed in exploratory factor analysis, which is a 

statistical approach utilized to identify and investigate the fundamental structure of a group of 

variables. To conduct the Harman's single factor test, the first step involves computing the 

factor loadings for each variable. Factor loadings are the correlations between a given variable 

and the underlying factor. These factor loadings are then squared and added up to determine 

the total variance accounted for by the single factor. This value is subsequently compared to 

the total variance of all the variables. If the variance accounted for by the single factor is equal 

to or greater than 50%, it is concluded that the variables can be attributed to a single factor. On 

the other hand, if the variance accounted for by the single factor is less than 50%, it is deemed 

that there are multiple factors at play (Podsakoff et al. 2003). As finding indicate in Table 5.3, 

the total variance accounted for by the single factor is 33.37%, which is less than 50%. This 

implies that the data is free from bias, and multiple factors are likely at play. 

5.1.3.2. Variance Inflation Factor 

The variance inflation factor (VIF) is a measure of multicollinearity in a multiple regression 

model. It is used to assess whether the independent variables are correlated with each other, 

which can affect the stability and interpretability of the model. One way to assess 

multicollinearity in data is to compute the ratio of the variance of the regression coefficient to 

the variance of the residuals or other way the correlations between the observed variables and 

the factor scores. A high VIF indicates that there is a strong relationship between two or more 

predictor variables, which can lead to unstable and unreliable results. A VIF greater than 3.3 is 

generally considered an indication of multicollinearity, and the predictor variables with high 

VIFs should be removed or combined in some way. Table 5.3 shows the VIF values of all the 

measures, the highest value was 3.419 for fourth item of responsiveness reason it became 
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necessary to remove that variable from the model to reduce multicollinearity. Later all the 

measures found that value was less than 3.3, Figure 5.1 indicated data is free from bias. 

Table 5.3: Single Harman’s Factor and VIF 

Variance Inflation Factor  Harman's single factor test 

  

Collinearity 

Statistics 
Factor 

Initial Eigenvalues 
Extraction Sums of Squared 

Loadings 

Tolerance VIF Total 
% Of 

Variance 

Cumulative 

% 
Total 

% Of 

Variance 

Cumulative 

% 

PI1 .333 3.002 1 14.651 34.883 34.883 14.015 33.370 33.370 

PI2 .297 3.172 2 2.940 7.000 41.884    

PI3 .292 3.221 3 2.056 4.895 46.779    

EW1 .385 2.595 4 1.707 4.065 50.843    

EW2 .514 1.945 5 1.488 3.542 54.386    

EW3 .412 2.427 6 1.347 3.207 57.593    

EW4 .358 2.796 7 1.209 2.879 60.472    

EW5 .467 2.141 8 1.022 2.433 62.905    

TR1 .357 2.801 9 1.015 2.302 65.207    

TR2 .344 2.904 10 1.012 2.218 67.425    

TR3 .337 2.964 11 0.809 1.925 69.350    

TR4 .386 2.591 12 0.766 1.824 71.174    

TR5 .435 2.300 13 0.732 1.743 72.917    

SR1 .331 3.021 14 0.694 1.653 74.570    

SR2 .374 2.673 15 0.662 1.575 76.146    

SR3 .449 2.226 16 0.640 1.525 77.671    

SR4 .536 1.865 17 0.586 1.396 79.067    

SRP1 .377 2.652 18 0.557 1.326 80.393    

SRP2 .478 2.093 19 0.553 1.317 81.709    

SRP3 .469 2.134 20 0.515 1.226 82.936    

SRP4 .292 3.219 21 0.493 1.174 84.110    

SRP5 .440 2.274 22 0.488 1.162 85.272    

WS1 .541 1.848 23 0.467 1.112 86.384    

WS2 .582 1.720 24 0.444 1.057 87.442    

WS3 .464 2.157 25 0.420 1.000 88.442    

WIF1 .488 2.051 26 0.403 0.959 89.401    

WIF2 .479 2.088 27 0.386 0.919 90.321    

WIF3 .498 2.007 28 0.377 0.897 91.218    

WQ1 .468 2.139 29 0.365 0.868 92.086    

WQ2 .493 2.029 30 0.349 0.830 92.916    

WQ3 .550 1.818 31 0.320 0.763 93.679    

WQ4 .489 2.046 32 0.309 0.736 94.415    

SD1 .516 1.938 33 0.291 0.692 95.107    

SD2 .618 1.619 34 0.280 0.667 95.774    

SD3 .654 1.530 35 0.273 0.649 96.423    

SD4 .559 1.788 36 0.249 0.593 97.017    

PQ1 .484 2.067 37 0.242 0.577 97.594    

PQ2 .639 1.564 38 0.235 0.560 98.154    

PQ3 .459 2.179 39 0.218 0.519 98.672    

PP1 .480 2.083 40 0.204 0.485 99.157    

PP2 .457 2.186 41 0.185 0.441 99.598    

PP3 .410 2.438 42 0.169 0.402 100.000       
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Figure 5.1: Variance Inflation Factor 

5.1.4. Demographics 

In this study, we aimed to examine the relationship between online marketplace quality and 

purchase intention with experienced shopping consumer age between 16 to 39. The data was 

collected during May 2022 to Jun 2022. Total 549 response has 1 to 10 years’ experience in 

shopping at online marketplace and belong to age group 16 to 39 from diverse educational 

backgrounds, including under graduate (17%), graduate (36%), post graduate (37%), and 

doctorate (10%). The majority of participants were belonged to age group 21-30 (67%), 13% 

in group 16-20 and 31-35 each and lowest one was beyond 35 year (7 %). The gender equally 

distributed through male (53%) and female (47%). All participants had at least one year of 

shopping experience with online marketplace, with majority of 69% experience was between 

1 to 6 years followed by more than 6 year 24% and 85% of participant purchase monthly and 

half yearly followed by weekly 11%. Demographic table 5.4 present the respondent detailed 

information. In this study there is no any gender bias because data was equally collected from 

the male and female participants. The data matches the pre-defined criteria as discussed in the 

methodology section. 
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Table 5.4: Demographic Information 

Category Group 
No. of 

Respondents 
Percentage 

Gender 

Female 256 47% 

Male 293 53% 

Grand Total 549 100% 
 

   

Age 

16-20 74 13% 

21-25 204 37% 

26-30 162 30% 

31-35 69 13% 

Above 35 40 7% 

Grand Total 549 100% 
 

   

Education Level 

Under Graduate 96 17% 

Graduate 195 36% 

Post Graduate 201 37% 

Doctoral 57 10% 

Grand Total 549 100% 
 

   

Experience 

Less than 1 year 44 8% 

1-3 Years 166 30% 

4-6 Years 215 39% 

More than 6 Years 134 24% 

Grand Total 549 100% 
 

   

Social Media Use 

Less than 2 Hours 72 13% 

2-5 Hours 291 53% 

6-10 Hours 136 25% 

More than 10 Hours 50 10% 

Grand Total 549 100% 
 

   

Purchase Frequency 

Weekly 63 11% 

Monthly 268 49% 

Half yearly 195 36% 

Yearly 23 4% 

Grand Total 549 100% 

 

5.1.4.1. Background of Social Media Use 

In this study, one of the objectives to study the moderating role of social media use in 

relationship between online marketplace quality and purchase intention. Therefore, the number 

of hours spend on social media was obtained (table 5.4). The result shows based on time spend 

on social media, 53% of the respondents spend 2 to 5 hours daily of the social media followed 

by 6 to 10 hours 25% and 13% uses less tha 2 hours. Even we found that some respondents use 
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more than 10 hours of social media in day (10%). The overall pattern of user experience reveals 

that withing the online marketplace sopper has good experience of social media uses. “Social 

media use is the most effective tool for combining, comparing and evaluating information for 

purchase decision making on online marketplace” (Chen et al., 2019). 

5.1.4.2. Background of Product categories 

The aim of this study is to evaluate how various product categories impact consumer trust, 

electronic word-of-mouth (e-WOM), and purchase intention or to find the mean difference 

between the product categories. We have categories the product based on 13 broader category 

and their frequency and percentage was calculated using SPSS multiple response option. The 

result indicates more than 50% respondents purchase product from one these categories 

fashion, mobiles & tablets, books, computer & accessories, and homes and kitchen product 

indicated in the table 5.5.  

Table 5.5: Product Category Response 

  

Responses 
Percent of 

Cases N Percent 

Multiple 

scalea 

Mobiles & Tablets 415 15.1% 75.6% 

Computers & Accessories 303 11.1% 55.2% 

TV Audio & Cameras 165 6.0% 30.1% 

Appliances 99 3.6% 18.0% 

Fashions 475 17.3% 86.5% 

Home & Kitchen 277 10.1% 50.5% 

Sports & Fitness 189 6.9% 34.4% 

Pet Supplies 29 1.1% 5.3% 

Bags & Luggage 323 11.8% 58.8% 

Video Games 28 1.0% 5.1% 

Car & Motorbike Accessories 56 2.0% 10.2% 

Books 371 13.5% 67.6% 

Industrial Supplies 12 .4% 2.2% 

Total 2742 100.0% 499.5% 
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5.1.4.3. Descriptive Statistics 

Descriptive statistics serve to encapsulate and elucidate the attributes of a given sample. This 

methodology entails the arrangement and delivery of data in a manner that facilitates 

comprehension and analysis. In reference to the sample's descriptive statistics, Table 5.6 

outlines the variables' minimum and maximum values, mean, and standard deviation, along 

with measurements of skewness and kurtosis. All the variables standard deviation we found to 

be near 1 and mean score range between 3 to 4 found to be favourable value (Teo et al., 2009). 

The mean score of the e-WOM was higher indicated that consumer highly refer to product 

comment and reviews of other consumers while making purchase decision at online 

marketplace. The lease score was product quality at marketplace refers the meaning that 

consumer feels that the product available on the online marketplace has lower quality. 

Shape of the distribution can be measured using the skewness and kurtosis (Pallant, 2020). 

Skewness is a statistical measure that quantifies the degree of symmetry of a probability 

distribution. Kurtosis, on the other hand, is a measure of the peakedness of a distribution. A 

left-skewed distribution (with negative skewness) implies that the data is concentrated on the 

right side of the distribution, with a long tail on the left. Conversely, a right-skewed distribution 

(with positive skewness) suggests that the data is concentrated on the left side of the 

distribution, with a long tail on the right (Hair et al., 2006). A leptokurtic distribution, with 

high kurtosis, indicates a sharper peak and a narrower spread compared to a normal 

distribution. Conversely, a platykurtic distribution, with low kurtosis, implies a flatter peak and 

a wider spread than a normal distribution. A distribution with the same kurtosis as a normal 

distribution is known as mesokurtic, it means that it has a peak and spread similar to that of a 

normal distribution. The kurtosis value less ±1 consider as negligible, value more than ±1 to 

±10 moderated and value more than ± 10 consider as abnormality (Holmes-Smith, Cunningham 

& Coote, 2006). Table 5.6 present that all variables skewness and kurtosis are in the normal 
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range i.e., ±1. However, the score in positive and negative values does create problem until 

their values lies in withing the given range. 

Table 5.6: Construct Descriptive Statistics  

Variables Minimum Maximum Mean Std.Dev Skewness  Kurtosis  

PP 1 5 3.899 0.886 -0.630 0.320 

PQ 1 5 3.639 1.066 -0.277 -0.693 

SQ 1 5 3.778 1.035 -0.706 0.010 

WD 1 5 3.993 0.848 -0.660 0.383 

WIF 1 5 3.872 0.906 -0.662 0.315 

WS 1 5 3.715 1.018 -0.697 0.173 

SRP 1 5 3.695 0.961 -0.566 0.120 

SR 1 5 3.841 0.887 -0.502 0.007 

TR 1 5 3.622 0.909 -0.428 0.172 

EW 1 5 4.144 0.910 -0.756 0.903 

PI 1 5 3.829 0.906 -0.637 0.314 

 

5.1.5. Analysis of Variance 

ANOVA, short for Analysis of Variance, is a statistical tool employed to assess the difference 

in means among various groups or samples. It is employed to ascertain whether the disparities 

in means between groups are statistically significant or merely random occurrences. ANOVA 

is based on the concept of variance, which is a measure of how much a set of data differs from 

the mean. When the variance is large, it means that the data is spread out and there is a lot of 

variability. When the variance is small, it means that the data is more consistent and there is 

less variability.  

To conduct an ANOVA analysis, the null hypothesis must be established first, which assumes 

that there is no significant difference between the means of the various groups. Conversely, the 

alternative hypothesis proposes that there is indeed a notable difference between the means of 

the groups. The variance is utilized to examine the hypothesis that the means of distinct groups 

or treatments are equal. If the variance between the groups is markedly different from the 
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variance within the groups, it suggests that there are variations between the means of the 

groups. In this particular study, a one-way ANOVA is employed, as only one independent 

variable is being evaluated at a time, and the data is categorized into multiple groups based on 

the variable's levels. 

For this study data was collected from the consumer who was having experience in purchasing 

at online marketplace. The purchase intention or trust or e-WOM among the experience group 

can might can differ from different group of experience consumer. Same way can possibly 

gender, age, education, time spend and purchase frequency group might differ in purchase 

behaviours. To examine the difference between male and female respondents purchase 

behaviour t-test has been conducted to compare the mean of all their outcomes variables 

namely, purchase intention, trust and e-WOM. For rest of the group age, education, experience, 

hours spend, and purchase frequency, one-way ANOVA between the groups has been 

performed to calculate mean difference with respect to purchase intention, trust and e-WOM. 

First the effect of gender group with respect to purchase intention, trust and e-WOM mean was 

compared using t-test, the result reveal that non-significant difference between the male and 

female group. For other group we performed one-way ANOVA to compare the mean of 

purchase intention, trust and e-WOM. Table 5.7 represent the result on one-way ANOVA 

where we found that age and education group have insignificant difference with respect to 

consumer purchase behaviour. Within the experience group we found that significant 

difference with respect to purchase intention and e-WOM and insignificant defence with 

respect to trust mean score. Within the hours spend group we found significant difference with 

respect to e-WOM mean score and insignificant difference with respect to purchase intention 

and trust mean score. Within the purchase frequency group, a significant difference was found 

with respect to purchase intention and insignificant difference with respect to trust and e-WOM 

mean score. The impact of experience group on purchase intention and e-WOM, similarly 
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impact of hours spend on e-WOM and the impact of purchase frequency group on purchase 

intention, where all found to be significant, reason we have conducted the post-hoc test and 

Tukey’s HSD test. Both the test will help to in deeper understanding of the difference in the 

group. 

Table 5.7: Variance Analysis 

T-Test 

    Purchase Intention Trust e-WOM 
 Df T-value T-Value T-value 

Gender 547 -0.6588 0.1351 -1.4588 

ANOVA 

 Df F F F 

Age Group 4, 544 0.378 0.922 1.837 

Education 3, 545 1.149 1.365 0.927 

Experience 3, 545 14.222*** 0.62 12.949*** 

Hours Spend  3, 545 1.628 1.093 3.551** 

Purchase Frequency 3, 545 4.908*** 1.442 0.225 

*Statistically significant difference *** p<0.01, ** p<0.05, * p<0.1  

 

5.1.5.1. Post-hoc Test 

Post-hoc tests are statistical tests that are used to compare the means of specific pairs of groups 

after an initial ANOVA test has been conducted. It used to identify which pairs of groups are 

significantly different from one another or when you have multiple groups and want to know 

which groups are significantly different from each other, rather than just knowing that at least 

one group is significantly different from the others. There are several different types of post-

hoc tests that can be used, including the Tukey's test, the Bonferroni correction, and the Scheffe 

test. These tests all use different methods to calculate the p-value, which is the probability that 

the observed differences between the groups occurred by chance. Here in this study, we have 

conducted Tukey's test to identify which pairs of groups are significantly different from one 

another. 
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It was suggested that post-hoc tests should only be used if the initial ANOVA test is significant, 

as they are used to follow up on a significant result. If the initial ANOVA test is not significant, 

it is not necessary to conduct a post-hoc test. As our initial ANOVA test (table 4.7) we found 

insignificant difference withing age and education group with respect to all three-outcome 

variable purchase intention, trust and e-WOM, insignificant difference withing educational 

group with respect to trust, insignificant difference within hour spend group respect to purchase 

intention and trust, and insignificant difference within purchase frequency group with respect 

to trust and e-WOM, it’s not necessary to perform post-hoc test. However, we found significant 

difference withing the experience group with respect to purchase intention and trust, Significant 

difference within hour spend with respect to e-WOM and significant difference within purchase 

frequency group with respect to purchase intention, it become necessary to conduct post-hoc 

to know which pairs of groups are significantly different from one another. We have performed 

post-hoc test for each significant difference group to which groups are significantly different 

from each other. 

5.1.5.1.1. Shopping experience and Purchase intention 

The shopping experience at an online marketplace can significantly impact a consumer 

purchase intention because there are several factors like delivery service, website interface, 

product selection, pricing can influence the shopping experience and purchase intention at 

online marketplace. Imagine when consumer visit the online marketplace and feels easy 

interaction with interface and easy to find the product related information, they are looking for 

they may be more likely to make a purchase even if they were initially unsure about it.  

A post-hoc is conducted after the completion of ANOVA in order to explore the relationships 

between shopping experience and purchase intention and to compare experience groups. Table 

5.8 present the result of post-hoc test, indicates within experience groups some are significant 

and some are insignificant difference from each other. Consumer with one year experience has 
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significant less purchase intention mean score compare to all higher experienced group. 

Consumer having more than 6-year experience and 4-to-6-year experience has insignificant 

difference in purchase intention score. The result indicates that higher the consumer experience 

at online marketplace higher they have purchase intention till 4 years of experience, later it 

becomes insignificant change in their purchase intention. 

Table 5.8: Post-Hoc Test (Shopping Experience and Purchase intention) 

Purchase Intention Mean Mean Difference  
Std. 

Error 
Sig. 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

1 Year 1-3 Years 
-.344* .151 .024 -.642 -.047 

4-6 Years 
-.671* .149 .000 -.963 -.379 

More than 6 Years 
-.774* .155 .000 -1.078 -.471 

1-3 Years 1 Year 
.344* .151 .024 .047 .642 

4-6 Years 
-.327* .082 .000 -.489 -.166 

More than 6 Years 
-.430* .092 .000 -.612 -.249 

4-6 Years 1 Year 
.671* .149 .000 .379 .963 

1-3 Years 
.327* .082 .000 .166 .489 

More than 6 Years -0.103 .088 .239 -.275 .069 

More than 6 Years 1 Year 
.774* .155 .000 .471 1.078 

1-3 Years 
.4304* .092 .000 .249 .612 

4-6 Years 0.103 .088 .239 -.069 .275 

 

5.1.5.1.2. Shopping experience and e-WOM 

Shopping experience is process of purchasing goods or services, and it can encompass a wide 

range of activities, including finding and researching products, comparing prices, making a 

purchase, and receiving and using the product. The service related to product reviews, rating 

and comment work as e-WOM at online marketplace which can influence the consumer 

shopping experience and purchase intention at online marketplace. Imagine when consumer 

visit the online marketplace and can able to difference and understand the product quality by 

their reviews and comments and they may be more likely to make a purchase if they look the 

rating or comments of the product or services. 
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A post-hoc is conducted after the completion of ANOVA in order to explore the relationships 

between shopping experience and purchase intention and to compare experience groups. Table 

5.9 present the result of post-hoc test, indicates within 1 year and 1-to-3-year experience group 

nonsignificant difference in e-WOM mean score and within the 4-to-6-year experience and 

more than 6 years’ experience their e-WOM means also has insignificant difference. Moreover, 

the e-WOM mean score for 1 year and 1-to-3-year experience was significantly lesser than the 

4 to 6 years’ experience and more than 6-year experience. It indicates with increases of 

shopping experience the e-WOM mean score increases as initial 3 years consumer has same e-

WOM, later increases till 4 year and become constant e-WOM mean.  

Table 5.9: Post-Hoc (Test Shopping experience and e-WOM) 

e-WOM Mean 
Mean 

Difference  

Std. 

Error 
Sig. 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

1 Year 

1-3 Years -.1403 .1351 .299 -.406 .125 

4-6 Years -.5140* .1326 .000 -.774 -.254 

More than 6 

Years 
-.4853* .1378 .000 -.756 -.215 

1-3 Years 

1 Year .1403 .1351 .299 -.125 .406 

4-6 Years -.3737* .0731 .000 -.517 -.230 

More than 6 

Years 
-.3450* .0822 .000 -.507 -.183 

4-6 Years 

1 Year .5140* .1326 .000 .254 .774 

1-3 Years .3737* .0731 .000 .230 .517 

More than 6 

Years 
.0286 .0781 .714 -.125 .182 

More than 6 

Years 

1 Year .4853* .1378 .000 .215 .756 

1-3 Years .3450* .0822 .000 .183 .507 

4-6 Years -.0286 .0781 .714 -.182 .125 

 

5.1.5.1.3 Hours spent on Internet and e-WOM 

The use of the internet has exploded in recent years, with more and more people turning to 

online sources for information, communication, and entertainment. One aspect of internet use 

that has garnered increasing attention is the amount of time that people spend online. This is 

particularly relevant in the context of electronic word-of-mouth (e-WOM), as the internet has 
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become a key platform for the sharing of product and service recommendations. Kwon and 

colleagues (2013) found that the more time individuals spent on the internet, the more likely 

they were to engage in e-WOM behaviour on social media platforms or online marketplace. 

A post-hoc is conducted after the completion of ANOVA in order to explore the relationships 

between time spend on internet and e-WOM and to compare time spend groups. Table 5.10 

present the result of post-hoc test, indicates that except the group 6 to 10 hours all the group 

has non-significant difference in e-WOM mean. It also indicates that the mean score was 

significantly higher for 6 to 10 hours group compare to others group, realizing that consumer 

who spend 6 to 10 hours on internet has higher e-WOM compare to all the group even who 

uses more than 10 hours of internet. Consumer who spends less than 5 hours or spend more 

than 10 hours has equal level of e-WOM at marketplace. 

Table 5.10: Post-Hoc (Hours spent on Internet and E-WOM) 

e-WOM Mean 
Mean 

Difference  

Std. 

Error 
Sig. 

95% Confidence Interval 

Lower 

Bound 

Upper 

Bound 

Less than 2 

Hour 

2-5 Hours -.0961 .1045 .358 -.301 .109 

6-10 Hours -.2626* .1140 .022 -.487 -.039 

More than 10 Hours .0532 .1318 .686 -.206 .312 

2-5 Hours 

Less than 2 Hour .0961 .1045 .358 -.109 .301 

6-10 Hours -.1665* .0755 .028 -.315 -.018 

More than 10 Hours .1493 .1004 .137 -.048 .346 

6-10 Hours 

Less than 2 Hour .2626* .1140 .022 .039 .487 

2-5 Hours .1665* .0755 .028 .018 .315 

More than 10 Hours .3158* .1102 .004 .099 .532 

More than 10 

Hours 

Less than 2 Hour -.0532 .1318 .686 -.312 .206 

2-5 Hours -.1493 .1004 .137 -.346 .048 

6-10 Hours -.3158* .1102 .004 -.532 -.099 

 

5.1.5.1.4 Purchase frequency and Purchase intention 

Purchasing frequency on the Internet refers to how often individuals make purchases online. It 

is a measure of consumer behavior that can help businesses understand how likely their 

customers are to make a purchase, and how often they are likely to make a purchase. There are 
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several factors that can influence purchasing frequency on the online marketplace. One of the 

most important factors is the convenience of the online shopping experience. When consumers 

can easily find what they are looking for and complete their purchases quickly and easily, they 

are more likely to make more frequent purchases online. Another factor that can influence 

purchasing frequency on the online marketplace is the availability of discounts and promotions. 

Many online marketplaces offer special discounts and promotions to encourage consumers to 

make purchases, and these can be a powerful motivator for increasing purchasing frequency. 

A post-hoc is conducted after the completion of ANOVA in order to explore the relationships 

between purchase frequency and purchase intention and to compare frequency groups. Table 

5.11 present the result of post-hoc test, indicates except half yearly group weekly and monthly 

and yearly has nonsignificant difference between the group purchase intention mean score. It 

also indicates that consumer purchase intention mean score of half-yearly is significantly lower 

than consumer who purchase weekly, monthly and yearly.  

Table 5.11: Post-Hoc (Purchase frequency and Purchase intention) 

Purchase Intention Mean Mean Difference  
Std. 

Error 
Sig. 

95% Confidence Interval 

Lower Bound Upper Bound 

Weekly Monthly .1762 .1137 .1217 -.0471 .3995  
Half yearly .398* .1181 .0008 .1666 .6304 

 
Yearly .1404 .2482 .5717 -.3471 .6279 

Monthly Weekly -.1762 .1137 .1217 -.3995 .0471  
Half yearly .222* .0761 .0036 .0729 .3718 

 
Yearly -.0358 .2312 .8770 -.4899 .4183 

Half yearly Weekly -.398* .1181 .0008 -.6304 -.1666 
 

Monthly -.222* .0761 .0036 -.3718 -.0729 
 

Yearly -.2581 .2334 .2692 -.7165 .2003 

Yearly Weekly -.1404 .2482 .5717 -.6279 .3471  
Monthly .0358 .2312 .8770 -.4183 .4899 

  Half yearly .2581 .2334 .2692 -.2003 .7165 
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5.1.6. Product categories Multiple response 

"Multiple Response" set is a type of data set that allows you to analyse multiple responses for 

a single participant. This is useful when you have a list of items and the participant can select 

more than one item as a response. Here in this study, we asked participant to select all of the 

product categories that they bought from a list of options, and they selected multiple product 

categories. To analyse these multiple categories response we used two methods, first we created 

multiple response analysis using cross tabulation by defining all the product categories and 

second using regression analysis. 

5.1.6.1 Cross Tabulation 

Multiple response cross tabulation is a useful tool for analysing complex relationships between 

multiple categorical variables. It allows you to see which combinations of responses are most 

common. To perform a multiple response cross tabulation, the counts or frequencies of each 

product categories of responses with gender and age are calculated and presented in a table 

4.12.  

The result indicated that female most purchase from fashion, books and mobile and tablet 

moderated purchase from bags & luggage, homes & kitchen and computer accessories followed 

by followed by sports & fitness, tv audio & cameras and appliances. However male mostly 

purchase from fashion, mobiles, books, computers and bags and luggage, moderate purchase 

from sports, audio & cameras and homes & kitchen followed by appliances and car & motors 

accessories. Female more purchase compare to male in fashions, books, homes & kitchen at 

online marketplace. And male purchase mobiles, camera, computer accessories more than 

female consumer at online marketplace reported in table 5.12. 

The result within the age group and product categories, we found that age group 21 to 30 has 

similar percentage of purchase from all the product categories at online marketplace. Age group 
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16 to 20 purchase more from audio & camera, video game, car & motors accessories and books 

compare to the age above 21 years at online marketplace. And age group above 30-35 purchase 

more from mobiles & tablets, computer & accessories, appliances, fashion and fitness 

categories compare to age below 30 years at online marketplace. 

Table 5.12: Cross Tabulation for Multiple Product Categories Gender Wise 

Product Categories 

  Gender 

Total  Male Female 

Mobiles & Tablets Count 231 184 415 

Percentage 78.8% 71.9%  

Computers Accessories Count 176 127 303 

Percentage 60.1% 49.6%  

TV Audio & Cameras Count 101 64 165 

Percentage 34.5% 25.0%  

Appliances Count 57 42 99 

Percentage 19.5% 16.4%  

Fashions Count 246 229 475 

Percentage 84.0% 89.5%  

Home & Kitchen Count 136 141 277 

Percentage 46.4% 55.1%  

Sports & Fitness Count 116 73 189 

Percentage 39.6% 28.5%  

Pet Supplies Count 14 15 29 

Percentage 4.8% 5.9%  

Bags & Luggage Count 178 145 323 

Percentage 60.8% 56.6%  

Video Games Count 20 8 28 

Percentage 6.8% 3.1%  

Car & Motorbike Accessories Count 33 23 56 

Percentage 11.3% 9.0%  

Books Count 192 179 371 

Percentage 65.5% 69.9%  

Industrial Supplies Count 8 4 12 

Percentage 2.7% 1.6%  

  Count 293 256 549 

 

5.1.6.2. Multiple regression Analysis 

A regression analysis was executed to determine the average disparity among the product 

categories concerning purchase intention, trust, and the mean of e-WOM. The positive and 

negative significant value indicates variable means score has higher or lower compare to the 

other categories. To run the regression, we have taken the dependent variable purchase 
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intention, trust and e-WOM mean score and independent variable all the product categories 

expect one which indicates constant value in this model given below 

𝑌 = 𝑥1𝐶𝑎𝑡1 + 𝑥2𝐶𝑎𝑡2 + 𝑥3𝐶𝑎𝑡3 + 𝑥4𝐶𝑎𝑡4 +⋯+ 𝑥12𝐶𝑎𝑡12 + 𝑐 

The dependent variable, Y refers to purchase intention, trust and e-WOM means score. The 

independent variable “Cat” refers to product categories dummy variables and “c” a mean-zero 

error term with a normally distributed distribution. For all three dependent variables with 

respect to product categories, we run the multiple regression. Table 5.13 represent the result of 

all three dependent variables.  

The result indicates that among 13 categories purchase intention mean score in fashions, 

appliances, books and pet supplier significantly higher and trust mean score in fashions 

category found to be significant higher moreover in pet suppliers and industrial supplies 

categories found significant lower. e-WOM mean score in appliances and fashion categories 

found significantly higher than all other categories. 

Table 5.13: Multiple Regression Result 

  Purchase Intention Trust e-WOM 

  Coefficient Std.Er Coefficient Std.Er Coefficient Std.Er 

Mobile & Tablets 0.0481 -0.53 0.0036 -0.04 -0.0493 (-0.60) 

Computers & 

Accessories 
-0.143 (-1.83) -0.0745 (-1.03) 0.0621 -0.89 

TV audio & cameras 0.0826 -0.91 0.0167 -0.2 0.0323 -0.4 

Appliances 0.167* -1.6 0.0855 -0.88 0.169* -1.82 

Fashions 0.241** -2.23 0.270*** -2.69 0.322*** -3.33 

Home & kitchen 0.102 -1.35 0.0706 -1.01 0.0595 -0.88 

Sports & Fitness 0.0377 -0.45 0.0412 -0.52 -0.109 (-1.44) 

Pet supplies 0.215* -1.27 -0.201* (-1.28) -0.097 (-0.64) 

Bags & luggage 0.0957 -1.21 0.0289 -0.39 0.0558 -0.79 

Video Games 0.0157 -0.08 0.207 -1.2 0.132 -0.8 

Books 0.164* -2.05 0.058 -0.78 0.06 -0.84 

Industrial Supplies -0.123 (-0.47) -0.281* (-1.15) 0.0521 -0.22 

_cons 3.371*** -26.71 3.295*** -28.07 3.754*** -33.26 

R-Square 0.079  0.066  0.047  

N 549  549  549  

*Statistically significant difference *** p<0.01, ** p<0.05, * p<0.1  
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5.2 Evaluation of PLS-SEM Results 

The assessment of PLS-SEM analysis results encompasses two distinct phases, as illustrated in 

Figure 5.2. The first stage entails scrutinizing the measurement models, which may differ 

depending on whether they incorporate reflective measures (Stage 1.1), formative measures 

(Stage 1.2), or both. Assuming that the measurement model evaluation is deemed satisfactory, 

the evaluation will proceed to Stage 2, which is centered on appraising the structural model. In 

summary, in this study Stage 1 focuses on the measurement theory of reflective measures 

because all the variable in this study is reflective, while Stage 2 covers the structural theory, 

including evaluating the significance and meaningfulness of the structural relationships and 

testing hypotheses (Garver & Mentzer, 1999). 

 

Figure 5.2: PLS-SEM evaluation guideline.  

Source: Adapted from Sarstedt, Ringle, Smith, Reams, & Hair, (2014).  
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5.2.1. Reflective Measurement Model 

“The measurement model is used to specify the relationships between the latent (unobserved) 

variables and the observed (measured) variables in the data” (Bollen & Lennox, 1991). In a 

reflective measurement model, the observed variables are indicators of the latent variable, and 

the strength of the relationship between the latent variable and the observed variables is 

measured by the factor loadings. It helps to assess the quality of the measure of the latent 

variable being studied and to ensure that the observed variables are reliable indicators of the 

latent variable (Hair et al., 2017). 

To evaluate the quality criteria of reflective measurement, the assessment process typically 

commences with an examination of factor loading. This is then succeeded by an evaluation of 

construct reliability, convergent validity, and discriminant validity. Reliability accessed using 

item reliability, Cronbach's alpha, and composite reliability. Convergent validity has been 

accessed through average variance extracted (AVE), and discriminant validity though three 

methods Fornell-Larcker Criterion, Hetrotrait-Monotrait Ratio (HTML) and Cross loading. 

Table 5.14 present the step wise reflective measurement model criterion presented. 

Table 5.14: Measurement Model Fitting 

Measurement 

Model 
Criterions Purpose Acceptable value 

Indicator 

Reliability 
Factor Loading 

It indicates that the observed variables are good 

indicators of the latent variable. 
>0.5 (Hair et al., 2010) 

Construct 

Reliability 

and Validity 

Cronbach’s α 

It measures internal consistency and indicate 

that the observed variables are measuring the 

same underlying construct. 

>0.6 (Nunnally 

and Bernstein, 1994) 

Composite 

Reliability 

It indicates internal consistency reliability of 

construct. 
>0.7 (Hair et al., 2017) 

Average variance 

extracted (AVE) 

Indicate that the latent variables are explaining a 

significant amount of variance in the observed 

variables. 

>0.5 (Fornell & 

Larcker, 1981) 

Discriminant 

Validity 

Fornell-Larcker 

Criterion 

It ensures the measurement model is measuring 

distinct latent variables. 

Square root of AVE > 

latent variable  

correlation  

Hetrotrait-

Monotrait Ratio 

(HTML)  

It indicates that the latent variables in the 

measurement model are distinct and not 

redundant. 

<0.90 (Hair et al., 

2017)  

Cross loading 
It examines the factor loadings of the observed 

variables. 
NA 
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5.2.1.1 Indicator Reliability 

Item reliability can be assessed using factor loadings in a measurement model (Hair et al., 

2017). Specifically, items factor loadings of a measurement scale can be used to assess the 

consistency of scale. A high factor loading is indicative of consistent results from the items on 

the scale, and accurate measurement of the latent variable. Conversely, a low factor loading 

suggests inconsistent results from the items on the scale, and possible inaccuracies in the 

measurement of the latent variable. Factor loadings are used to assess the quality of a 

measurement model and to identify observed variables that may not be good indicators of the 

latent variables. It is generally recommended that factor loadings be above 0.5 to indicate a 

strong relationship between the latent and observed variables (Hair et al., 2010). Table 5.15 

present the result of the factor loading of each latent variable with their items. 

Figure 5.3 present the radar graph to compare the factor loading of all the construct. The data 

points on the graph represent the factor loading for each construct indicator, with a score of 

0.000 representing the lowest level of factor loading and a score of 1.000 representing the 

highest level of factor loading. The data point on the graph indicated that factor loading of one 

item perceived quality PPQ2 has the lowest loading ranging between 0.50 to 0.060. One item 

of the reputation SR4 factor has second lowest loading below the average ranging between 

0.600 to 0.700. Two item of product price PP2 and PP3 has the highest loading factor ranging 

between 0.900 to 1.00. Other all construct indicators factor loading ranging between 0.700 to 

0.900 indicates. All the constructs indicator factor loading are ranging from 0.500 to 1.00. 

When each indicators loading estimate is greater than 0.5, a measurement model is deemed to 

have adequate indicator reliability (Hair et al., 2010). 
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Figure 5.3: Factor loading Radar Graph 

Table 5.15: Indicator factor loading 

Construct Item Loading Construct Item Loading 

Purchase Intention 

PI1 0.898 

Service Delivery 

SD1 0.798 

PI2 0.913 SD2 0.732 

PI3 0.915 SD3 0.696 

Trust 

TR1 0.823 SD4 0.774 

TR2 0.850 

Reputation 

SR1 0.825 

TR3 0.856 SR2 0.834 

TR4 0.824 SR3 0.839 

TR5 0.813 SR4 0.625 

E-Word of Mouth 

EW1 0.818 

Responsiveness 

SRP1 0.843 

EW2 0.756 SRP2 0.748 

EW3 0.808 SRP3 0.757 

EW4 0.863 SRP4 0.873 

EW5 0.794 SRP5 0.801 

Perceive Price 

PP1 0.844 

Informativeness 

WIF1 0.833 

PP2 0.861 WIF2 0.836 

PP3 0.878 WIF3 0.778 

Perceive Quality 

PQ1 0.773 

Website Quality 

WQ1 0.802 

PQ2 0.576 WQ2 0.764 

PQ3 0.865 WQ3 0.734 

Website Security & 

Privacy 

WS1 0.735 WQ4 0.780 

WS2 0.781    

WS3 0.867       
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5.2.1.2 Internal consistency reliability  

Internal consistency reliability is a metric that gauges the consistency or reliability of a set of 

constructs or items. It measures the extent to which the items are evaluating the same 

underlying concept or attribute (Pallant, 2020). In the context of Partial Least Squares 

Structural Equation Modeling (PLS-SEM), Cronbach's alpha and composite reliability are 

utilized to evaluate internal consistency reliability. When assessing the dependability of a 

measurement model, higher values of Cronbach's alpha and composite reliability indicate 

greater levels of reliability. In exploratory research, values ranging from 0.60 to 0.70 are 

typically deemed satisfactory, while values ranging from 0.70 to 0.95 are regarded as good to 

excellent (Hair et al., 2012; Nunnally and Bernstein, 1994). Values of composite reliability that 

exceed 0.95 may indicate issues with the measurement model, as they suggest that the survey 

items are redundant. “This can lead to issues such as undesirable response patterns, such as 

straight lining, and inflated correlations among indicator error terms” (Drolet & Morrison, 

2001). The value of composite reliability of constructs ranging between 0.787 to 0.935, which 

is in the given threshold value 0.70 to 0.95. Cronbach’s alpha value ranging from 0.682 to 

o.895, which is also above the threshold value 0.60 (Table 5.16) indicates that all our construct 

has adequate internal consistency reliability. 

Table 5.16: Construct Reliability  

Construct Composite reliability (CR) Cronbach's alpha 

Purchase Intention 0.934 0.895 

Trust 0.919 0.89 

E-Word of Mouth 0.904 0.868 

Perceive Price 0.896 0.826 

Perceive Quality 0.787 0.682 

Service Delivery 0.838 0.742 

Reputation 0.865 0.788 

Responsiveness 0.902 0.864 

Informativeness 0.857 0.749 

Quality 0.854 0.772 

Security & Privacy 0.838 0.712 
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5.2.1.3 Convergent Validity  

“Convergent validity refers to the extent to which different measures of a construct are related 

to each other in a way that is expected based on their shared definition of the construct” 

(Campbell & Fiske, 1959). When examining the convergent validity of a construct, here we 

determine whether the different indicators of the construct are converging in a way that is 

expected based on their shared definition of the construct. This helps to ensure that the different 

measures are all measuring the same underlying concept, rather than measuring something 

different or unrelated. One way to assess convergent validity is by examining the variance of 

the indicators that are used to measure the construct. If the different indicators of the construct 

are able to explain a large portion of the variance in the items, then this can be taken as evidence 

of strong convergent validity (Bagozzi & Yi, 1988). This helps to ensure that the different 

measures are all measuring the same underlying concept, rather than measuring something 

different or unrelated. 

To assess convergent validity in this way, calculated the average variance extracted (AVE) for 

all the items associated with a construct. The AVE is calculated as the mean of the squared 

loadings for all the indicators associated with the construct (Fornell & Larcker, 1981). The 

square loadings depict the portion of variance in the items that the construct accounts for. 

Typically, an AVE value of 0.50 or greater is deemed satisfactory as it indicates that the 

construct accounts for more than 50% of the variance on average among its items (Hair et al., 

2006). 

The value of the average variance extracted (AVE) ranging between 0.559 to 0.826. Perceive 

quality has lowest AVE and the purchase intention has highest. The AVE value of all our 

construct was above the threshold value 0.50 as presented in table 5.17. This indicates evidence 

of strong convergent validity for all constructs in this study 



128 
 

Table 5.17: Convergent Validity 

Construct Average variance extracted (AVE) 

Purchase Intention 0.826 

Trust 0.695 

E-Word of Mouth 0.654 

Perceive Price 0.742 

Perceive Quality 0.559 

Service Delivery 0.564 

Reputation 0.618 

Responsiveness 0.649 

Informativeness 0.666 

Quality 0.594 

Security & Privacy 0.634 

 

5.2.1.4 Discriminant Validity 

“Discriminant validity refers to the extent to which a measure is able to distinguish between 

constructs that are theoretically distinct from each other” (Campbell & Fiske, 1959). In other 

words, it refers to the ability of a measure to differentiate between different constructs or 

variables that are supposed to be unrelated or independent of each other. This is an important 

consideration in the validation of a measure, as it helps to ensure that the measure is not 

confounded with other related constructs or variables. 

There are several methods that can be used to assess discriminant validity. One common 

method for assessing discriminant validity is to examine factor structure of constructs being 

measured. If the constructs are loading onto separate factors, rather than overlapping, this can 

be taken as evidence of strong discriminant validity (Fornell & Larcker, 1981). Another method 

is to examine the correlations between a construct and other constructs that it should not be 

related to. If the correlations between the constructs are low or not statistically significant, this 

can be taken as evidence of strong discriminant validity (Bagozzi & Yi, 1988). To accesses the 

discriminant validity in this study we used three techniques namely Fornell-Larcker Criterion, 

Hetrotrait-Monotraint Ratio (HTMT) and cross loading. 
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5.2.1.4.1 Fornell-Larcker Criterion 

The Fornell-Larcker criterion is a measure of discriminant validity that is used to assess the 

extent to which a construct is distinct from other constructs that it should not be related (Fornell 

& Larcker, 1981). As per the Fornell-Larcker criterion, a construct can be deemed to possess 

discriminant validity if the variance of the construct is greater than the square of its correlation 

with other constructs. Stated differently, the criterion suggests that for a construct to 

demonstrate discriminant validity, its variance should exceed the squared correlations between 

the said construct and other constructs. 

The Fornell-Larcker criterion is commonly used, where it can be used to assess the fit of a 

proposed model to the data. If the fit of the model to the data meets the Fornell-Larcker 

criterion, this can be taken as evidence of strong discriminant validity (Hair et al., 2006). Table 

5.18 indicate that square of AVE correlation between the construct is higher than another 

construct indicated diagonally, which shows all our construct of this study has strong 

discriminant validity. 

Table 5.18: Fornell-Larcker criterion 

  
1 2 3 4 5 6 7 8 9 10 11 

1.Purchase Intention 
0.909           

2.Trust 
0.598 0.833          

3.E-Word of Mouth 
0.514 0.440 0.809         

4.Perceive Price 
0.445 0.420 0.302 0.861        

5.Perceive Quality 
0.424 0.480 0.351 0.344 0.747       

6.Service Delivery 
0.484 0.531 0.371 0.348 0.417 0.751      

7.Reputation 
0.523 0.732 0.427 0.361 0.415 0.496 0.786     

8.Responsivness 
0.458 0.620 0.377 0.331 0.309 0.475 0.679 0.806    

9.Informativness 
0.481 0.607 0.404 0.460 0.450 0.519 0.560 0.529 0.816   

10.Quality 
0.571 0.546 0.514 0.443 0.443 0.509 0.518 0.440 0.621 0.771  

11.Security & 

Privacy 
0.418 0.605 0.387 0.339 0.406 0.445 0.600 0.528 0.551 0.530 0.796 
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5.2.1.4.2. Hetrotrait-Metrotrait Ratio 

The Hetrotrait-Monotrait Ratio (HTMT) is a statistical measure used to assess the convergent 

validity of a latent construct in structural equation modeling (SEM). According to Hair et al., 

(21017) “It is calculated as the ratio of the average variance explained by the latent construct 

(AVE) to the average variance explained by the observed variables used to measure the latent 

construct”. According to Hair, Hult, Ringle, and Sarstedt (2017), The Hetrotrait-Monotrait 

Ratio (HTMT) is based on the estimation of the correlation between the latent construct and 

the observed variables used to measure it. It helps to determine the extent to which a latent 

construct is able to explain the variance in the observed variables that are used to measure it.  

There is no strict threshold value for the HTMT ratio that is universally accepted as indicative 

of good convergent validity. Teo et al. (2009) put forward the suggestion that a HTMT ratio of 

less than 0.90 is indicative of good convergent validity, while Kline (2015) proposed that a 

HTMT ratio of less than 0.85 is considered acceptable for the same purpose. Table 5.19 present 

the HTMT ratio, all the value found to within the threshold limit 0.90 indicate our construct 

has discriminant validity 

Table 5.19: HTMT Ratio 

  1 2 3 4 5 6 7 8 9 10 11 

1.Purchase Intention            

2.Trust 0.669           

3.E-Word of Mouth 0.580 0.493          

4.Perceive Price 0.517 0.487 0.356         

5.Perceive Quality 0.591 0.666 0.493 0.499        

6.Service Delivery 0.590 0.649 0.459 0.439 0.630       

7.Reputation 0.625 0.867 0.521 0.449 0.617 0.646      

8.Responsivness 0.518 0.702 0.430 0.389 0.430 0.584 0.820     

9.Informativness 0.585 0.746 0.489 0.582 0.687 0.693 0.732 0.657    

10.Quality 0.681 0.649 0.624 0.557 0.661 0.664 0.668 0.533 0.813   

11.Security & Privacy 0.515 0.754 0.471 0.440 0.625 0.597 0.799 0.663 0.754 0.706   
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5.2.1.4.3 Cross-Loading 

Cross-loading refers to the situation in which an observed variable load significantly on more 

than one latent construct in a structural equation model (SEM). This can occur when an 

observed variable is measuring more than one construct, or when the observed variable is 

measuring a construct that is correlated with another construct (Furr and Bacharach, 2021). 

Cross-loading is an important consideration in the assessment of discriminant validity, as it can 

impact the ability of a measure to discriminate between different constructs. All the indictor 

factor loading to its parent construct is higher as shown in table 5.20 highlighted diagonally, 

indicates cross-loading validity was established.  

Table 5.20: Cross-Loading 

Items PI TR EW PP PQ SD SR SRP INF WQ WSP 

PI1 0.898 0.525 0.493 0.399 0.369 0.421 0.458 0.400 0.402 0.515 0.357 

PI2 0.913 0.552 0.469 0.412 0.418 0.452 0.457 0.412 0.447 0.542 0.390 

PI3 0.915 0.552 0.440 0.403 0.370 0.446 0.510 0.435 0.461 0.500 0.393 

TR1 0.524 0.823 0.377 0.391 0.453 0.449 0.583 0.485 0.486 0.511 0.555 

TR2 0.480 0.850 0.329 0.337 0.388 0.423 0.573 0.567 0.502 0.452 0.540 

TR3 0.488 0.856 0.355 0.376 0.349 0.469 0.609 0.583 0.532 0.450 0.471 

TR4 0.464 0.824 0.364 0.313 0.423 0.433 0.576 0.478 0.522 0.404 0.480 

TR5 0.532 0.813 0.408 0.330 0.387 0.439 0.557 0.467 0.487 0.452 0.471 

EW1 0.399 0.303 0.818 0.262 0.243 0.257 0.330 0.266 0.315 0.419 0.279 

EW2 0.356 0.331 0.756 0.224 0.288 0.278 0.277 0.275 0.286 0.325 0.283 

EW3 0.403 0.264 0.808 0.205 0.250 0.296 0.300 0.275 0.263 0.410 0.288 

EW4 0.475 0.435 0.863 0.276 0.352 0.352 0.431 0.349 0.392 0.512 0.394 

EW5 0.430 0.416 0.794 0.248 0.272 0.306 0.362 0.345 0.356 0.388 0.301 

PP1 0.347 0.332 0.291 0.844 0.270 0.274 0.271 0.221 0.353 0.342 0.237 

PP2 0.402 0.346 0.242 0.861 0.308 0.313 0.300 0.276 0.388 0.381 0.277 

PP3 0.400 0.405 0.251 0.878 0.310 0.311 0.359 0.353 0.443 0.420 0.355 

PQ1 0.331 0.386 0.146 0.307 0.773 0.263 0.272 0.198 0.302 0.270 0.275 

PQ2 0.290 0.255 0.375 0.203 0.576 0.289 0.326 0.228 0.345 0.421 0.320 

PQ3 0.324 0.421 0.261 0.258 0.865 0.369 0.326 0.260 0.354 0.302 0.310 

SD1 0.418 0.456 0.274 0.297 0.381 0.798 0.384 0.385 0.424 0.424 0.403 

SD2 0.347 0.361 0.245 0.202 0.219 0.732 0.320 0.316 0.310 0.332 0.272 

SD3 0.304 0.352 0.277 0.228 0.344 0.696 0.330 0.283 0.387 0.316 0.260 

SD4 0.375 0.416 0.318 0.306 0.302 0.774 0.446 0.428 0.431 0.443 0.383 

SR1 0.419 0.670 0.263 0.266 0.349 0.378 0.825 0.590 0.429 0.438 0.521 

SR2 0.399 0.643 0.256 0.250 0.293 0.410 0.834 0.587 0.435 0.315 0.453 

SR3 0.441 0.579 0.351 0.340 0.369 0.429 0.839 0.537 0.488 0.416 0.496 

SR4 0.381 0.382 0.495 0.280 0.290 0.335 0.625 0.405 0.407 0.470 0.410 
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SRP1 0.379 0.577 0.297 0.270 0.338 0.419 0.571 0.843 0.432 0.373 0.509 

SRP2 0.398 0.464 0.387 0.296 0.246 0.401 0.531 0.748 0.446 0.423 0.431 

SRP3 0.305 0.421 0.249 0.268 0.171 0.328 0.499 0.757 0.398 0.271 0.366 

SRP4 0.381 0.546 0.274 0.280 0.264 0.403 0.603 0.873 0.455 0.387 0.438 

SRP5 0.371 0.471 0.304 0.220 0.206 0.350 0.523 0.801 0.394 0.300 0.367 

WIF1 0.442 0.467 0.430 0.385 0.337 0.437 0.466 0.437 0.833 0.566 0.396 

WIF2 0.380 0.473 0.324 0.436 0.386 0.406 0.438 0.415 0.836 0.490 0.430 

WIF3 0.350 0.550 0.223 0.304 0.384 0.427 0.468 0.443 0.778 0.458 0.532 

WQ1 0.409 0.397 0.377 0.407 0.362 0.421 0.390 0.314 0.519 0.802 0.390 

WQ2 0.462 0.393 0.411 0.358 0.310 0.360 0.371 0.347 0.489 0.764 0.417 

WQ3 0.474 0.493 0.341 0.265 0.397 0.404 0.425 0.323 0.439 0.734 0.366 

WQ4 0.401 0.381 0.461 0.346 0.282 0.380 0.403 0.371 0.469 0.780 0.466 

WS1 0.257 0.498 0.187 0.233 0.268 0.324 0.448 0.367 0.401 0.337 0.735 

WS2 0.323 0.395 0.297 0.302 0.303 0.319 0.455 0.402 0.411 0.414 0.781 

WS3 0.402 0.545 0.411 0.277 0.386 0.410 0.526 0.481 0.496 0.499 0.867 

 

5.2.1.5 Higher Order Construct 

“Higher-order constructs are second-order constructs that are composed of multiple first-order 

constructs that are related to a broad theme or concept. In other words, higher-order constructs 

are broad, umbrella constructs that are composed of more specific constructs”. (Bagozzi and 

Yi, 1988). A second-order construct is a latent construct that is composed of two or more first-

order constructs. In other words, a second-order construct is a construct that is composed of 

other, more specific constructs (Hair et al, 2017). Here we have three higher order constructs 

namely seller selection quality, website quality, and service quality of the marketplace. Seller 

selection has three first order construct namely, perceive price, product quality and delivery 

service. Website quality has three first order construct website design, informativeness, 

security and privacy. Service quality has two first order construct reputation and consumer 

responsiveness. “Reliability and validity of higher-order constructs is important because they 

are often used as the basis for research studies and theories. If a higher-order construct is not 

reliable or valid, it can lead to flawed research findings and theories, which can have significant 

implications for scientific understanding and practical applications” (Bagozzi and Yi, 1988). 
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In order to evaluate the dependability and accuracy of the higher order concept, we utilized the 

method of repeated indicators as recommended by (Sarstedt et al., 2019). 

5.2.1.5.1 Repeated Indicator Approach 

The repeated indicators approach is a statistical method that can be used to assess the reliability 

and validity of higher-order constructs. This approach involves using multiple indicators 

(observed variables) to measure a higher-order construct and examining the extent to which the 

higher-order construct is able to explain variance in the indicators. If the higher-order construct 

is able to explain a significant amount of variance in the indicators, it is considered to be reliable 

and valid. (Hair et al., 2017). 

Convergent reliability and validity of the higher order construct was accessed using repeated 

indicator approach as suggested by Sarstedt et al., (2019). Cronbach’s alpha, C.R, and AVE of 

each higher-order construct value are above the recommended limit of 0.60, 0.070, and 0.50, 

respectively shown in table 5.21 for all three higher order construct. This suggests that the 

Cronbach alpha coefficient, composite reliability (C.R.), and average variance extracted (AVE) 

of the higher-order constructs are all above the recommended limits for convergent validity. 

This indicates that the higher-order constructs have suitable convergent reliability and validity. 

Table 5.21: Convergent Reliability and Validity of Higher order construct 

 

Cronbach's 

alpha 

Composite 

reliability 

Average variance extracted 

(AVE) 

Seller Selection Quality 0.678 0.804 0.578 

Services Quality 0.809 0.912 0.839 

Website Quality 0.797 0.881 0.711 

 

Discriminant validity of higher-order constructs can be accessed by compare the higher-order 

construct to its lower-order constructs. Lower-order constructs are more specific constructs that 

are related to the higher-order construct being studied. If the higher-order construct 



134 
 

significantly explains the variance in its lower-order constructs, it is considered to have 

discriminant validity (Hair et al., 2017). Discriminant validity was established for the higher 

order construct with first order construct purchase intention, trust and e-WOM, using two 

techniques Fornell-Larcker criterion and Hetrotrait-Monotrait Ratio (HTMT). Table 5.22 

indicate both Fornell-Larcker criterion and HTMT technique, where indicate that square of 

AVE correlation between the construct is higher than another construct indicated diagonally, 

and HTMT ratio value found to within the threshold limit 0.90. Which indicates that all our 

higher order construct with first order construct of this study has strong discriminant validity. 

Table 5.22: Higher Order Discriminant Validity 

Fornell-Larcker Criterion 1 2 3 4 5 6 

1.Purchase Intention 0.909      

2.Trust 0.598 0.833     

3.e-WOM 0.514 0.439 0.809    

4.Seller Selection Quality 0.593 0.63 0.45 0.762   

5.Service Quality 0.537 0.742 0.44 0.578 0.916  

6.Website Quality 0.584 0.692 0.518 0.698 0.684 0.844 

Hetrotrait-Monotrait Ratio 1 2 3 4 5 6 

1.Purchase Intention 
      

2.Trust 0.669      

3.e-WOM 0.580 0.493     

4.Seller Selection Quality 0.784 0.831 0.598    

5.Service Quality 0.629 0.868 0.517 0.794   

6.Website Quality 0.688 0.824 0.613 0.874 0.853   

 

The validation of the measurement model for both lower-order and higher-order constructs has 

been established based on the criteria for reliability, convergent validity, and discriminant 

validity. This provides evidence that the measurement items utilized for the constructs are 

dependable and appropriate for estimating the parameters of the structural model. 
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4.2.2 Structural Model 

Once a reliable and validated measurement model, known as the outer model, has been 

established in a partial least squares structural equation modeling (PLS-SEM) analysis, the 

subsequent step involves estimating the linear relationships assumed between the exogenous 

(independent) and endogenous (dependent) latent variables. This estimation is carried out by 

computing the inner model, which is made up of a series of structural equations that represent 

the proposed model. Unlike covariance-based approaches, PLS-SEM lacks a standard 

goodness-of-fit statistic, and as a result, non-parametric statistical tests are often utilized to 

assess the overall fit of the model. There are several commonly used criteria for evaluating the 

quality of a PLS-SEM model, including the coefficient of determination (R2), path coefficient 

(β), effect size (f2), and prediction relevance (q2) (Chin, 2010; Henseler et al., 2009). Table 

5.23 provides a detailed overview and threshold values for each non-parametric criterion to 

assess the structural model quality. 

Table 5.23 Structural Model Assessment  

Criterion Purpose 
Threshold 

Value 
Citation 

Coefficient of 

determination (R-Square) 

It indicates the proportion of the variance 

in the endogenous construct that is 

explained by the predictor constructs in 

the model. 

>10%  
(Falk and Miller, 

1992). 

Cross-validated 

redundancy (Q-Square) 

It indicates the ability of the model to 

predict the endogenous construct. 
>0 

(Hair et al., 

2017) 

Path coefficients (β) 

To measure the strength and direction of 

the relationship between two latent 

variables. 

t>1.96 at 

5% 

Significance 

(Hair et al, 2006) 

Effect Size (f-Square) 

To defined the proportion of variance in 

the dependent variable that is explained by 

the independent variable. 

>0.02 (Chin, 1998) 

SRMR 

To measures the discrepancy between the 

observed covariance matrix and the 

model-implied covariance matrix. It 

indicates the overall model fit 

<0.08 
(Dijkstra and 

Henseler, 2015) 
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5.2.2.1 Coefficient of determination (R2) 

“The coefficient of determination (R2) is a measure of the fit of a model to the data, and is 

defined as the proportion of variance in the dependent variable that is explained by the 

independent variables” (Keil et al., 2000). In a structural equation model, R2 can be used to 

evaluate the ability of the model to explain the variance in the endogenous (dependent) 

variables. “R square represents the level of the latent constructs explained variance, and can be 

used to measure the goodness of fit of the model against the observed items” (Chin, 1998). The 

value of R2 may vary depending on the number of independent variables in the model. 

Typically, a greater quantity of independent variables is anticipated to generate a greater R2 

value, whereas a smaller quantity of independent variables is expected to yield a lower R2 

value. As per Chin's (1998) recommendations, R2 values of 0.67, 0.33, and 0.19 are considered 

significant, moderate, and weak, respectively, in regards to the degree of fit between the model 

and the data. 

In this study SmartPls algorithm function been used to calculate R2. Bootstrap function heled 

in generating 2000 resample and in accessing t-statistics value. Result of our structural model 

shows that online marketplace quality dimensions explain 63.5% variance in trust and 32.5% 

variance in e-word of mouth. Additionally, trust and e-word of mouth with all online 

marketplace quality dimensions explain 53.5% variance in purchase intention (Figure 5.4). The 

result indicates this model explain large variation in trust, and least in e-word of mouth, which 

later contribute with together and explain variation in purchase intention. Based on the R2 

values for the endogenous variables in the model, it can be inferred that the structural model 

possesses a sufficient predictive capacity (Chin, 1998). 
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5.2.2.2 Cross-Validation Redundancy (Q2) 

An alternative means of evaluating the predictive significance of a structural model is by 

utilizing the cross-validated redundancy (Q2) statistic. This metric relies on the notion of 

"blindfolding," which entails withholding a segment of the data matrix, estimating the model 

parameters using the remaining data, and subsequently predicting the withheld section with the 

previously computed estimates. The Q2 statistic is derived by computing the difference between 

the predicted and original values for the withheld data. A lesser discrepancy between these 

values implies a higher Q2 value. According to Hair et al. (2013), Q2 values of 0.02, 0.15, and 

0.35 are categorized as weak, moderate, and strong indicators of the model's predictive 

relevance. 

Q2 is considered a measure of out-of-sample prediction because it estimates the model's ability 

to accurately predict values that were not used in the model's estimation. According to Rigdon 

(2014) and Sarstedt et al. (2017), “Q2 values greater than zero for a particular endogenous 

construct indicate that the model's predictive accuracy is acceptable for that construct. There 

are two approaches to calculating Q2: cross-validated redundancy and cross-validated 

communality” Hair et al. (2012). Recommends to use of cross-validated redundancy as the 

preferred method. The result indicate that trust has highest Q2 value 0.63, followed by purchase 

intention 0.53 and least 0.292 for e-word of mouth (Table 4.25). Based on the Q2 values for the 

endogenous variables in the model, can be concluded that structural model has strong 

predictive relevance (Rigdon, 2014). 

5.2.2.3 Path Coefficient 

Path coefficients are a key aspect of structural equation modeling (SEM) and are used to 

represent the strength and direction of the relationship between two latent variables (also 

known as hypothetical constructs). These coefficients are calculated using ordinary least 

squares regression and can be interpreted as standardized beta coefficients (Hair, Hult, Ringle, 
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& Sarstedt, 2017). One of the primary purposes of path coefficients is to confirm or disconfirm 

hypotheses about the relationships between the constructs and used for path coefficients to test 

this hypothesis and determine whether it is supported by the data.  

 

Figure 5.4: Analysed Structural Model 
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To determine the significance of path coefficients, used the SmartPls bootstrapping technique 

to calculate t-statistics (Hair et al., 2017). This enables to evaluate whether the associations 

between the constructs are statistically meaningful. Table 5.25 displays the path coefficients, 

t-statistics, and significance levels for all proposed relationships, while figure 5.4 depicts the 

analyzed structural model with path coefficients and p-values. Depending on the outcomes of 

the path analysis, each proposed hypothesis is either accepted or rejected. These findings are 

subsequently discussed in the succeeding section. 

5.2.2.4 Hypotheses Testing 

To assess the suggested hypotheses and structural model, the path coefficients linking the latent 

variables were analyzed. As per Wetzels et al. (2009), a path coefficient value of at least 0.1 is 

necessary to signify a significant influence within the model. Path coefficients are standardized 

on a scale ranging from -1 to +1, with coefficients nearing +1 representing strong positive 

relationships and coefficients nearing -1 indicating strong negative relationships (Hair et al., 

2011). It is important to interpret the meaning of the size of the coefficient in the context of the 

research being conducted. Assessing the potency of the association between variables becomes 

more meaningful when the magnitude of the path coefficient is evaluated in the context of the 

study. In this particular model, eleven of the proposed hypotheses were supported based on the 

path coefficient values presented in Table 5.25. All supported hypothesis is significant at 5% 

(p<0.05) level at positively direction as proposed and value of path coefficient range between 

0.119 to 0.473. 

As shown in the table 5.25, all the dimensions of online marketplace quality namely seller 

selection quality, website quality and marketplace service quality are positively related to trust 

(β= 0.204; p<0.00, β= 0.226; p<0.00, β= 0.473; p<0.00), supporting H4, H5 and H6. Similarly, 

all three dimensions of online marketplace quality is positively related to e-word of mouth (β= 

0.119; p<0.02, β= 0.346; p<0.00, β= 0.125; p<0.01), supporting H7, H8 and H9. However, two 
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dimensions of the online marketplace website quality and service quality not significant related 

to purchase intention (β= 0.086; p>0.18, β= 0.047; p>0.37), rejecting H2 and H3. And one 

dimension seller selection quality found positive related to purchase intention (β= 0.242; 

p<0.00), supporting H1. Further trust is positive related to purchase intention (β= 0.243; 

p<0.00), supporting H10. Similarly, e-word of mouth positively related to purchase intention 

(β= 0.194; p<0.00), supporting H11. 

All paths connecting the quality dimensions of the online marketplace with trust and e-word of 

mouth were significant and consistent with the proposed theoretical model. The strongest path 

coefficient was observed between service quality and trust. followed by website quality and e-

word of mouth and the least was between seller selection quality and e-word of mouth. 

Marketplace service quality is major antecedent of trust, and for e-word of mouth website 

quality is major antecedent at online marketplace. 

Table 5.25: Path Coefficient 

Path Beta Coefficient T statistics P values 2.50% 97.50% HYP Status 

TR -> PI 0.243 4.631 0.00 0.135 0.337 H10 Accepted 

EW -> PI 0.194 4.376 0.00 0.105 0.274 H11 Accepted 

SSQ -> PI 0.242 5.062 0.00 0.148 0.333 H1 Accepted 

SQ -> PI 0.047 0.904 0.37 -0.048 0.152 H3 Rejected 

WQ -> PI 0.086 1.339 0.18 -0.039 0.204 H2 Rejected 

SSQ -> TR 0.204 5.101 0.00 0.128 0.284 H4 Accepted 

SQ -> TR 0.473 11.544 0.00 0.399 0.551 H6 Accepted 

WQ -> TR 0.226 4.751 0.00 0.134 0.324 H5 Accepted 

SSQ -> EW 0.119 2.283 0.02 0.006 0.215 H7 Accepted 

SQ -> EW 0.125 2.493 0.01 0.03 0.22 H9 Accepted 

WQ -> EW 0.346 5.616 0.00 0.221 0.461 H8 Accepted 
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5.2.2.5 Effect size (f2) 

Effect size (f2) is a statistical measure that quantifies the strength of the relationship between 

variables in a model. It is commonly used to compare the strength of various relationships 

within a model or between different models. Effect size is calculated by dividing the explained 

variance by the total variance in the model. A larger value of f2 indicates a stronger relationship 

between the variables, while a smaller value indicates a weaker relationship. Additionally, the 

F-square represents the change in R-square when an exogenous variable is removed from the 

model. According to Wong (2013), Q2 values of 0.02, 0.15, and 0.35 are considered to indicate 

weak, moderate, and strong effects, respectively. 

Based on the data presented in table 5.26, most of the relationships in the model showed a 

moderate effect size, as evidenced by an f2 value exceeding 0.02. This indicates that including 

additional independent variables or paths has little impact on the shared variance of the 

dependent variable. Regarding the path leading to trust and e-word of mouth, all of the 

marketplace quality dimensions were found to have significant f2 values, ranging from 0.20 to 

0.294. Partially significant paths were observed for the dependent variable purchase intention, 

with only trust, e-word of mouth, seller selection quality, and one control variable, shopping 

experience, having significant effects, with f2 values of 0.046, 0.052, 0.056, and 0.035, 

respectively. The moderately strong relationship between these variables was indicated by the 

significant β value and its corresponding f2 value. 

5.2.2.6 Model Goodness  

The evaluation of a statistical model's goodness typically depends on the strength of the 

structural paths and the R-square value of the dependent variable. The R-square value 

determines the predictive ability of the model, indicating the extent to which independent 

variables explain the variance in the dependent variable. Q-square determines the predictive 

relevance of the model, reflecting the degree to which a variable's inclusion improves the 
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prediction of the dependent variable. F-square measures the change in R-square when an 

exogenous variable is removed from the model and quantifies the contribution of a particular 

variable to the overall prediction of the dependent variable. Adding high F-square exogenous 

variables can significantly enhance the model's predictive ability. SRMR assesses the fit of a 

structural equation model by measuring the root mean square of the residuals, standardized by 

the observed variable variance. In SmartPls, an SRMR value below 0.08 indicates a good model 

fit, as per Hair et al.'s (2006) recommendation. 

Overall, the goodness of a statistical model is determined by a combination of these measures, 

and a model with strong structural paths and high R-square and Q-square values is generally 

considered to be a good fit for the data. Table 5.26 present the overall model goodness values 

R2, Q2, f2 and SRMR, the value shows that overall, our model is moderately strong. 

Table 5.26: Model Goodness 

Variables Outcomes  R Square Q Square f Square SRMR 

Trust   

Purchase Intention 0.535 0.456 

0.046** 

0.047 

E-Word of Mouth 0.052** 

Seller Selection Quality   0.056** 

Service Quality   0.004 

Website Quality   0.006 

Gender 0.001 

Age 0.001 

Education 0.005 

Experience 0.035** 

Hours Spend 0.011 

Frequency 0.008 

Seller Selection Quality 

Trust 0.634 0.623 

0.051** 

Service Quality 0.294*** 

Website Quality 0.063** 

Seller Selection Quality 

E-Word of Mouth 0.312 0.292 

0.027* 

Service Quality 0.02* 

Website Quality 0.052** 
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5.2.2.7 Model Comparison 

Model comparison refers to the process of evaluating and comparing different statistical 

models in order to determine which model best represents the data. When comparing models 

with and without control variables, the goal is to determine whether the inclusion of the control 

variables improves the fit of the model or change the relationship between the dependent and 

independent variable. 

Evaluating the influence of control variables on the dependent variable is a crucial stage in 

statistical analysis. Control variables are used to hold constant other factors that might 

influence the relationship between the independent and dependent variables. By holding these 

factors constant, we can more confidently attribute any observed relationship between the 

independent and dependent variables to the factors being tested. In this study, several control 

variables were incorporated in the analysis, namely gender, educational background, age, 

shopping experience, and number of purchases. The purpose of including these variables was 

to control for potential effects that are not related to the tested hypothesized relationships. 

To assess the effect of the control variables on the dependent variable, a post-hoc analysis was 

conducted using SmartPLS, a structural equation modeling software. This analysis involved 

treating the control variables as independent variables and examining the path coefficients and 

significance of the values. The results of this analysis indicated that the relationships between 

the independent variables and the dependent variable were not changed, even when the control 

variables were included in the model. However, control variable improves the model fit R2 

value from 50.8% to 53.5%. Based on the results, it can be inferred that the independent and 

dependent variables were not significantly affected by the control variables, but have 

significant in improving model fit shown in table 5.27. 
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Some of the control variable found to be significantly related dependent variable. Number of 

year shopping experience and purchase frequency has significant effect on purchase intention. 

Gender, age, experience and, purchase frequency has significant effect of e-word of mouth, 

and none of this control has significant effect on trust. Out of all control variable shopping 

experience found to be highly related to purchase intention (β= 141; p<00) and e-word of mouth 

(β= 0.161; p<0.00) and lowest purchase frequency and purchase intention (β= 0.073; p<0.018) 

and age and e-word of mouth found to be negatively significant (β= -0.094; p<0.070). Gender 

and purchase frequency has significant effect on e-word of mouth (β= 151; p<0.039; β= 0.096; 

p<0.004).  

Table 5.27: Path coefficient with and without control variable  

  Without Control With Control 

  Beta Coefficient T statistics 

P 

values Beta Coefficient T statistics 

P 

values 

Trust -> PI 0.237 4.519 0.000 0.243 4.627 0.000 

e-WOM -> PI 0.206 4.659 0.000 0.192 4.316 0.000 

SSQ -> PI 0.257 5.281 0.000 0.239 4.96 0.000 

SQ -> PI 0.038 0.711 0.477 0.045 0.867 0.386 

WQ -> PI 0.105 1.595 0.111 0.092 1.409 0.159 

SSQ -> Trust 0.194 4.844 0.000 0.194 4.844 0.000 

SQ -> Trust 0.467 11.253 0.000 0.467 11.253 0.000 

WQ -> Trust 0.237 4.915 0.000 0.237 4.915 0.000 

SSQ -> e-WOM 0.146 2.817 0.005 0.13 2.464 0.015 

SQ -> e-WOM 0.133 2.61 0.009 0.134 2.67 0.008 

WQ -> e-WOM 0.325 5.07 0.000 0.336 5.388 0.000 

Gender -> PI    0.051 0.812 0.417 

Age -> PI    0.028 0.844 0.399 

Education -> PI    -0.06 1.642 0.100 

Experience -> PI    0.141 4.086 0.000 

Frequency -> PI    0.073 2.371 0.018 

Gender -> e-WOM    0.151 2.063 0.039 

Age -> e-WOM    -0.094 1.814 0.070 

Education -> e-WOM    0.046 1.125 0.261 

Experience -> e-WOM    0.161 4.249 0.000 

Frequency -> e-WOM       0.096 2.854 0.004 

R-Square 0.508 0.535 
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5.2.2.8 Mediation Testing 

Mediation testing is a statistical technique that helps determine whether a relationship between 

two variables is indirect, or mediated, through one or more other variables. Its aim is to examine 

whether a third variable, known as a mediator, explains the relationship between an 

independent variable and a dependent variable. To conduct mediation testing, one needs to 

estimate the strength of the total effect between the independent and dependent variables, the 

direct effect between the independent variable and the mediator, and the indirect effect between 

the mediator and the dependent variable. If the indirect effect is statistically significant, this 

indicates that the mediator is indeed influencing the relationship between the independent and 

dependent variables. 

In this particular study, mediating effect of trust and e-word of mouth between the online 

marketplace quality dimension and purchase intention evaluated using SmartPls bootstrap 

function. Based on the analysis of total effects, it appears that the relationship between online 

marketplace quality dimensions and purchase intention may be mediated by trust and e-WOM. 

In order to test this potential mediating effect, it is necessary to answer the following research 

questions (Hair et al., 2014): 

1. Is the relationship between online marketplace quality dimensions and purchase intention 

statistically significant when trust and e-word of mouth are excluded from the model? 

2. Is the relationship between online marketplace quality dimensions and purchase intention 

statistically significant when trust and e-word of mouth are included in the model? 

3. How much of the relationship between online marketplace quality dimensions and purchase 

intention is explained by trust and e-word of mouth? 

Answering these research questions can help to determine whether trust and e-word of mouth 

are indeed mediators in the relationship between online marketplace quality dimensions and 
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purchase intention. In the first research question found a statistically significant result between 

online marketplace quality dimensions and purchase intention, and the second research 

question also found mediator has significant relationship with online marketplace quality 

dimesons and purchase intention. Results in table 5.28 indicate that are reduced in magnitude 

compared to the first research question, this suggests that trust and e-word of mouth are 

mediating the relationship between these variables. The third research question provide insight 

into the relative importance of the mediators in explaining the relationship between the 

independent and dependent variables. 

All the hypothesized mediating effect between online marketplace quality and purchase 

intention found to be significant as indicated in table 5.28. The difference between indirect 

effect through trust and e-word of mouth is 0.104, which indicate that trust has stronger 

mediating effect than e-word of mouth. Trust and e-word of mouth partially mediates the 

relationship between seller selection quality and purchase intention, supporting H16, and H17. 

However, trust and e-word of mouth full mediating the relationship between online 

marketplace service quality and purchase intention, supporting H14, and H15, and also between 

online marketplace website quality and purchase intention, H12, and H13. The VAF value 

range for all online marketplace quality dimensions and purchase intention ranging from 24% 

to 76%. The VAF for indirect effect between seller selection quality and purchase intention 

was lowest 24%, indicating partial mediation, VAF value for indirect effect between service 

quality and purchase intention was 76%, indication fully mediation and VAF for indirect effect 

website quality and purchase intention was 58%, fully mediation suggested by Hair Jr et al. 

(2014). 
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Table 5.28: Mediating Effect 

Path 
Total 

Effect 

T 

Value 

P 

value 

Direct 

Effect 

T 

Value 

P 

value 

Indirect 

Path 

Indirect 

Effect  

T 

value 

P 

Value 
HYP Status 

WQ -> 

PI 
0.212 3.36 0.001 0.092 1.443 0.150 

WQ -> TR 

-> PI 
0.059 3.566 0.000 H12 Accepted 

WQ -> 

EW -> PI 
0.062 3.143 0.002 H13 Accepted 

SQ -> PI 0.184 3.76 0.000 0.045 0.853 0.394 

SQ -> TR 

-> PI 
0.114 4.484 0.000 H14 Accepted 

SQ -> EW 

-> PI 
0.026 3.143 0.020 H15 Accepted 

SSQ -> 

PI 
0.314 6.16 0.000 0.239 4.930 0.000 

SSQ -> 

TR -> PI 
0.047 3.064 0.002 H16 Accepted 

SSQ -> 

EW -> PI 
0.028 2.335 0.020 H17 Accepted 

 

5.2.2.9 Moderation Analysis 

Moderation analysis is a statistical approach utilized to explore the relationship between two 

variables and how it is affected by a third variable, known as the moderator. The purpose of 

moderation analysis is to test the theory that the relationship between two variables varies 

depending on the level of the moderator variable. Moderation regression, relationship between 

two variables is examined using a multiple regression model, with the moderator variable 

included as an interaction term. 

In this particular study, moderating effect of social media use between the online marketplace 

quality dimension and purchase intention evaluated using SmartPls bootstrap function. The 

results as shown in table 5.29 suggest that social media use negatively moderate the relationship 

between seller selection quality and purchase intention (β= -112; p<0.033) as total effect of 

seller selection quality on purchase intention positively significant supporting H18, and 

positively moderate between website quality and purchase intention (β= 178; p<0.028) as total 

effect between website quality and purchase intention positively significant, supporting H20. 

However social media use not moderating between marketplace service quality and purchase 

intention (β= 0.112; p>0.028), rejecting hypothesis H19.  
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Table 5.29: Moderation Analysis 

  

Social Media Uses x SSQ 

-> PI (H18) 

Social Media Uses x SQ 

-> PI (H19) 

Social Media Uses x WQ 

-> PI (H20) 

Beta 

Coefficient 
-0.112 -0.065 0.178 

T statistics 2.129 1.373 3.229 

P values 0.033 0.17 0.001 

F squre 0.024 0.004 0.028 

2.50% -0.222 -0.156 0.07 

97.50% -0.018 0.031 0.283 

Status Accepted Rejected Accepted 

R Square 

Before 
0.518 

R Square 

After 
0.535 

 

5.2.2.9.1 Interaction Graph 

An interaction graph is a visual tool used to represent the moderating effect of a variable on 

the relationship between two other variables. It displays how the relationship between the two 

variables changes based on the level of the moderator variable. The interaction graph plots the 

relationship between the two main variables for different levels of the moderator variable. 

When the lines on the graph are parallel, this indicates that the moderator variable has no impact 

on the relationship between the two main variables. However, when the lines are not parallel, 

it suggests that the moderator variable has an effect on the relationship. 

Figure 5.5 presents an interaction graph illustrating the moderating effect of social media use 

on the relationship between online marketplace quality and purchase intention. The graph 

shows that the relationship between seller selection quality and purchase intention is weaker at 

higher levels of social media use but stronger at lower levels of social media use. On the other 

hand, the relationship between online marketplace website quality and purchase intention is 

stronger for people who use social media frequently compared to those who use it less often. 
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These findings suggest that social media use has a moderating effect on the relationship 

between these variables. 

 

Figure 5.5: Slope analysis 

Summary 

SmartPLS was used to analyse the marketplace quality dimensions that contribute to online 

purchase intention and its impact on consumer trust and e-word of mouth. The analysis of both 

the measurement and structural models yielded a number of important findings. 

Firstly, the pre-test analysis of the survey data showed that the sample was adequate and the 

data were free from bias. The demographic details of the sample were representative, and the 

data were normally distributed. Experience, the number of hours spent on the online 

marketplace, and purchase frequency had a significant effect on purchase intention. In some 

product categories, there were higher or lower levels of purchase intention, trust, and e-word 

of mouth. 

The second key finding of this study pertains to the reliability and validity of the structural 

model. The composite reliability values for all constructs were above 0.7, indicating good 

reliability. Additionally, all item loadings were significant at the level of 0.001 and fell within 

the recommended range, indicating good construct validity. The measurement model also 

demonstrated good convergent and discriminant validity, as evidenced by the average variance 
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extracted (AVE) values that fell within the recommended range. All manifest variables loaded 

onto their respective latent variables, and the square roots of AVE for each construct were 

greater than their inter correlations, indicating good discriminant validity. 

Thirdly, the validation of the structural model yielded satisfactory outcomes. The R2 values 

were considerable, ranging from moderate to satisfactory levels. Moreover, nine out of the 

eleven proposed paths in the structural model were validated, with beta (β) values exceeding 

0.1 and being statistically significant at the 0.05 level. These findings suggest that the model is 

able to explain a significant portion of the variance in the data and that the proposed 

relationships are supported by the data. 

The structural model revealed the presence of two moderating variables, namely trust and e-

word of mouth, which fully mediated the association between website quality and purchase 

intention, as well as service quality and purchase intention. In addition, they exhibited a partial 

mediation effect on the link between seller selection quality and purchase intention. 

Furthermore, this study investigated the moderating impact of consumer social media use on 

the correlation between online marketplace quality dimensions and purchase intention. The 

findings indicated that the association between seller selection quality and purchase intention 

was weaker at higher levels of social media use, while it was stronger at lower levels of social 

media use. In contrast, the relationship between website quality and purchase intention was 

reversed. The correlation between service quality and purchase intention was found to be 

insignificant.  
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Chapter-6 

Discussion and Conclusion 

Overview 

In this particular chapter, the results that were presented in chapter 5 would be further 

elaborated upon and examined. The findings of the study has been analyzed and interpreted 

into two parts firstly result from the pre-test analysis and second from the structural equation 

modelling analysis to identify any theoretical and managerial implications that may have arisen 

as a result of the research. Furthermore, this chapter also acknowledged the limitations of the 

research and highlight any areas that may require further exploration in future studies. Finally, 

suggestions for future research have been provided, which include potential directions for 

further exploration in the field, approaches, or identifying areas where additional research is 

needed to build on the current findings. 

6.1 Discussion 

This dissertation has focused on exploring possible dimensions of online marketplace quality 

and its effect on consumer trust, electronic word-of-mouth (e-WOM), and purchase intention 

by experience consumers. The research was conducted using a model based on signaling 

theory, social exchange theory, social influence theory, Stimulus-Organism-Response (SOR) 

theory, and trust theory with social media use to find the effect on purchase intention. 

6.1.1 Demographic effect on consumer trust, E-WOM and Purchase intention 

The data was collected from the consumer having shopping experience in purchasing at online 

marketplace. The purchase intention or trust or e-WOM among the experience group can might 

can differ from different group of experience consumer. Same way possible that gender, age, 

education, time spend and purchase frequency group might differ in purchase behaviours. The 

study found that gender, age and education group had no significant difference with respect to 

consumer trust, e-WOM, and purchase intention. This result has been consistent with previous 
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research which found no significant relationship between age and education and online 

consumer behavior (Bhatnagar, Misra, & Rao, 2000; Al-maghrabi & Dennis, 2010). 

Findings also suggested that there was a significant relationship between consumer shopping 

experience at online marketplaces and purchase intention mean score. Specifically, the results 

indicated that consumers with one year of experience have a significantly lower purchase 

intention mean score compared to all higher experienced groups. Additionally, consumers with 

more than four years of shopping experience have similar purchase intention score. This 

suggests that higher consumer shopping experience at online marketplaces leads to higher 

purchase intention up to four years of experience, after which it becomes relatively stable. 

Previous research has also highlighted the impact of consumer shopping experience on 

purchase intention (Lin et al., 2011; Huang et al, 2021). The current study's findings extend 

this literature by demonstrating that the impact of shopping experience on purchase intention 

is not linear and may vary depending on the duration of the shopping experience. 

Furthermore, finding indicated that there is a positive relationship between shopping 

experience and e-WOM mean score. The results demonstrate that the initial three years of 

shopping experience led to similar e-WOM mean scores, after which the score increases until 

four years of shopping experience and then becomes relatively constant. This suggests that 

consumers with more experience are more likely to engage in e-WOM activities and provide 

positive feedback about the online marketplace up to four years of shopping experience, after 

which it becomes relatively stable. 

The study's findings also revealed that there is a significant relationship between the amount 

of time spent on the internet and e-WOM mean score. Specifically, consumers who spend six 

to ten hours on the internet have a higher e-WOM score compared to those who use less than 



153 
 

six hours. This result highlights the importance of targeted marketing strategies for online 

marketplaces to engage with consumers who spend a moderate amount of time on the internet. 

The study's findings suggest that consumer shopping experience at online marketplaces has a 

significant impact on purchase intention mean score and e-WOM mean score. The results 

demonstrate that higher consumer experience leads to higher purchase intention up to four 

years of experience, after which it becomes relatively stable. Additionally, the results suggest 

that consumers with more shopping experience and a greater number of hours spend on internet 

are more likely to engage in e-WOM activities and provide positive feedback about the online 

marketplace. These findings have practical implications for online marketplaces, emphasizing 

the importance of building long-term relationships with customers and targeting marketing 

efforts towards consumers who spend a moderate amount of time on the internet. 

6.1.2 Role of Product Category with respect to Purchase Intention, Trust and e-WOM 

The study results indicated that there are significant differences in purchase intention, trust, 

and e-WOM mean scores across different product categories. Specifically, the purchase 

intention mean score found to be significantly higher in fashion, appliances, books, and pet 

supplies categories. On the other hand, the trust mean score found to be significantly higher in 

the fashion category, while it has significantly lower in the pet supplies and industrial supplies 

categories. Additionally, the e-WOM mean score significantly higher in the appliances and 

fashion categories than all 11 other categories. 

These findings are consistent with previous research on the impact of product categories on 

consumer behavior (Cheung et al., 2008; Yoo & Gretzel, 2011). The current study's results 

extend this literature by demonstrating that the relationship between product categories and 

consumer behavior is not limited to purchase intention but also affects trust and e-WOM. 

Purchase intention mean score is significantly higher in fashion, appliances, books, and pet 
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supplies categories suggested that consumers are more likely to purchase products in these 

categories compared to other categories. These results attributed to the fact that these categories 

are more popular among consumers or that consumers perceive products in these categories to 

be of higher quality or value. 

Furthermore, the finding that trust mean score significantly higher in the fashion category 

suggests that consumers have a higher level of trust in fashion products compared to other 

categories. This finding explained by the fact that fashion is a highly visible and socially 

significant product category, and consumers may feel more comfortable purchasing from 

trusted sources in this category. Finally, founded that e-WOM mean score significantly higher 

in the appliances and fashion categories suggests that consumers are more likely to share 

positive or negative experiences about products in these categories at online marketplace. This 

finding may be due to the fact that these categories have a higher level of engagement and 

involvement among consumers, leading to more opportunities for creating e-WOM. 

The study's findings indicated practical implications for businesses in different product 

categories. Businesses need to be aware of the unique consumer behavior patterns across 

different product categories and tailor their marketing strategies accordingly. For example, 

businesses in the pet supplier and industrial supplies category may focus on building trust with 

consumers to enhance purchase intention, while businesses in the appliances category may 

leverage e-WOM to promote positive experiences. 

6.1.3 The relationship between online marketplace quality and purchase intentions (H1, H2, 

H3). 

The present study aimed to investigate the quality factors of online marketplace that predict 

purchase intention among online shoppers. The results showed that service quality and website 

quality of online marketplace were not significant predictors of purchase intention, which 
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contrasts with the findings of previous studies (Zeithaml, Parasuraman, & Malhotra, 2002; Lin, 

2007; Liang et al., 2011; Kim et al., 2012; Mohamad & Khalifa, 2017; Meents & Verhagen, 

2018), which consistently found that these factors were key predictors of purchase intention. 

The discrepancy between our findings and those of previous studies may be due to changes in 

consumer perceptions during the purchase decision process. Specifically, the quality of service 

and website provided by major online marketplaces is almost identical, and as a result, 

consumers may no longer perceive these quality factors as significant differentiators in their 

purchase decision-making process. This finding is consistent with previous research that 

suggested that as online shopping becomes more commonplace, consumers may become less 

sensitive to website quality and service quality, as these become expected aspects of the online 

shopping experience (Wang et al., 2019). 

Our study also found that online marketplace quality dimensions, specifically seller selection 

quality, have a significant positive influence on purchase intention. This finding is consistent 

with the previous studies by Dachyar and Banjarnahor (2017) and Chen et al. (2015), which 

suggest that seller evaluation quality influence purchase intention. This study provided 

empirical evidence for these relationships. Indicating that online marketplaces should shift their 

focus from website and service quality to seller selection quality in order to remain competitive 

in the market. By improving their delivery services and offering competitive prices, online 

marketplaces can better meet the changing needs and preferences of consumers and improve 

their overall purchase intention. 

This finding supported the idea that customers may prioritize factors such as perceive price and 

delivery lead time, delivery cost, and perceive product quality over other factors when making 

purchasing decisions, particularly when the overall website and service quality is similar across 

different e-retailers. This finding is in line with previous study which found that even small 
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differences in price or delivery lead time can have a significant impact on customer decision-

making (Kalia and Paul 2021). 

6.1.4 The relationship between Online Marketplace Quality and Trust (H4, H5, H6) 

The present study found a significant and positive effect of website quality and service quality 

seller selection on consumer trust, which is consistent with the results of previous research 

studies (Turban et al., 2006; Wei et al., 2019; Kim & Lennon, 2013; Yoo et al., 2015). This 

finding implies that online marketplace operators can build trust among their customers by 

improving these quality dimensions. A well-designed website with easy navigation, secure and 

user-friendly features, high-quality services such as prompt and responsive, can all contribute 

to building customer trust in the online marketplace. However, this study also identifies a new 

quality dimension, namely seller selection quality, which has a positive and significant effect 

on trust. 

The findings of this study have importance for online marketplace, as they suggest that 

enhancing website quality, service quality, and seller selection quality could help to build trust 

with customers. In particular, online marketplace should focus on improving the quality of their 

seller selection process, including delivery service, perceived product quality, and product 

price, to enhance trust in the online marketplace. This is consistent with the results of previous 

studies that have emphasized the importance of improving trust in online transactions (Chen & 

Barnes, 2007; Gefen & Straub, 2004, Kim et al., 2012). 

The present study also found that service quality had a higher effect on consumer trust 

compared to website quality and seller selection quality in online marketplaces. This finding 

been consistent with previous studies that have also found service quality to be a crucial factor 

in building consumer trust in online platforms (Yen et al., 2008; Lui et al., 2016; Paraskevas & 

Altinay, 2015; Li et al., 2019; Liu et al., 2020). Service quality, such as customer support and 
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responsiveness, has become essential for creating a positive shopping experience and 

promoting trust in the online marketplace. When customers receive high-quality service, they 

are more likely to trust the marketplace and make repeat purchases. Although website quality 

and seller selection quality also found to have a significant effect on consumer trust, their effect 

has not as strong as that of service quality. This may be due to the fact that many online 

marketplaces have similar website designs and product offerings, making it difficult for these 

factors to distinguish one marketplace from another. On the other hand, service quality is more 

tangible and can highly impact the customer trust. 

6.1.5 The relationship between Online Marketplace quality and trust (H7, H8, H9) 

The current study provided empirical evidence that website quality and service quality have a 

positive and significant effect on e-WOM. This finding is consistent with previous studies 

(Hennig-Thurau et al., 2004; Sparks & Browning, 2011; Yang et al., 2015) which suggested 

that website quality and service quality are important factors influencing e-WOM. However, 

our study extends the previous research by identifying a new quality dimension, seller selection 

quality, which also has a positive and significant effect on e-WOM. This finding suggests that 

the online marketplace can enhance e-WOM by improving the quality of seller selection, 

including delivery service, Delivery lead time, perceived product quality, and product price. 

The importance of seller selection quality in influencing e-WOM have been explained by the 

fact that consumers often rely on the feedback of other consumers when making a purchase 

decision. Positive feedback from previous customers regarding the quality of seller selection, 

such as fast delivery, good quality products, and competitive prices, create a positive image of 

the online marketplace and lead to more favorable e-WOM. 

The current finding also suggested that website quality has a higher impact on e-WOM 

(electronic word-of-mouth) compared to online marketplace service quality and seller selection 
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quality. This finding is consistent with previous studies that have reported similar results (Chu 

& Kim, 2011; Kim & Ko, 2012; Ginting et al., 2023). Indicating that the website act as the 

primary interface between the online marketplace and the consumer. Therefore, a high-quality 

website can provide a positive first impression, enhance the user experience, and increase the 

likelihood of positive e-WOM. Additionally, a user-friendly and visually appealing website 

improve consumers' perceptions of the overall quality of the online marketplace. However, it 

is important to note that while website quality may have a higher impact on e-WOM, online 

marketplace service quality and seller selection quality still have a significant influence. Online 

marketplace service quality can enhance the overall consumer experience, increase satisfaction, 

and ultimately lead to positive e-WOM. Similarly, a high-quality seller selection that offers 

fast and reliable delivery, good product quality, and competitive pricing also contribute to 

positive e-WOM. While, website quality has a higher impact on e-WOM, online marketplace 

service quality and seller selection quality has also important quality factors that should not be 

overlooked by online retailers. A comprehensive approach that addresses all three quality 

dimensions can improve the overall consumer experience and increase the likelihood of 

positive e-WOM.  

6.1.6 The relationship between Trust, e-WOM and Purchase Intention (H10, H11) 

The present study found that trust and e-WOM are positively and significantly associated with 

purchase intention in the context of online marketplace. This result is consistent with prior 

studies (Kim and Prabhakar 2000; Yeh and Li 2009; Chen et al., 2010; Damayanti et al., 2017; 

Fhonna and Utami, 2018) who have reported similar findings regarding the relationship 

between trust and purchase intention. In addition, this study also supports previous research on 

the relationship between e-WOM and purchase intention (Park et al., 2011; Chu and Kim 2011; 

Yan et al., 2018; Matute et al., 2016; Kudeshia and Kumar, 2017; Wandoko and Panggati, 

2022). 
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The finding suggests that establishing trust and encouraging positive e-WOM helps to increase 

purchase intention at the online marketplace. Trust can be developed by improving website and 

service quality, as well as by enhancing seller selection quality. These results have implications 

for online marketplace operators who can focus on enhancing the quality of their website and 

service, and ensuring that sellers provide high-quality products and services to improve trust 

and e-WOM, ultimately leading to increased purchase intention. 

6.1.7 Mediating Role of Trust and E-WOM in Relationship between Online Marketplace 

Quality and Purchase Intention (H12, H13, H14, H15, H16, H17) 

6.1.7.1 Mediating Role of Trust and E-WOM in Relationship between Website Quality and 

Purchase Intention (H13, H14) 

The current study examined the mediating effect of both trust and e-WOM in the relationship 

between online marketplace quality and purchase intention. This finding highlighted the 

importance of considering both trust and e-WOM as simultaneous mediators, rather than 

treating them as separate moderating variables. Previous studies have mostly examined either 

trust or e-WOM as a single moderating variable, overlooking the potential joint effect of both 

in mediating the relationship between online marketplace quality and purchase intention. 

The finding of this study indicated that trust and e-WOM fully mediate the relationship between 

website quality and purchase intention in the context of the online marketplace. This means 

that the effects of website quality on purchase intention are entirely dependent on the level of 

trust and e-WOM that customers have towards the online marketplace. This finding is 

consistent with previous literature, which has suggested that trust and e-WOM are important 

mediators in the online marketplace (Liu & Lee, 2016). 

Interestingly, this study also found that considering both mediators, i.e., trust and e-WOM, can 

be the reason for full mediating. Wang et al., (2015) discovered that trust partially mediates the 
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relationship between website quality and purchase intention, while Napawut et al., (2022) 

suggested that e-WOM partially mediates the relationship between website quality and 

purchase intention. However, this study's finding suggests that considering both trust and e-

WOM as mediators lead to full mediating of the relationship between website quality and 

purchase intention in the online marketplace. 

6.1.7.2 Mediating Role of Trust and E-WOM in Relationship between Service Quality and 

Purchase Intention (H15, H16) 

The current study found that trust and e-WOM fully mediate the relationship between online 

marketplace service quality and purchase intention. This finding supports previous literature 

that has emphasized the role of trust in online transactions (Leong et al., 2019; Chang et al., 

2009) and the importance of e-WOM as a significant driver of online purchasing behavior 

(Duarte et al., 2018). The result also highlights the zero effect of service quality on purchase 

intention, which may be attributed to the fact that customers perceive merchant's 

trustworthiness through their service interaction, experience and opinions as an important 

source of information to form their purchase intention, rather than just being influenced by 

their service experience with the merchant and thus the relationship between service quality 

and purchase intention is entirely dependent on trust and e-WOM. This finding is in line with 

the view that social influence plays a crucial role in shaping customers' attitudes and behaviors 

in the online marketplace (Zha et al., 2018, Leong et al., 2019). 

Finding highlights the importance of trust and e-WOM as mediating factors in the relationship 

between online marketplace service quality and purchase intention. The result suggested that 

service quality alone may not be enough to drive purchase intention, and merchants should 

focus on building trust with their customers and leveraging the power of e-WOM to influence 

customers' purchase decisions. 
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6.1.7.3 Mediating Role of Trust and E-WOM in Relationship between Seller Selection 

quality and Purchase Intention (H17, H18) 

The present study provided evidence that seller selection quality is an important factor that 

influences consumer purchase intentions in the context of online marketplaces. Our findings 

support previous research that has highlighted the importance of including seller selection 

quality as a dimension of online marketplace quality. The results indicated that seller selection 

quality has a significant positive influence on purchase intention, both directly and indirectly 

through the mediating effects of trust and e-WOM. The significance of seller selection quality 

consistent with previous research (Kim et al., 2012; Dachyar and Banjarnahor, 2017; Chen et 

al., 2015), which has highlighted the importance of including seller evaluation as an important 

factor in predicting purchase intentions in online marketplaces. This finding suggested that 

consumers' evaluations of seller-related factors such as product quality, delivery lead time, 

product cost, and delivery cost play a critical role in shaping their purchase intentions directly 

and indirectly. 

The inclusion of seller selection quality as a dimension of online marketplace quality 

strengthens the ability to predict purchase intentions, as consumers evaluate factors such as 

product quality, delivery lead time, product cost, and delivery cost when making purchasing 

decisions. Furthermore, the insignificant direct effect of website quality and service quality on 

purchase intention has been explained by the fact that they only indirectly influence purchase 

intention through their impact on trust and engagement in e-WOM. Because Kim et al. (2012) 

suggested that the quality dimensions of online marketplaces, such as website quality and 

service quality, are inadequate in predicting consumer purchase intentions when the product 

evaluation criteria and seller evaluation not considered. This finding highlights the importance 

of considering multiple dimensions of online marketplace quality in predicting consumer 

purchase intentions. By incorporating seller selection quality alongside website quality and 
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service quality, online marketplace operators can better understand consumer behavior and 

tailor their strategies to meet the needs and preferences of their customers. 

6.1.9 Moderating Role of Social Media Use in relationship between Online Marketplace 

Quality and Purchase Intention (H19, H20) 

The current study investigated the moderating role of social media use on the relationship 

between online marketplace quality dimensions (website quality, service quality, and seller 

selection quality) and purchase intention. The findings indicated that social media use has a 

positive and significant effect on website quality and purchase intention, which found 

consistent with the study conducted by Vikas (2019) in the context of hotel booking websites 

and purchase intention. This suggests that consumers who actively use social media platforms 

are more likely to have positive perceptions of information quality and increase engagement at 

website, which leads to increased purchase intention. 

On the other hand, the moderating role of social media use has an insignificant effect on the 

relationship between service quality and purchase intention. This indicate that social media use 

not significantly influence consumers' perceptions of service quality in the online marketplace 

because major of online marketplace provide similar services like responsiveness, customer 

support. This finding contrary to previous studies that have suggested a positive relationship 

between social media use and service quality (Tian et al., 2020). 

Moreover, the moderating role of social media use has a negative and significant effect on 

seller selection quality and purchase intention. This suggests that consumers who frequently 

use social media are more likely to experience problems with increasing costs, unavailability 

of products, and delayed delivery times. This finding aligns with the study by Statista (2022), 

which reported that consumers who experienced delivery issues were less likely to make repeat 

purchases. 
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In conclusion, the results suggest that social media use plays a significant role in influencing 

consumers' purchase intention in the online marketplace. However, the effects vary depending 

on the specific online marketplace quality dimension. Hence, online marketplace providers 

should take into consideration the moderating role of social media use and work towards 

enhancing website quality, service quality, and seller selection quality to increase purchase 

intention among consumers who actively use social media platforms. 

6.2 Managerial Implications 

The findings from demographic and product categories have important managerial implications 

for online marketplace operators. First, it is important to recognize that consumer shopping 

experience has a significant impact on purchase intention and e-WOM. Thus, online 

marketplace operators should focus on building long-term relationships with customers to 

increase their shopping experience and encourage them to engage in positive e-WOM 

activities. This can be achieved by providing high-quality products, excellent customer service, 

and creating a user-friendly online platform that meets the needs and preferences of consumers. 

Second, the study found that the impact of shopping experience on purchase intention and e-

WOM is not linear, and it varies depending on the duration of the shopping experience. Online 

marketplace operators should recognize that consumers with one year of experience have a 

significantly lower purchase intention mean score compared to all higher experienced groups. 

Therefore, online marketplace operators should pay particular attention to customers with one 

year of experience and provide them with targeted marketing efforts to increase their purchase 

intention and e-WOM. 

Third, the study found that product categories have a significant impact on consumer behavior, 

including purchase intention, trust, and e-WOM. Online marketplace operators should be aware 

of these differences and tailor their marketing strategies accordingly. For example, businesses 
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in the pet supplier and industrial supplies category may focus on building consumer trust to 

enhance purchase intention, while businesses in the appliances category may leverage e-WOM 

to promote positive shopping experiences. 

The discussions above indicate the importance of considering multiple dimensions of online 

marketplace quality when analysing consumer purchase intentions. It is evident that website 

quality, service quality, and seller selection quality all have significant effects on consumer 

trust, e-WOM, and purchase intentions. Therefore, online marketplaces must focus on ensuring 

that their websites are of high quality and provide excellent service to their customers. 

Moreover, online marketplaces should carefully select their sellers and monitor their 

performance closely to ensure that customers have a positive shopping experience. By 

providing consumers with high-quality products, fast delivery times, and reasonable prices, 

online marketplaces can build trust and increase the likelihood of repeat purchases. 

Furthermore, social media use has a significant impact on the relationship between online 

marketplace quality dimensions and purchase intention. Thus, online marketplaces should 

consider the role of social media in shaping consumer perceptions and behaviors. They should 

actively monitor and engage with consumers on social media platforms to address their 

concerns and improve their experiences. 

The discussions above also suggest that inclusion of seller selection quality except website 

quality and service quality as a dimension of online marketplace quality plays crucial for 

predicting purchase intentions. Online marketplace operators need to focus on improving seller 

selection quality by providing a better perception of product quality, delivery lead time, product 

cost, and delivery cost. Online marketplaces must be focus on providing competitive pricing 

and delivery options to attract and retain customers in a highly competitive marketplace. Even 

small differences in price or delivery lead time significantly influence customer purchasing 



165 
 

decisions, because finding indicates that website quality and service quality are similar across 

multiple online marketplaces and it has no direct effect of purchase intention. Online 

marketplaces should also prioritize their seller selection quality, as this can be a key 

differentiator that drives customer purchasing decisions. By ensuring the quality and reliability 

of third-party sellers on their platform, online marketplaces can address concerns that 

customers may have about discrepancies in product quality or service levels among different 

sellers. 

Marketplace operators can also use this study to develop more effective seller selection 

strategies, which can improve consumer retention rates. By focusing on the quality and 

reliability of third-party sellers, operators can ensure that customers consistently receive 

satisfactory products and services, leading to address complaints related to deliveries and 

product quality by ensuring that seller selection quality matches consumer desires. By 

addressing consumer concerns and offering high-quality products and services through the 

marketplace, operators improve customer retention rates and gain a competitive advantage in 

the marketplace. 

6.3 Theoretical Contribution 

The current study contributes to the literature on online consumer behavior by examining the 

impact of various demographic and experiential factors on consumer trust, e-WOM, and 

purchase intention in the context of an online marketplace. The findings suggest that shopping 

experience at online marketplaces is a crucial factor that affects consumer behavior, including 

purchase intention and e-WOM. The study highlights the nonlinear relationship between 

shopping experience and consumer behavior, demonstrating that the impact of shopping 

experience on purchase intention and e-WOM may vary depending on the duration of the 

shopping experience. The study also contributes to the literature on the impact of product 
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categories on consumer behavior, showing that product category has a significant effect on 

consumer trust, e-WOM, and purchase intention. 

These findings consistent with previous research that has examined the impact of shopping 

experience on online consumer behavior (Kırcova et al., 2021; Gull et al., 2022). The current 

study extended this literature by providing insights into the nonlinear relationship between 

shopping experience and consumer behavior. Additionally, the study's findings on the impact 

of product category on consumer behavior found consistent with previous research that has 

highlighted the importance of product category in shaping consumer behavior (Cheung et al., 

2012; Yoo & Gretzel, 2011). 

The study integrated the previous literature on online marketplace quality, trust, e-WOM, and 

purchase intention, and established a comprehensive framework for understanding the 

relationships among these variables. The study also extends the conceptualization of online 

marketplace quality by introducing seller selection quality as an important dimension, which 

has been neglected in previous studies. Additionally, the study shows that trust and e-WOM 

partially or fully mediate the relationship between the dimensions of online marketplace quality 

and purchase intention. Foremore, the study contributed in understanding of the moderating 

role of social media use in the context of online marketplace quality and purchase intention. 

Finally, the study provides valuable insights for researchers and practitioners to design and 

implement effective strategies for enhancing online marketplace quality, building trust, and 

stimulating e-WOM to increase purchase intention. The findings of this study have several 

theoretical contributions to the existing literature. 

First, the inclusion of seller selection quality as a dimension of online marketplace quality 

provided a more comprehensive understanding of the factors that influence purchase intention. 

Previous studies have emphasized the importance of website and service quality in determining 
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purchase intention, but neglecting the product and seller evaluation criteria can lead to 

inadequate predictions of consumer behavior (Kim et al., 2012). Our study found empirical 

evidence that seller selection quality had a significant positive influence on purchase intention 

as suggested by previous research directly (Dachyar and Banjarnahor, 2017; Chen et al., 2015) 

and indirectly through trust and e-WOM. 

Secondly, this study highlights the importance of considering both trust and e-WOM as 

mediating variables in understanding the relationship between online marketplace quality 

dimensions and purchase intention. While prior studies have often focused on either trust or e-

WOM, this study suggests that both factors are necessary to fully capture the effects of online 

marketplace quality dimensions on consumer behavior. 

Lastly, the moderating role of social media use on the relationship between online marketplace 

quality dimensions and purchase intention highlights the importance of considering the impact 

of external factors on consumer behavior. The findings suggest that social media use enhance 

the relationship between website quality and purchase intention, but has an adverse effect on 

the relationship between seller selection quality and purchase intention. Online marketplace 

operators should be aware of the potential negative impact of social media use and take 

measures to address any issues that may arise. 

6.3.1 Theory Discussion 

The signaling theory posits that consumers rely on observable signals or cues from the seller 

or product to evaluate its quality and make purchase decisions (Spence, 1978). In the context 

of the online marketplace, website quality, service quality, and seller selection quality act as 

signals that consumers use to assess the quality of products and merchants. The findings 

suggest that website quality and service quality of the online marketplace serve as cues to 

consumers to evaluate the trustworthiness of the merchant and to create e-WOM, which 
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ultimately influence purchase intentions. Similarly, the seller selection quality, which includes 

product quality, delivery lead time, product cost, and delivery cost, act as signals to consumers 

and directly and indirectly affect purchase intentions through trust and e-WOM. Thus, these 

findings support the signaling theory in the online marketplace context, where consumers rely 

on various signals to make purchase decisions. 

The SOR (Stimulus-Organism-Response) theory proposed that consumers' responses to a 

stimulus depend on their perception of the stimulus and their response to it. The present study 

showed that seller selection quality, website quality, and service quality act as stimuli, which 

affect consumers' trust and e-WOM, and ultimately influence their purchase intention in online 

marketplaces (Kim et al., 2012; Dachyar and Banjarnahor, 2017). This finding contributes to 

the SOR theory by emphasizing the importance of the quality of seller selection as a key 

stimulus that can significantly affect consumer behavior in online marketplaces. 

The social influence theory posits that individuals' behavior is influenced by the presence or 

actions of others. In the context of the online marketplace, the study findings suggest that e-

WOM, which is influenced by website quality, service quality, and seller selection quality, can 

have a significant impact on consumers' purchase intention (Leong et al., 2019; Liu et al., 

2016). And also, the social media use moderates the relationship between online marketplace 

quality dimensions and purchase intention indicating that social media use of consumer 

influence the way consumer search the information and also purchase decision making in 

context of online marketplace. 

The Social Exchange Theory proposes that individuals engage in social interactions when they 

perceive that the benefits of the interaction outweigh the costs. In the context of online 

marketplaces, this theory can be applied to understand how consumers make decisions about 

trust and engagement with the platform and its sellers. The study findings also suggest that 
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consumers' trust and e-WOM can be viewed as rewards that are exchanged with the online 

marketplace operator in exchange for quality signals. The current study's findings align with 

the Social Exchange Theory as they suggest that consumers' perception of the benefits and 

costs of engaging with the platform and its sellers directly influence their trust and engagement 

levels, which in turn influence their purchase intention (Gefen and Straub, 2004; Gefen, et al., 

2003). 

The person-environment fit theory suggests that individuals' satisfaction and performance are 

influenced by the compatibility between their personal characteristics and the environment in 

which they operate. In the context of the online marketplace, the study findings suggest that 

consumers' trust and engagement are influenced by website quality and service quality, which 

can create a compatible environment that matches the consumers' personal characteristics (Kim 

et al., 2012). And task-technology fit theory suggests that the effectiveness of a technology is 

determined by how well it matches the task requirements. In the context of the online 

marketplace, the study findings suggest that website quality, service quality and seller selection 

quality can be viewed as technologies that are effective in matching the task requirements of 

the consumers' purchase intention (Kim et al., 2012). 

6.4 Limitations and Future Research  

The present study aimed to explore the influence of online marketplace quality dimensions on 

consumer purchase intention, as well as the mediating role of trust and e-WOM and moderating 

role of social media use in this relationship. While the findings of the study provide useful 

insights for online marketplace operators and managers, there are several limitations that 

should be taken into account when interpreting the results. Firstly, the study's findings are 

limited to multi-seller online marketplaces and may not be applicable to single-seller 

marketplaces. The structure and dynamics of single-seller marketplaces are quite different from 

those of multi-seller marketplaces, and it is possible that the factors that influence purchase 
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intention in these two types of marketplaces may differ significantly. Future research can 

examine or explore factors the impact of marketplace quality dimensions on purchase intention 

in single-seller marketplaces. 

Secondly, the study was conducted in a specific geographical location (In context of India), 

and the results may not be generalizable to other countries or cultures. Future research should 

investigate whether the findings of this study can be replicated in other cultural contexts to 

enhance the external validity of the results.  Evaluating marketplace quality effects on online 

purchase intention in different contexts may yield different results. Because the role of 

technology plays a critical role in providing seller selection quality, service quality, and website 

quality and also in consumer perception, and the study did not explore the impact of 

technological changes on consumer behavior. 

Thirdly, the data used in the study was collected by cross-sectional method i.e., at one point in 

time. Therefore, a longitudinal survey method research would be preferable to capture 

consumer behavior with technological change for more casual inference between variables. 

The use of longitudinal data would enable researchers to examine how changes in marketplace 

quality dimensions and social media use over time impact consumer purchase intention. 

6.5 Conclusion   

The study provides a comprehensive analysis of the relationship between online marketplace 

quality dimensions, trust, e-WOM, social media use, and purchase intention. The study begins 

by outlining the theoretical framework, including the Social Exchange Theory, Signaling 

Theory, and the SOR theory, which are used to explain the relationships between these 

variables. The study found that website quality and service quality have a positive impact on 

purchase intention through trust and e-WOM. Additionally, seller selection quality has a direct 

and indirect effect on purchase intention, and social media use moderating this relationship. 
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Specifically, the results showed that social media use has a positive and significant effect on 

website quality and purchase intention but a negative and significant effect on seller selection 

quality and purchase intention. 

This study also discussed the impact of consumer characteristics, shopping experiences, and 

product categories on consumer behavior in the context of online marketplaces. The study 

found that gender, age, and education had no significant impact on consumer trust, e-WOM, 

and purchase intention. However, consumer shopping experience and the amount of time spent 

on the internet had a significant impact on e-WOM and purchase intention, with higher 

shopping experience leading to higher scores up to four years of experience. The study also 

found significant differences in purchase intention, trust, and e-WOM mean scores across 

different product categories. Additionally, businesses should be aware of the unique consumer 

behavior patterns across different product categories and tailor their marketing strategies 

accordingly. 

The studies suggested that online marketplace operators should focus on improving website 

quality and service quality to increase trust and e-WOM, which can ultimately boost purchase 

intention. And especially should on focus seller selection quality to get competitive edge as it’s 

directly affect the purchase intention and also effect trust and e-WOM. Furthermore, online 

marketplaces and businesses, emphasizing the importance of building long-term relationships 

with customers and targeting marketing efforts towards consumers who spend a moderate 

amount of time on the internet. Additionally, businesses should be aware of the unique 

consumer behavior patterns across different product categories and tailor their marketing 

strategies accordingly. Finally, they should consider how social media use influences consumer 

behavior and tailor their strategies accordingly. 
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However, the study also has several limitations, including the use of cross-sectional data and 

the focus on multi-seller online marketplaces. Future research can explore the effects of online 

marketplace quality dimensions on purchase intention in different environments and capture 

consumer behavior over time to better understand how technological changes influence 

consumer behavior. Overall, this study contributes to the existing literature by providing 

insights into the complex relationships between online marketplace quality dimensions, trust, 

e-WOM, social media use, and purchase intention.  
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APPENDIX 

Section-A 

Dear Participant,                                                     

I am a Ph.D. research scholar at the School of Management Studies, University of Hyderabad 

and seek your assistance. I am conducting a research study to understand consumer purchase 

behavior of the Online Marketplace e.g., Amazon, Flipkart, and eBay. 

This survey is entirely anonymous, so please answer each question honestly. Your participation 

in this study will be essential to the accuracy of the results. Google Survey Forms been used in 

order to maintain and ensure anonymity. Please take a few minutes to complete the survey. 

Sincerely, 

Priyadarshi Ranjan 

18mbph10@uohyd.ac.in 

 

Section-B 

Do you make purchases at online marketplaces? 

 

 Yes        No 

 

Section-C 

Demographic Factor 

 

Gender     Female |  Male 

 

Age Group  16-20 |  21-25 |  26-30 |  31-35 |  Above 35 

 

Education Level   Under Graduate|  Graduate|  Post Graduate|  Doctoral 

 

Shopping Experience   Less than 1 year |  1-3 Years |  4-6 Years |  More than 6 Years 

 

Social Media Use  Less than 2 Hours|  2-5 Hours|  6-10 Hours|  More than 10 Hours 

 

Purchase Frequency  Weekly |  Monthly |  Quarterly |  Half yearly |  Yearly 

 

mailto:18mbph10@uohyd.ac.in
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Product Categories you purchase at the Online Marketplace 

 Mobiles & Tablets   Computers & Accessories   Tv, Audio & Cameras 

 Appliances (Refrigerators, Washing Machine, Ac)              Fashions 

 Home & Kitchen  Sports & Fitness    Pet Supplies 

 Bags & Luggage  Video Games     Car & Motorbike 

Accessories   Books      Industrial Supplies 

After reading the following statement, choose the most appropriate answer from the drop  

down menu 

1  2    3   4    5 

Strongly Disagree  Disagree  Neutral  Agree   Strongly Agree 

 

S.No Questions 1 2 3 4 5 

1 Online Marketplace website product price is cheaper when compared to another website.           

2 Online Marketplace Websites give better discounts than when compared to the company website.           

3 Online Marketplace websites save more money than another website.           

4 Online Marketplace Website deals with high-quality products.           

5 Online Marketplace Website deals with various products.           

6 Online Marketplace Website supports high-quality products.           

7 Online Marketplace website provides minimum delivery time.           

8 Online Marketplaces website provide less or free shipping cost.           

9 Online Marketplace website gives notification of delay in shipping.           

10 Online Marketplace website delivers the product at-promised time.           

11 The online marketplace website is visually appealing.           

12 The user interface of the online marketplace website has a well-organized appearance.           

13 The online marketplace website is reliable.           

14 The online marketplace website is easy to navigate the feature.           

15 Online Marketplace websites frequently update website information.           

16 Online Marketplace website offers useful information related to shopping.           

17 Online marketplace websites provide accurate and complete information.           
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18 Online Marketplace website provides protection of personal information.           

19 Online marketplace websites do not cause discomfort in the checkout and payment process.           

20 Online marketplace websites offer safe transactions.           

21 Online marketplace websites take care of problems promptly.           

22 
The Online Marketplace website provides me with convenient options for cancellation, returning, 

exchange, replacement and returning items. 
          

23 Online marketplace websites are never too busy to respond to customer requests.           

24 Online marketplace websites are always willing to help customers.           

25 The online marketplace website has an adequate number of representatives to solve your issue.           

26 The Online Marketplace website has a good reputation for being honest.           

27 The Online Marketplace website has a reputation for being concerned about their customers.           

28 The Online Marketplace website has a good reputation in the market.           

29 The Online Marketplace website is well known.           

30 The online Marketplace website is trustworthy.           

31 Online Marketplace Website is known as one who keeps promises and commitments.           

32 Online Marketplace Website is known as one who cares about customers.           

33 I trust this online marketplace website keeps my best interest in mind.           

34 Online Marketplace website behavior meets my expectations.           

35 To make sure I buy the right product, I often read other consumers’ online product Reviews.           

36 I often consult other consumer’s online product reviews to help choose the right product.           

37 
I frequently gather information from online consumer product reviews before I buy a certain 

product. 
          

38 
When I buy a product, consumers online product reviews make me confident in purchasing the 

product. 
          

39 
I often read other consumers’ online reviews to know what product makes a good impression on 

others. 
          

40 The probability that I would consider purchasing from an Online Marketplace website is high.           

41 If I were to purchase, I would consider purchasing it from the Online marketplace.           

42 The likelihood of my purchasing from the online marketplace is high.           
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Abstract: As the e-commerce industry undergoes metamorphosis with each 
passing day, gaining and retaining competitive advantage has become a 
significant challenge for the online marketplace. In this scenario, sellers have 
emerged in the forefront, playing a crucial role within companies and helping 
them in outperforming their rivals in the competitive market. This research has 
empirically investigated the effect of online marketplace quality on online 
purchase intention by introducing a new dimension: seller selection quality 
with website design quality and service quality of the online marketplace, 
testing the direct and indirect effects of trust and e-WOM. In the proposed 
model, seller selection quality is determined by the product price, product 
quality, delivery lead time and delivery cost, and its helps to match consumer 
desire to overcome quality issues of the online marketplace. Data has been 
collected from public University students using a web-based survey using 
adapted instruments. In order to test the hypothesis on the relationship between 
constructs, data analysis has been done using SmartPLS-SEM 3.0. The 
statistical results indicate that online marketplace quality is a strong predictor 
of trust and e- WOM, both of them mediating the relationship between online 
marketplace quality and online purchase intention. 
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Abstract: The emergence of the e-commerce marketplace has witnessed 
impressive growth over the years, attracting several players, large and small. 
While it has made shopping convenient, it has also brought in its share of 
challenges for marketplace operators to facilitate the development of seller 
selection criteria. Sellers play an essential role in e-commerce marketplaces 
because business activities such as product price, product quality, delivery lead 
time, delivery quality, and delivery cost depend on them. This study aims to 
explore the relationship between seller selection and customer purchase 
intention. A theoretical framework is constructed using trust and electronics 
word of mouth (e-WOM) to form a combined research model to describe how 
seller selection influences purchase intention. Web-based questionnaires, 
created using Google Survey, are used to collect data from people with online 
shopping experience and the responses are analysed using structural equation 
modelling with SmartPLS 3.0. The results show that seller selection 
significantly affects purchase intention and sets strong precedents for trust and 
e-WOM. Trust and e-WOM are found to be good mediators between seller 
selection and purchase intention. 
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Abstract 

It is necessary to be aware of both the costs and the advantages associated with the adoption of ISO 14000 certification 
in an organisation in order to conduct an accurate evaluation of the investment with regard to the state of the financial 
performance. On the other hand, as we will see, calculating these figures can be challenging, mostly because there is 
a dearth of reference data or particular evaluation criteria. This paper investigates the effect of iso 14001 certification 
on firm performance using Indian public listed manufacturing firms financial data from CMIE prowess data base using 
the propensity score matching techniques followed by regression analysis. The result indicates that effect of iso 14001 
certification on firm performance is significant. The further investigation reveals that sales coefficient is higher than 
cost for iso 14001 certified firms. This study provides empirical support for policy-makers promoting environmental 
practices that may lead to sustainable economic growth. 
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1. Introduction
Increasing emphasis on environmental protection and the increasing importance of sustainable development have been 
an important stimulus in the development of the ISO 14000 series of environmental management standards. ISO 14001 
has been widely adopted across the world as the standard environmental management system certified by the ISO 
(International Organization for Standardization) (Ambec & Lanoie, 2008). ISO 14001 certification can be used as an 
active tool for promoting comprehensive organizational changes leading to SD (Sebhatu et al., 2007). However, Iso 
14001 certification or adoption is a strategic investment decision taken by an organisation to improve operational 
efficiency, environmental concern and unlock valuable insights to minimize wastage.  

Implementing ISO 14000 certification in a business involves a number of expenses and benefits that must be 
understood in order to evaluate the investment objectively. when it comes to environmental quality investment may 
appear to be costly at times, but there are returns that are often economically significant quantifiable. Such benefits 
are dependent on the selection and pursuit of goals, the observance of rules (e.g., no omissions), and environmental 
efficiency (e.g., no waste), and can only be determined after an in-depth investigation (Alberti et al., 2000). It has been 
determined that major organisational motives for the adoption of EMS include the following: meeting the demands of 
customers, complying with the requirements of regulatory agencies, seeking cost reduction and efficiency 
improvement, and searching for competitive advantages (Prajogo et al., 2012; Teng et al., 2018; Treacy et al, 2019).  

However, the fact that the existing literature has investigated the influence of ISO 14001 adoption on firm 
performance, the conclusions are inconclusive. According to several studies, adopting the ISO 14001 standard will 
increase a company's environmental performance. Others have discovered neutral performance in terms of return on 
assets (ROA) and return on capital (ROCE) (Ali et. al., 2010; Wenlong et al, 2015; Jacobs et al., 2010; Nishitani, 
2011).ISO 14001 implementation can have positive or negative effects on a company's performance (Erauskin‐Tolosa 
et al., 2020; Hazudin et al., 2015; Heras-Saizarbitoria et al, 2011; King & Lenox, 2001). Firms that embrace the ISO 
14001 standard, in particular, are recognised as environmentally friendly; as a result, they might enjoy differential 
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